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AI-Supported Course-Level Quality Assurance in Higher 
Education: A Human-AI Comparative Microstudy 
 

Jason Myrick1 
 

1 Center for Learning and Teaching, The American University in Cairo, Egypt; jason.myrick@aucegypt.edu 

Correspondence: Jason Myrick: jason.myrick@aucegypt.edu 

 

Abstract: 

Artificial intelligence (AI) is increasingly proposed as a means of supporting quality assurance (QA) and learning 
design review in higher education. While prior research has examined AI applications in learning analytics and 
student-facing systems, there remains limited empirical work investigating how AI interacts with professional 
judgment during course-level QA processes. In particular, little is known about how educators interpret, negotiate, 
or contest AI-generated analyses when conducting evaluative review tasks. 

This paper presents an exploratory, human-centered microstudy examining AI-supported course-level quality 
assurance in undergraduate education. The study focuses on a single, authentic QA task: reviewing alignment 
between course learning outcomes (CLOs) and course assessments. Two review conditions are compared: a human-
only review using established QA criteria and professional judgment, and an AI-supported review in which the same 
task is conducted with the assistance of AI-generated analytical prompts. In the AI-supported condition, AI outputs 
are explicitly positioned as advisory, with reviewers retaining full authority over all evaluative decisions. 

Rather than treating agreement between human and AI judgments as an indicator of correctness, the study treats 
divergence as analytically meaningful. A discrepancy classification framework is used to examine patterns of 
agreement, disagreement, and interpretive negotiation between review conditions. Data collection is currently 
underway and includes alignment judgments, reviewer rationales, reflective notes, and time-on-task measures. 

By foregrounding professional reasoning and contextual interpretation, this work contributes a structured empirical 
approach for studying human-AI interaction in quality assurance contexts. The study demonstrates the feasibility of 
small-scale comparative designs in under-researched domains and contributes to ongoing discussions around 
human-centered AI, responsible adoption, and the role of professional judgment in higher education quality 
assurance processes. 

 

Keywords: artificial intelligence (AI); quality assurance (QA); human-centered AI; course design; higher education; 
exploratory research 
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Abstract: 

Although research highlights the potential of AI-powered tools in language education, my work experience in an 
educational technology company suggests challenges when these tools are used without humans. This aligns with 
the research findings of Fryer et al. (2017), Song and Song (2023), Davis (2022) and Saleem et al. (2025), that 
standalone AI technologies can result in less sustained interest and reduced learning outcomes. Chan and Tsi (2024) 
and Satar (2021) further contend that AI cannot replicate human thinking, creativity, or emotional interaction, and 
its predictable responses may weaken long-term engagement. However, much of the existing literature emphasises 
AI’s technological capabilities or roles in language education rather than its integration with human teachers (i.e., 
De la Vall & Araya, 2023; Xu et al., 2021; Sun et al., 2024; Leat & Taylor, 2023). The pedagogical integration of AI 
remains under-researched (Muthmainnah et al., 2022; Godwin-Jones, 2022). Therefore, Chatfield (2025) and 
Moulieswaran and Prasantha (2023) call for active teacher involvement in both research and design processes to 
ensure AI applications align with learning objectives and to support the development of useful practices. AI research 
should focus not on replacing teachers but on enhancing teacher-student interaction (Asrifan & Dewi, 2024). 

Grounded in sociocultural perspectives that conceptualise learning as socially mediated, this study investigates not 
only how AI-powered speaking tools can be integrated into teacher practice, but also the methodological challenges 
that arise when researching such integration in dynamic classroom environments. To achieve these aims, this 
research will address the following questions: 

1. Which design features of AI-powered tools support student engagement and performance in speaking instruction? 

2. How can AI-supported approaches be used to improve student engagement and performance?  

3. What are the perceptions and experiences of students and teachers towards AI-teacher-student collaboration?  

4. What are the challenges and barriers in AI-teacher-student collaboration? And how can they be addressed? 

5. How can a design framework be developed to support AI-teacher-student collaboration in speaking instruction? 

Adopting a design-based research (DBR) methodology, the study collaborates with six volunteer teachers from 
higher education institutions in the UK (Mandarin learners) and China (English learners) over one year. Across three 
iterative cycles, teachers, students and the researcher co-design, implement, and refine AI-supported speaking 
activities within authentic settings. 

The study anticipates that AI-teacher-student collaboration will generate tensions related to teacher agency, task 
design, learner expectations, and the evolving affordances of AI technologies. Methodologically, challenges are 
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expected to emerge in balancing research control with ecological validity, managing tool updates during iterative 
cycles, and capturing changes in engagement quality across contexts. Rather than treating these constraints as 
limitations, the study analyses them as central data for understanding sustainable AI-teacher-student collaboration. 

By systematically documenting pedagogical adaptations and methodological tensions across cycles and cultural 
contexts, the research aims to generate a context-sensitive framework outlining both design principles and research 
considerations for AI-supported speaking instruction in higher education. In doing so, it contributes to theoretical 
discussions of human-AI mediation and advances methodological knowledge in conducting design-based research 
in rapidly evolving technological environments. 

 

Keywords: AI-teacher-student collaboration, speaking instruction, ESL, Mandarin 
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Abstract:  

In recent years, Generative Artificial Intelligence (GenAI) has permeated the daily lives of citizens and has established 
a significant presence within higher education institutions (Sánchez-Caballé & Santos, 2025). GenAI, alongside data 
analytics and digital rights, raises profound ethical considerations that extend beyond merely instrumental digital 
competence. Therefore, it is imperative to develop a Critical Digital Competence (CDC) that enables individuals to 
exercise their human agency in the face of increasing digitalization (Aagaard & Lund, 2020), particularly in the initial 
teacher training. 

This research is framed within a broader R&D project whose overarching objective is to design and validate a 
pedagogical framework for the development of Open Educational Practices (OEP) in Higher Education. This 
communication presents the design and evaluation of an OEP focused on the integration of AI in education, aimed 
at improving the CDC of pre-service teachers. Specifically, the intervention encompasses the generation of didactic 
activities. All resulting materials were subsequently adapted and openly shared. 

The design of this OEP was grounded in the CDC conceptual framework (Marín et al., 2024). The intervention was 
implemented with a sample of 89 pre-service teachers. Subsequently, a comprehensive evaluation was conducted 
through an in-depth interview with the instructor, a focus group comprising seven students, and a content analysis 
of a selection of student-generated artifacts. 

According to the students' reflections, the use of GenAI in education offers many opportunities, especially to support 
teachers in tasks such as planning activities, creating materials, and communicating with families. However, they 
argue that AI does not always provide accurate or neutral information, as it can be biased and contain errors. For 
this reason, it is essential to critically review the content generated. To conclude, this study contributed to 
strengthening students’ critical digital competence as future teachers, particularly their pedagogical agency, which 
is essential in an increasingly digitalised educational context (Marín et al., 2025).  
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Abstract: 

This literature‑informed overview establishes the foundation for a forthcoming study examining staff and student 

perceptions of AI tools used within UCL Engineering. Research highlights that cultural norms surrounding 

help‑seeking and academic independence significantly influence how learners engage with AI. In contexts where 

autonomy is prized, seeking assistance (whether from humans or digital systems) may be perceived as a weakness, 

positioning AI as a discreet means of resolving uncertainties. However, in more dialogic learning cultures, AI tends 

to function as a routine supplementary resource. Such variation raises important questions about whether AI 

reduces help‑seeking barriers or reinforces avoidance of direct academic interaction. 

Stigma associated with AI‑supported learning further affects engagement, as students often question the 

authenticity and acceptability of AI‑assisted work. Cross‑cultural differences in understandings of plagiarism and 

authorship compound this uncertainty, shaping how AI‑generated content is interpreted. Gendered patterns also 

appear relevant, with women showing slightly lower confidence in AI use and heightened concern about rule 

adherence. 

Within UCL Engineering, multiple AI tools, such as Studiosity, Vitafluence, and Labster, have been embedded in 

teaching alongside a structured policy framework for responsible GenAI use. The next phase of this study will 

investigate perceived benefits, risks, and policy effectiveness, informing faculty‑level educational planning and 

pedagogical development. 

 

Keywords: staff and student perceptions, UCL Engineering, AI tools, academic integrity 

 

Below we present an overview of our literature review findings that will serve as a foundation for a subsequent study 

on staff and student perceptions on the use of various AI tools implemented at UCL Engineering. 

Cultural norms around help‑seeking and academic independence shape how students and staff perceive and use AI 

tools [Chang et al. 2020]. In traditions emphasising autonomy and perseverance, seeking help—whether from 

instructors or digital tools—may be viewed as a sign of weakness. In these contexts, personalised-AI can act as a 

discreet “face‑saving” intermediary, allowing learners to clarify uncertainties without exposing gaps in 

understanding. Conversely, in cultures valuing dialogue and continuous feedback, AI may be regarded simply as an 

additional resource. These dynamics raise questions about whether AI lowers barriers to seeking help or reinforces 

existing reluctance toward direct academic exchange. 
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A related issue is the sense of stigma some students associate with AI‑supported learning. Despite growing 

acceptance, AI use can carry moral connotations, with students questioning whether it undermines the authenticity 

of their work. Unclear boundaries between acceptable and excessive use contribute to anxiety about potential 

misconduct [Cotton et al. 2024]. Even when tools such as Vitafluence are formally introduced, students may fear 

judgement, especially in disciplines that emphasise originality. 

These perceptions intersect with cross‑cultural understandings of plagiarism and integrity [Arif 2025]. Students from 

educational systems that normalise imitation or collaborative knowledge‑building may interpret AI‑generated 

assistance differently from those trained in traditions prioritising individual authorship. Such ambiguity may explain 

why students still sought staff clarification despite feeling more confident after using the tool. 

Finally, gendered patterns may influence AI adoption [Ofosu-Ampong 2023]. Women often exhibit greater caution 

around rule‑bending and may be more sensitive to perceived expectations, aligning with their slightly lower 

confidence in AI’s ability to enhance performance [Matobobo 2026]. Clear institutional guidance and the 

normalisation of transparent AI use may therefore reduce shame, ease uncertainty, and support more effective 

engagement. 

At UCL Engineering, we have made efforts to embed the use of AI in our teaching and assessments through the use 

of AI tools such as Studiosity, Vitafluence, Labster, among others. We have also implemented policies on the use of 

GenAI in assessments via a categorisation system used to promote responsible GenAI use that will uphold academic 

integrity. Staff are expected to clarify to students how GenAI can and cannot be used in their assessments; these 

three categories give a framework staff can use to do so. They are designed to support staff in considering and 

clarifying what is, and is not, acceptable  

Based on this, the next stage of the study aims to focus on the context of UCL Engineering to answer the following 

research questions: 

How do staff and students perceive the benefits and risks of using AI tools in our engineering assignments? 

Do current assessment policies help ensure academic integrity, equity, and educational value? 

The outcomes of this study will help shape departmental and faculty education plans and inform pedagogical 

enhancements in the coming academic year.   
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Rationale  

Technology can make our lives easier. However, learning often involves struggle. The recent rise of generative AI has 

intensified this tension, creating uncertainty and disruptive dilemmas in education worldwide. Therefore, the 

education sector needs to formulate an appropriate response. However, limited and fragmentary evidence regarding 

the effectiveness of AI in education can hinder the development of appropriate strategies. To promote a nuanced 

understanding among a broad audience, the book Unsettled explores the opportunities and risks of AI in education, 

enabling readers to make informed decisions to ensure educational quality. Unsettled is expected to be published 

in late 2026. During EDEN 2026, dialogue is actively sought for feedback and to inform conference participants about 

notable interim insights. 

Structure 

Unsettled consists of nine chapters evenly divided over 3 parts: 

Part I. Governance, Epistemology and Guardrails (macro level) 

1.1 Governing in Uncertain Times 

1.2 Reimagining Epistemology  

1.3 Guardrails and Consequences 

Part II.  Knowledge Infrastructure, Curriculum Change, and Collective Action (meso level) 

2.1 Rethinking Knowledge Infrastructure 

2.2 Curriculum Redesign  

2.3 Collective Action for Transformation 

Part III. Opportunities and Risks for Research, Teaching, and Learning (micro level) 

3.1 Researching with AI 

3.2 Teaching with AI 

3.3 Learning with AI 

Interviewees 

Unsettled is built around in-depth conversations with over forty interviewees from all continents, across education 

sectors and organizational levels, including leading thinkers such as; Helen Crompton (Professor of Instructional 

Technology and Executive Director, Research Institute for Digital Innovation in Learning, Old Dominion University), 

Mutlu Cukurova (Professor of Learning and Artificial Intelligence, University College London), Isabelle Hau (Executive 

Director Stanford Accelerator for Learning, Stanford University), Shafika Isaacs, Chief of Section for Technology and 

AI in Education (UNESCO), Emma Ruttkamp-Bloem (AI Ethics Researcher, Professor and Head of Department of 

Philosophy at University of Pretoria, Chair of UNESCO's World Commission on the Ethics of Scientific Knowledge and 
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Technology), Andreas Schleicher (Director for Education and Skills, OECD) and Viktor Mayer-Schönberger (Professor 

of Internet Governance and Regulation, University of Oxford). Interviewees reflect on their most important insights 

and their personal contributions (e.g., books, scientific publications, frameworks, and approaches) are discussed in 

detail. Many voices are represented, from students to rectors and directors of leading institutes. Interviewees offer 

diverse perspectives on the tensions and complex challenges reshaping education. 

Target audience 

The primary audience of Unsettled consists of teachers, teacher educators, educational advisors, policy officers and 

educational leaders. In addition, the book is intended to inform and inspire students, researchers, and other 

professionals working in or involved with education. 

Royalty donation commitment 

The author intends to donate his entire share of the royalties to the UNESCO SDG 4 Emergency Fund, which aims to 

mitigate the severe impact of crises on education and strengthen resilience for the future. Interviewees were 

informed of this commitment after agreeing to participate; it did not influence their decision to contribute to this 

book. 

About the Author 

Luuk Terbeek is Strategic Advisor Digital Transformation in Education at VU Amsterdam. He focuses on the 

responsible and evidence-informed integration of AI in education, connecting policy, research, and practice. 
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Abstract: 

Expert teachers possess rich tacit knowledge for evaluating preservice teachers’ classroom performance, knowledge 
that is highly intuitive, context-dependent, and difficult to articulate. This challenge is particularly evident in complex 
domains such as classroom management, where assessment criteria must often be constructed rather than 
retrieved. Although generative AI (GenAI) is increasingly used in educational assessment, it remains limited in 
accessing such embedded expertise. A critical question therefore arises: how can expert tacit knowledge be 
systematically externalized in ways that enhance both AI capability and expert professional learning? 

This study proposes CADET (Cognitive Apprenticeship-Driven Expert–AI Dual Training), a structured dialogue 
framework grounded in cognitive apprenticeship (Collins et al., 1991). CADET conceptualizes GenAI as a novice 
learner that acquires expert-level assessment knowledge through progressive, dialogue-driven interaction. The 
framework is being prepared for implementation in an immersive virtual reality (IVR)-based classroom management 
context, where expert teachers evaluate preservice teachers' responses to simulated disruptive student behaviors 
in ecologically valid, ill-defined scenarios. 

CADET operates through three progressive phases: Modeling–Acquiring, Coaching–Enacting, and Monitoring–
Applying, aligned with the cognitive apprenticeship sequence of modeling, coaching, and fading. Across these 
phases, responsibility gradually shifts from expert-led scaffolding to AI-independent reasoning. Central to the 
framework is a novel double-transfer mechanism. First, experts externalize tacit evaluative reasoning, enabling 
GenAI to internalize expert-like decision-making processes. Second, GenAI functions as a cognitive mirror: through 
structured questioning, it prompts experts to examine and refine their implicit reasoning, a process we term reverse 
articulation. For example, GenAI may challenge whether a classroom intervention should be judged by its immediate 
success or by its preservation of instructional flow, thereby eliciting deeper conceptual clarification from the expert. 

This reciprocal process reframes expert–AI interaction as a site of mutual and progressive learning. CADET 
contributes by positioning GenAI not merely as an assessment tool, but as an active participant in knowledge co-
construction, while simultaneously supporting experts in making their tacit reasoning more explicit and conceptually 
coherent. The framework holds particular promise for domains where expert knowledge remains underformalized 
and difficult to codify. Empirical validation is being planned to examine the conditions under which such dual 
knowledge transfer can be effectively achieved. 

Keywords: Generative AI; Tacit Knowledge; Cognitive Apprenticeship; Teacher Education; Virtual Reality; 
Assessment
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Abstract: 

As artificial intelligence (AI) becomes increasingly present in higher education, students’ perceptions of AI shape how 
they engage with these technologies. This paper presents a small-scale exploratory study examining how university 
students visually conceptualise AI through drawings. It aims to identify emerging patterns and their relation to 
broader digital representations of AI. 

The dataset consists of 30 drawings produced by small groups of students in classroom settings, collected with 
informed consent. The research was conducted at a university in Finland, and the participants were English language 
majors and minors. Using qualitative visual content analysis, the study combines inductive coding with attention to 
recurring motifs, symbols, and compositional features (Rose, 2016). The analysis explores how abstract concepts 
such as intelligence and agency are visually constructed and draw on arts-based methods that critique GenAI 
technologies (Lupton, 2026). 

The findings reveal the dominance of familiar visual patterns: many drawings depict AI as humanoid robots, 
disembodied brains, or network-like structures, echoing common stock images online. This aligns with research 
demonstrating that widely used stock images of AI, such as humanoid robots and glowing brains, can reinforce 
simplified or inaccurate understandings of the technology (Dihal & Duarte, 2023). Such imagery often 
anthropomorphises AI and presents it as autonomous and futuristic, which obscures its socio-technical nature. 

A smaller subset of drawings diverges from these patterns and portrays AI as embedded in everyday contexts or as 
a collaborative partner in learning and work. Some of these representations also highlight the potential risks and 
harmful effects of AI technologies. These alternative representations align with perspectives that frame AI as a 
relational and socio-technical phenomenon rather than purely autonomous (Long & Magerko, 2020). 

By visualising students’ underlying assumptions and imaginaries, this study contributes to discussions on human–AI 
collaboration in education. The findings suggest that dominant visual narratives may limit understanding and 
reinforce narrow conceptions. As a work in progress, the paper invites reflection on methods for analysing visual 
data and the pedagogical implications of critically engaging with AI imagery in higher education. 
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Abstract: 

Slovenia is currently undergoing a comprehensive curriculum reform, which includes the renewal of subject-specific 
curricula and the curriculum catalogues across the entire educational system, from primary to upper secondary 
education. This highly extensive process initially involved more than 1,000 committee members, over 250 revised 
documents, and nearly 30,000 educational and leadership professionals who will, starting in the 2026/27 school 
year, gradually begin using the renewed curricular documents for planning and implementing pedagogical work.  

This contribution presents the digital support system that accompanied the complex, system-wide renewal process, 

implemented in two phases:       

1. the development phase of the subject-specific curricula and the curriculum catalogues, supported by AI-

based tools for curriculum committee members, and  

2. the implementation phase, in which the renewed documents are used for planning educational work with 

integrated AI elements.  

During the development phase, an application was established to ensure a unified structure of all curricular 
documents and the consistent use of terminology. At the same time, an AI assistant supported a key innovation of 
the reform—common objectives—by enabling autonomous tagging of content and its connections to 
these objectives, thus assisting the work of curriculum committees. The application then became an external data 
source for the next phase, when the renewed subject-specific curricula and the curriculum catalogues enter 
practical use.  

The platform represents a comprehensive digital environment for browsing the subject-specific curricula and 
the curriculum catalogues, planning educational work through annual and detailed lesson plans, as well as planning 
and analysing assessment. A key component of the platform is artificial intelligence, which—for example, through a 
multi-layered AI advisor—supports teachers in planning while ensuring that teachers retain their central role in the 
process.  

 

Keywords: curriculum renewal, digital platform, AI advisor 
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Abstract: 

As generative AI becomes embedded in higher education, debate often centres on efficiency, automation, and 

academic risk. This paper argues that the more AI reshapes educational practice, the more important explicitly 

human forms of learning become. It takes group work as a particularly revealing case and proposes that teamwork, 

negotiation, shared responsibility, and relational judgement remain fundamentally human capacities. Students do 

not acquire these through solitary interaction with AI, but develop them through participation, adjustment, and 

reflection with other students. 

Drawing on faculty-level work on group work guidance, employability framing, online community-building, and 

collaboration with Careers and Employability Student Services colleagues on how students translate group work 

experience into interviews, placements, and professional contexts, the paper explores a central pedagogical 

problem: students often see group work chiefly as a mechanism of assessment, often burdensome, unfair, or 

frustrating. Staff, meanwhile, may value collaborative learning but struggle to design tasks that are sufficiently 

purposeful, inclusive, and workplace-relevant, especially in online or blended settings. 

The paper argues that AI is useful here at the level of educational design. It can help educators create more 

structured and meaningful collaborative activities through discipline-relevant scenarios, workplace-style case 

material, role briefs, staged prompts, and reflective questions that make group processes more visible. Such uses of 

AI can also help explain to students why group work matters by linking academic collaboration more clearly to 

teamwork beyond the university. 

Three discussion points follow:  

- First, AI heightens the importance of collaborative learning because it throws renewed emphasis onto 

human capacities that cannot be automated.  

- Second, resistance to group work often reflects weak framing and poor task design rather than a rejection 

of collaboration itself.  

- Third, human-AI collaboration is pedagogically valuable when it strengthens the conditions in which 

teamwork, belonging, student agency, and transferable skills can develop with greater clarity and purpose. 

The contribution to EDEN’s theme is therefore the following: human-AI collaboration should not be judged only by 

what AI can generate, but by how it helps educators protect and strengthen the forms of learning that remain deeply 

human. In this view, group work becomes a key site for relational pedagogy, student agency, and employability in 

an AI era. 
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Abstract: 

Since 2023-24, we develop a teaching innovation project to promote students’ active participation and engagement 

through the design and development of renewable assignments in various distance education courses we teach at 

the Faculty of Education at the National University of Distance Education (Universidad Nacional de Educación a 

Distancia - UNED). As open educational practices (OEP) that include active participation and production of knowledge 

by students (Paskevicius, 2017), `renewable´ assignments are ‘assignments which both support an individual 

student's learning and result in new or improved OER that provide a lasting benefit to the broader community of 

learners’ (Wiley & Hilton, 2018), so students’ contributions produce relevant content that has value beyond the 

student’s own learning (Wiley, 2013).  

In 2023-24, our first experience with this type of innovative assignment and assessment methods involved the 

creation of a collaborative online map about community development projects (Gil-Jaurena et al., 2024) in an 

undergraduate online course, and it showed this task’s potential for engaging students as producers and for 

enriching the course content. In 2024-2025, we converted our traditional or disposable assignments into renewable 

ones in various distance education undergraduate and postgraduate courses. Specifically, we explored peer 

assessment in a master course, collaborative glossaries produced by the students in two master courses, and 

collaborative online maps in an undergraduate course and two master courses.  The impact of these experiences in 

terms of students' engagement and academic achievement, collected via surveys, was positive (Gil-Jaurena, 

Domínguez, et al., 2025; Gil-Jaurena, López Ronda et al., 2025). 

In 2025-26, we further explored the implementation of these renewable assignments, including the use of students 

produced collaborative maps in other courses or with other cohorts of the same course. Also, we have incorporated 

a set of questions about generative AI in the students’ perceptions survey, under the assumption that this type of 

assignments –which facilitate collaborative learning in distance education environments, students’ engagement and 

public sharing– can promote a more ethical use of AI as a support tool and prevent its misuse as a replacement tool. 

In the presentation, we will share our findings and reflections about the use of renewable assignments in times of 

AI.  
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Abstract: 

AI is becoming increasingly embedded in educational practices (Zou et al., 2025). While current research has largely 
focused on the general promises and challenges of AI in education (Bond et al., 2024; Vieriu & Petrea, 2025), less 
attention has been paid to how students, especially younger ones, understand their own roles within these AI-
enhanced learning environments. Yet, students play a critical role in how pedagogical relations play out, even as AI 
increasingly shapes these relations as well as modes of participation (Perrotta, 2024). 

Drawing on a sociomaterial perspective, we conceptualize AI-enhanced learning environments as assemblages of 
human actors, technologies, institutional structures, and practices (Fenwick, 2015; Fenwick & Landri, 2012; 
Sørensen, 2001). From this perspective, we understand students’ imaginaries of AI as ways of making sense of their 
roles in data-driven education, including how participation and responsibility are configured within such 
assemblages. Consequently, we ask: How do secondary school students perceive and negotiate their roles within AI-
enhanced learning environments? And how can Computational Empowerment (CE) support critical reflection on 
these sociomaterial assemblages?  

This concise paper draws on a series of workshops with 75 students across three secondary schools and presents 
preliminary findings from an ongoing study. Building on CE (Dindler et al., 2020, 2023) as a participatory design 
approach, students were invited to imagine and prototype their AI-enhanced ideal learning platforms. The 
workshops were intended to elicit students’ imaginaries of AI integration and to create a space in which they could 
question and reconfigure their roles within these data-driven learning environments. 

Our preliminary findings suggest that students imagine AI mainly as a personalized tutor that supports individual 
performance. They expect it to explain content, generate exercises to assist with exam preparation, and serve as a 
central hub for accessing information. Rather than envisioning AI as transforming education, they position it as 
reinforcing existing school logics of efficiency, task completion, and individual achievement. Students imagine it as 
an omniscient mediator of knowledge and themselves primarily as dependent users rather than active participants 
in learning processes. They also attribute social and regulatory functions to AI, such as moderating communication 
and enforcing rules on their platform. Overall, our findings suggest that students imagine AI not as a tool but as an 
active participant in the educational assemblage, one that tends to reproduce existing pedagogical and institutional 
practices. This raises further questions about how responsibility is imagined when AI assumes functions otherwise 
associated with teachers, and what this means for students’ sense of agency and participation. These questions will 
be discussed in the presentation and explored in the final paper. 

Methodologically, CE enabled students to reflect on tensions within AI-enhanced learning environments and 
revealed how their imaginaries of AI often reproduce dominant school logics. At the same time, CE proved valuable 
for making these tensions visible. It opened up discussion about the pedagogical and relational dimensions of AI-
enhanced education, highlighting its value as a method for researching these environments as sociomaterial 
assemblages. 
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Abstract: 

The emergence of artificial intelligence (AI) has transformed teaching, research, and university management. The 
expansion of large language models has intensified debates regarding pedagogical uses, ethical risks, and regulatory 
frameworks (Peláez-Sánchez et al., 2024). While AI offers opportunities for personalization and academic support, 
it poses challenges linked to integrity, data privacy, and bias, necessitating responsible pedagogical strategies (Wu 
et al., 2024). This study analyzes characteristics of toolkits to support AI adoption, focusing on two: (1) what content 
is included in these platforms?; and (2) what formats do the available materials present? 
 
From a methodological point of view, this is an exploratory-descriptive investigation, in which the content analysis 
technique (Krippendorff, 2018) has been used based on primary sources from higher education institution websites, 
collected in January 2026. As a result of this analysis, nine web platforms or toolkits were identified. 
The following table shows the results in relation to the toolkit and its focus of interest: 
 
Table 1. Overview of University AI Toolkits and Their Main Focus. 

Web/Toolkit name University Country Main Focus Link 

Library and 
Learning Services 
Your Critical AI 
Toolkit 

York St John 
University 
 

United 
Kingdom 

Digital Literacy and 
Careers 

https://www.yorksj.ac.uk/l

ibrary/library-study-and-

digital-skills/critical-ai-

toolkit/ 

Toolkit for the 
Ethical Use of GenAI 
in Learning and 
Teaching 

University 
College Cork 

United 
Kingdom 

Ethics and Academic 
Integrity 

https://www.ucc.ie/en/eth

ical-use-of-generative-ai-

toolkit/ 

Artificial 
Intelligence (AI) 
Toolkit 

George 
Town 
University 

United 
States of 
America 

Pedagogy and 
Research 

https://cndls.georgetown.

edu/resources/ai/ 

AI Toolkit University of 
Lincoln 

United 
Kingdom 

Governance, ethics 
and Productivity 

https://digitaleducation.lin

coln.ac.uk/resourceshub/a

i-toolkit/ 

Inteligencia 
Artificial en la 
universidad 

Universidad 
de Granada 

Spain Institutional 
recommendations 
and regulation  

https://ceprud.ugr.es/form

acion-tic/inteligencia-

artificial 

https://www.yorksj.ac.uk/library/library-study-and-digital-skills/critical-ai-toolkit/
https://www.yorksj.ac.uk/library/library-study-and-digital-skills/critical-ai-toolkit/
https://www.yorksj.ac.uk/library/library-study-and-digital-skills/critical-ai-toolkit/
https://www.yorksj.ac.uk/library/library-study-and-digital-skills/critical-ai-toolkit/
https://www.ucc.ie/en/ethical-use-of-generative-ai-toolkit/
https://www.ucc.ie/en/ethical-use-of-generative-ai-toolkit/
https://www.ucc.ie/en/ethical-use-of-generative-ai-toolkit/
https://cndls.georgetown.edu/resources/ai/
https://cndls.georgetown.edu/resources/ai/
https://digitaleducation.lincoln.ac.uk/resourceshub/ai-toolkit/
https://digitaleducation.lincoln.ac.uk/resourceshub/ai-toolkit/
https://digitaleducation.lincoln.ac.uk/resourceshub/ai-toolkit/
https://ceprud.ugr.es/formacion-tic/inteligencia-artificial
https://ceprud.ugr.es/formacion-tic/inteligencia-artificial
https://ceprud.ugr.es/formacion-tic/inteligencia-artificial
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✨Toolkit IA: Tu 
Caja de 
Herramientas 
Inteligentes 

Universidad 
de La Sabana 

Colombia Functional Academic 
Support 

https://unisabana.libguide

s.com/c.php?g=1477282&

p=11009778 

Uso educativo de la 
Inteligencia 
Artificial Generativa 

UNED Spain Innovation and 
Continuous Training 

https://www.uned.es/univ

ersidad/inicio/institucional

/areas-

direccion/vicerrectorados/

innovacion/iaeducativa.ht

ml 

Teach with 
Generative AI 

Harvard 
University 

United 
States of 
America 

Pedagogical 
Reflection and 
Experimentation 

https://www.harvard.edu/

ai/teaching-resources/ 

 

Regarding formats, text is the predominant medium (n=9). Some platforms incorporate video (n=3) and audio (n=1) 
through links, while a few include interactive content hosted on the web (n=2). 
Results indicate that universities must diversify resources to guide AI use. The analysis reveals a proactive approach 
integrating ethical, pedagogical, and digital literacy principles. There is a clear need to offer materials alongside 
strategies for responsible use to guarantee academic integrity and maximize educational benefits. 
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Abstract: 

The increasing presence of generative artificial intelligence (GenAI) in schools raises questions regarding how 
teachers interpret this technology and integrate it into instructional and assessment practices. Existing research has 
largely adopted variable-centered approaches that examine teachers’ intentions to adopt GenAI or their reported 
levels of use, often treating teachers as a homogeneous group and implying gradual or linear trajectories of 
integration (e.g., Kong et al., 2024; Yang et al., 2025). Such approaches provide limited insight into heterogeneity of 
teachers’ responses to GenAI and the pedagogical meanings associated with different patterns of use. 

This study examines variations among teachers by identifying profiles using cluster analysis based on attitudes 
toward GenAI, perceived pedagogical benefits, concerns regarding students’ use of GenAI, AI-related anxieties, and 
pedagogical orientations. This analysis is based on survey data collected from January to March 2025, involving 501 
Israeli teachers from various educational sectors. 

Findings revealed three profiles. The Closed and Skeptical profile (32.1%, n = 161) was characterized by low perceived 
pedagogical benefit, relatively negative attitudes toward GenAI, elevated concerns regarding students’ use, limited 
use of GenAI, and minimal pedagogical and assessment-related change. The Open but Anxious profile (45.1%, n = 
226) combined relatively high perceived benefit and positive attitudes with elevated AI-related anxiety, alongside 
varying patterns of GenAI use and pedagogical change, job replacement, and AI consciousness. The Open and 
Confident profile (22.8%, n = 114) was marked by high perceived benefit, strongly positive attitudes, relatively low 
anxiety, more extensive use of GenAI for instructional, and higher levels of reported pedagogical and assessment-
related change. 

While teachers in the Open and Confident profile reported active use of GenAI alongside pedagogical change, and 
those in the Closed and Skeptical profile expressed resistance and limited openness to the technology, the Open but 
Anxious group represented the profile with the greatest potential for change, as it combined openness toward GenAI 
with hesitation and concern regarding use. Additional analysis identified three sub-profiles: Implementing Despite 
Concerns (n = 89), characterized by high levels of GenAI use and pedagogical change alongside elevated anxiety; 
Cautious Observers (n = 73), characterized by limited use and low levels of pedagogical change; and Anxiety-
Constrained Teachers (n = 64), characterized by high anxiety combined with minimal use and limited pedagogical 
change. 

Findings indicate that AI-related anxiety functions as a differentiating factor across teachers’ profiles. Similar levels 
of anxiety were associated with fundamentally different pedagogical patterns, depending on how anxiety 
intersected with the perceived pedagogical value of GenAI. Sometimes, anxiety was linked to limited use and 
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mailto:gilaku@hit.ac.il
mailto:omri.hadar@mail.huji.ac.il
mailto:yifat.kolikant@mail.huji.ac.il


The Human side of AI in Education 

 

27 

 

minimal pedagogical change, whereas in others, it coexisted with extensive use and substantial instructional and 
assessment-related change. 

The results underscore the need to move beyond one-dimensional adoption indicators and emphasize the 
importance of differentiated professional development and implementation strategies aligned with distinct teacher 
profiles, thereby increasing the likelihood of effective and sustainable GenAI integration in schools. 
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Abstract: 
 
The rapid integration of generative AI into higher education has created a distinctive institutional challenge: how to 
develop genuine, critically grounded AI capability across an entire academic workforce including academics, 
professional services staff and Associate Lecturers, without bypassing legitimate concerns about academic integrity, 
expertise erosion, equity and pedagogical values. Existing approaches to staff AI development typically default to 
either enthusiastic adoption training or cautionary awareness sessions. Neither adequately addresses the complexity 
of the institutional context or the diversity of the staff it seeks to serve. 

This paper presents a framework for human-AI collaboration in learning and teaching, synthesised from two 
complementary theoretical orientations. The first is grounded in Critical AI Literacy (CAIL) and the Responsible by 
Design (RBD) principles developed at The Open University, which insist on structured scepticism as a precondition 
for adoption, disciplinary specificity in design, and direct connection between development activity and live 
curriculum work. The second orientation draws on human-centred service design, foregrounding co-creation, 
psychological safety, and the recognition that applied AI capability constitutes an essential dimension of academic 
professionalism for all staff and not only those already positively disposed towards AI. 

The resulting framework operates across five interconnected design principles. First, it prioritises psychological 
safety as the precondition for meaningful human-AI collaboration: staff concerns are acknowledged as legitimate 
pedagogical starting points before any practical application is introduced, with the consistent message that AI does 
not replace academic expertise but changes how that expertise is exercised and taught. Second, all development is 
disciplinary-specific, co-designed with subject leads and tailored to the assessment types, student profiles and 
institutional contexts of particular discipline clusters. Third, capability is distributed through peer and community 
leadership including AI Academic Leads, Champions networks, communities of practice, AI festivals, promptathons 
and an AI Exploratorium, rather than imposed through top-down mandates. Fourth, development time is productive 
time: every strand connects to a live module review, an assessment redesign or a feedback process, producing 
tangible curriculum outputs through the RBD Framework rather than abstract awareness. Fifth, progress is made 
visible through an AI Learning, Teaching and Assessment Pedagogical Use Tracker and a termly performance 
dashboard reported to Academic Board, with AI leadership development for Deans and Heads of School embedded 
at governance level. 

The three-layer implementation architecture which comprises Governance, Capability, Curriculum and Outcomes, 
aligns institutional policy to UK Office for Students B3 conditions, captures practice through the pedagogical tracker, 
and monitors student continuation, completion and progression as primary indicators of framework impact. A rich 
performance dashboard adds measures of staff confidence, assessment redesign rates, academic integrity trends, 
assessment turnaround times and NSS teaching and feedback metrics, providing a holistic and continuously 
evaluated picture of adoption. 
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Drawing on the FAIESTA (Festival of AI Exploration and Strategies in Teaching and Assessment) model developed at 
The Open University, this paper offers a theoretically grounded, practically tested framework that is simultaneously 
critical, inclusive and scalable. It contributes to the emerging field of institutional AI pedagogy by demonstrating how 
skepticism and adoption are not opposed positions but sequential conditions, and by insisting that the endpoint of 
human-AI collaboration in learning and teaching is not confident use, but improved outcomes for a diverse student 
body in an AI-enabled world. 

 
Keywords: human-AI collaboration, critical AI literacy, academic staff development, responsible by design, 
generative AI in higher education, pedagogical framework 
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Abstract: 

The accelerating integration of artificial intelligence and immersive technologies into higher education has 
intensified longstanding questions concerning the relationship between pedagogy, technology, and human values. 
This paper argues that meaningful digital transformation is not achieved through technological adoption alone, but 
through a deliberate reorientation towards what both precedes and exceeds technology: trust, human relationships, 
epistemic integrity, and authentic engagement. Positioned within the postdigital perspective articulated by Tim 
Fawns, education is conceptualised here as an entangled ecology of social, material, and technological practices, 
rather than a domain driven by technological determinism. 
Responding to the emergence of agentic artificial intelligence—systems capable of autonomous decision-making, 
adaptive support, and generative knowledge production, this paper examines the implications for authorship, 
learner agency, assessment validity, and the evolving role of the educator. While such systems offer unprecedented 
opportunities for personalisation and scale, they also expose critical tensions within existing pedagogical models, 
particularly where efficiency-driven approaches risk displacing meaning, relationality, and critical engagement. 
To address these challenges, the paper proposes a Trust-Centred Postdigital Pedagogy (TCPDP) framework, a values-
led model for human–AI collaboration grounded in six interdependent dimensions: trust, relational engagement, 
knowledge co-creation, playfulness, active participation, and an ethic of care (conceptualised as a rigorous 
commitment to inclusion, learner growth, and human flourishing). This framework is developed through a practice-
based, design-informed approach, drawing on the implementation of XR-enhanced learning environments within 
higher education curricula aligned to the United Nations Sustainable Development Goals. 
Empirical illustrations from these implementations demonstrate how immersive and AI-augmented pedagogies can 
support transformative, experiential, and socially relevant learning. Within this approach, technology is not 
positioned as the innovation itself, but as an enabling layer that amplifies human-centred pedagogical design. 
Examples include XR-supported experiential scenarios, participatory learning architectures, and digitally mediated 
credentialing systems that connect disciplinary knowledge with real-world challenges. 
The paper argues that the central challenge for higher education is not the integration of emerging technologies per 
se, but the development of critically informed pedagogical practices capable of navigating the entangled relationship 
between human and non-human actors. This necessitates a shift towards reflexive, context-sensitive design 
approaches that prioritise trust, meaning-making, and human flourishing alongside technological advancement. 
The paper concludes with critical provocations for the sector: How can trust be operationalised within AI-mediated 
learning environments? What constitutes authentic knowledge and valid assessment when learning is co-produced 
with intelligent systems? And how might higher education sustain curiosity, creativity, and joy in an era increasingly 
shaped by agentic technologies? 
 

Keywords: Trust; Postdigital Pedagogy; Human–AI Collaboration; Agentic AI; Experiential Learning; XR Learning; 
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Abstract: 

Higher Education (HE) graduates are expected to demonstrate strong communication skills and apply them with 
confidence in high-pressure, real-world situations. Immersive learning platforms offer students opportunities to 
address knowledge or skills gaps, allowing them to make mistakes in a low-stakes, safe environment and receive 
feedback on their verbal and non-verbal engagement.  
This paper focuses on a funded action research project between two higher education institutions from different 
countries, examining how immersive technologies, specifically AI-enabled virtual reality (VR), can enhance the 
development of communication skills. Guided by the project mentors, academic leads worked with students across 
iterative research cycles, using student feedback to refine the design of the VR-based learning experience. 
The project is informed by key literature in immersive pedagogy. Queiroz et al. (2025) highlights that virtual reality 
provides authentic, immersive learning simulations that increase emotional and behavioural engagement in 
communication skills training. Helle et al. (2023) explored the use of virtual reality for individual learning amongst 
health and social care students, concluding that VR has significant potential to enhance professional competencies. 
Shorey et al. (2020) explored the potential of virtual reality to develop nursing students’ communication skills, 
concluding that VR enhanced students’ confidence and preparedness for clinical performance. However, this study 
also noted that challenges were associated with poor speech recognition and conversational flow, which affected 
students' overall experience. These considerations were particularly important for the present study. Additionally, 
identifying where immersive VR learning experiences fit within the curriculum was a key factor in promoting student 
engagement (McDermott et al., 2024).  
Findings suggest that carefully aligning immersive learning pathways with core competencies, combined with 
iterative, student-informed design, can meaningfully enhance learner confidence and engagement. This paper 
discusses the implications for educators seeking to embed human-AI collaboration tools into HE curricula and 
reflects on the opportunities and challenges of conducting immersive learning research within an international 
institutional partnership. 

Keywords: immersive pedagogy, virtual reality, transnational research, communication skills
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Abstract: 

Third-level education presents ongoing challenges for students with additional needs, including neurodivergence, 
anxiety, and barriers to engagement. While social robotics has been widely explored as a potential support 
mechanism (Youssef et al, 2023), much of the existing literature focuses on controlled environments, short-term 
interventions, or theoretical applications (see Tozadore & Romero, 2024; Tisza et al, 2025). 
This paper presents a practical case study of deploying a social robot (Buddy©) within a higher education setting, 
highlighting the gap between conceptual promise and real-world implementation. 
Initial research explored student perceptions of social robots as tools for supporting learning and well-being. 
However, delays in hardware acquisition and significant challenges in system integration, including device 
configuration, platform compatibility, and remote connectivity—shifted the project's focus to understanding the 
technical, organisational, and user-experience barriers to deploying such systems in practice. 
This study documents the process of overcoming these challenges, including integrating third-party communication 
platforms, configuring robotic operating systems, and developing workflows to enable meaningful student 
interaction. 
Findings combine previously unreported student perception data, insights from on-campus deployment and 
interaction, and a critical analysis of technical and infrastructure barriers. 
The paper argues that the successful adoption of social robotics in higher education depends not only on its 
pedagogical value but also on institutional readiness, robust deployment frameworks, and interdisciplinary 
collaboration. 
This work contributes a practical roadmap for researchers and institutions, moving the discourse from experimental 
potential toward sustainable, real-world implementation 
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Abstract: 

As artificial intelligence (AI) becomes increasingly embedded in educational practice, teachers need systematic 
support to develop pedagogically, ethically, and professionally sound forms of human–AI collaboration. This paper 
reports on the methodological design and development process of a capacity-building programme developed within 
AI-teach - Enhancing Teachers’ AI Literacy, an Erasmus+ Teacher Academy. The project adopts a collaborative, 
European approach to designing teacher education for AI that is evidence-informed, flexible, and context sensitive. 

The AI-teach programme comprises a 20 ECTS modular structure organised into three interrelated content 
portfolios: Learning about AI, Learning with AI, and Using AI to learn about learning. These portfolios function as an 
organising framework rather than a curriculum prescription and are theoretically grounded in established 
perspectives on AI in education (Holmes et al., 2022), DigCompEdu (2017), and UNESCO’s Recommendations on the 
Ethics of Artificial Intelligence (2022).  

The development method is grounded in educational design research (EDR) and proceeds through iterative cycles 
of needs analysis, co-design, piloting, evaluation, and revision (McKenney & Reeves, 2018). A large-scale 
state-of-the-art mapping of AI in teacher education provides the empirical basis for initial design decisions, informing 
topic selection, learning outcomes, and exemplar practices to ensure relevance to teachers’ real-world contexts (Van 
Schoors et al., 2025). 

The methodological development of the content portfolio is described through a three-stage process for producing 
sustainable, competency-aligned learning modules. Stage 1 focuses on strategic content decisions, where 
development teams define module scope, learning outcomes, and practice-based examples based on empirical 
evidence and partner contexts. Stage 2 involves the systematic authoring of constructively aligned module scripts 
using shared templates, learning design principles, and technical standards to ensure pedagogical coherence and 
production feasibility. Stage 3 centres on coherence and alignment across modules, in which modules are 
systematically mapped to DigCompEdu competence areas, empirical evidence sources, and interoperability 
requirements to support reuse and integration across institutional learning environments. 

Content portfolio development validation is conducted through pilot testing with pre-service teachers, in-service 
teachers, and teacher educators, generating mixed quantitative and qualitative data on usability, relevance, and 
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constructive alignment. By adopting this methodological approach to content portfolio development, we produce 
pedagogically robust, context-aware, and interoperable AI-focused modules, demonstrating a systematic and 
transferable development method for AI-related teacher education. 

By foregrounding development processes, AI-teach contributes a transferable, evidence-informed methodological 
model for designing teacher education on AI, supporting both individual competence development and institutional 
capacity building. 

 
Keywords: AI, capacity building, teachers, educational design research 
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Abstract: 
 

This research challenges the prevailing assumption that teachers' technical competence with Generative AI (GenAI) 
naturally leads to student adoption. While educators are rapidly adopting GenAI for administrative efficiency and 
lesson planning, the transition to allowing students to co-create with these tools remains sluggish. This study 
investigates this critical tension through the lens of a "Pedagogical Firewall", a mechanism by which teachers utilize 
their agency to protect traditional learning hierarchies from the perceived disruptions of AI. Recent frameworks, 
such as the DigCompEdu AI Supplement (Bekiaridis & Attwell, 2024), emphasize that competence must evolve from 
personal use to empowering learners; however, our findings suggest this evolution is not linear. 

Drawing on a longitudinal mixed-methods study of 20 high school teachers over six months post-training, we 
analyzed 181 educational activities using the SAMR model (Puentedura, 2006). We identified a distinct archetype 
termed "The Consolidators". These teachers demonstrated high technical proficiency (DigCompEdu B1/B2 levels), 
effectively using GenAI to generate rubrics and exams. Yet, a paradox emerged: while their technical sophistication 
in teacher-facing tasks grew by 22%, their implementation of student-facing AI activities changed by a negligible 1%. 

This discrepancy defines the Pedagogical Firewall. It is not a barrier of ignorance, but of choice. Qualitative analysis 
reveals that these teachers view GenAI as a "competitor" to student cognition rather than a partner, effectively 
declaring: "AI is a tool for me to teach better, not a partner for you to learn with" (T14). This aligns with recent 
findings that external and institutional factors account for a significant portion of digital competence development 
(Flores & Chiappe, 2025), suggesting that without an ecosystem of trust, teachers revert to protective gatekeeping. 

To move "Beyond Technology" towards true collaboration, institutions must recognize that technical training alone 
will not dissolve these firewalls. Capacity-building models must pivot from focusing on "AI tools for efficiency" to "AI 
pedagogies for partnership", supporting teachers in redefining their role from knowledge deliverers to mentors of 
human-AI co-creation. 
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Abstract: 
 
Materials development in ELT (English Language Teaching) has been informed by research in Second Language 
Acquisition and Applied Linguistics, identifying authenticity, meaning, communication, scaffolding and collaboration 
as core characteristics of effective materials (Tomlinson, 2011). The emergence of generative AI tools, however, 
complicates these principles: what counts as effective might be challenged, and new questions emerge about how 
materials are chosen, developed and adapted in context. Besides, considering tensions between researched 
principles and situated teaching practice, it may be plausible to frame generative AI tools as either disruptors of 
existing practices or catalysts for integration (Moorhouse et al., 2024; Law, 2024; Barrot, 2023; Byrne, 2025).  
 
Research on generative AI chatbots in writing pedagogy has identified potential affordances such as supporting 
process writing, providing detailed and accurate feedback, and personalised guidance. Critical points such as biased 
or inaccurate output content, plagiarism issues and overreliance on tools’ processing capabilities have also been 
raised (Ahn et al., 2024; Law, 2024; Pack & Maloney, 2023; Moorhouse et al., 2024; Li et al., 2024; Creely et al., 
2025). While prompt engineering has been proposed as a way of improving output quality (Bender, 2024; Dornburg 
& Davin, 2024; Wünsch-Nagy, 2025), less attention has been paid to the role of teacher cognition (Borg, 2003) in 
shaping how educators interpret, evaluate, and adapt AI-generated materials for their own learners and settings. 
 
Educators’ sets of beliefs ultimately impact decision-making, including choosing materials and adapting them to 
specific classroom contexts. In scenarios where generative AI tools are present as either teaching assistants or co-
creators of materials, the role of teacher cognition in the interaction between human educators and synthetic agents 
is vital to limit bias and adapt AI-generated materials to culturally specific pedagogical needs and situated 
institutional contexts. 
 
The paper presents emerging insights into how teachers use generative AI to reflect on, adapt, or sometimes 
reconsider their approaches to teaching writing. It shows how interaction with ChatGPT can both support materials 
design and prompt greater awareness of teachers’ own beliefs, agency, and decision-making processes. In the 
context of rapid technological change, the study highlights the importance of starting from teachers’ expertise and 
situated pedagogical principles when integrating AI into language education. 
 
The project investigates teachers’ knowledge of the use of ChatGPT for developing writing materials, their 
engagement with the tool, and how this interaction influences their pedagogical thinking and beliefs about language 
teaching. Data from twelve reflective workshops, six semi-structured interviews and scripts of ChatGPT interactions 
from six upper secondary school English teachers in different schools in the Turin and Milan areas in Italy are 
analysed through Thematic Analysis to capture the patterns within these dimensions. 
 
In current educational scenarios, characterised by complexity and rapid changes, and rising concerns about how 
educators’ role will change with Generative AI in the game, it is vital that research addresses their perspectives and 
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expertise as the starting point for responsible generative AI integration.

 
Keywords: English Language Teaching, writing skills, human-AI interaction, teacher cognition, materials 
development, materials adaptation 
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Higher education faces profound structural tension driven by the massification of student cohorts and stagnating 

resources (Noui, 2020; OECD, 2025). This dichotomy challenges medical education’s core mandate: certifying clinical 

competence while providing sufficient practice material for students (Schuwirth & van der Vleuten, 2020). Creating 

high-quality Multiple-Choice Questions (MCQs) is a highly resource-intensive endeavor, demanding immense 

financial and faculty opportunity costs (NASEM, 2022). 

 

This study investigates the technical capability and ecological validity of using Large Language Models (LLMs) for 

undergraduate medical MCQ generation. Moving beyond lab-based reviews, we conducted controlled 

implementation at the University of Amsterdam Faculty of Medicine. Our GenAI-question generator was iteratively 

developed (Indran et al., 2024) to ensure strict curriculum alignment, question quality, and adherence to Bloom's 

taxonomy. Generated MCQs underwent expert peer review following the faculty's standard "four-eyes principle." 

Ultimately, 30% of the raw GenAI output was deemed directly suitable for high-stakes assessment. 

 

We evaluated a high-stakes physiology exam taken by 721 second-year medicine students, containing 29 human-

authored and 5 GenAI-authored MCQs (targeting "remember" and "understand" levels of Bloom). Students were 

blinded to question origins. The results reveal a distinct psychometric signature for GenAI items: 

• Difficulty: Both formats fell within the optimum difficulty reference range (p-value 0.44–0.90). GenAI MCQs 

were slightly easier (mean Difficulty Index 0.83 vs. 0.78), though not statistically different.  

• Discrimination: GenAI items exhibited a significantly higher Discrimination Index than human-authored 

items (0.392 vs. 0.283, p=0.046). Bordering the literature threshold for "high discrimination" (0.40), GenAI 

items effectively stratified high- and low-performing students. 

• Acceptability: GenAI MCQs received zero post-exam objections, significantly lower than the human-

authored mean of 0.68 objections per question (p=0.044). 

• Detectability: Independent subject matter experts and students achieved a 45% true positive rate when 

attempting to identify GenAI questions. 

 

Despite these highly positive psychometrics, the 30% usability rate underscores a caveat: this tool is not (yet) suitable 

for unmediated student self-assessment. Bypassing human oversight exposes learners to subtle factual 

hallucinations and suboptimal formulation. However, when mediated by faculty, the technology proves highly 

advantageous. Lecturers reported time savings and praised GenAI for producing creative questions, overcoming 
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years of repetitive drafting fatigue. This high-volume creativity makes the tool exceptionally suited for rapidly scaling 

formative and summative question banks. 

 

To operationalize these findings, we propose a "Hybrid Assessment Model." Rejecting fully automated assessment, 

GenAI instead serves as a high-volume generator, shifting the faculty role from primary "writer" to critical "editor." 

This Human-in-the-Loop workflow leverages GenAI’s scale while experts inject clinical nuance, safeguarding 

academic integrity. 

 

This presentation provides a concrete blueprint for human-AI assessment collaboration. Attendees will leave 

equipped with: 

• Architectural frameworks: Specific prompt engineering strategies for MCQs. 

• Empirical evidence: Detailed breakdowns of psychometric results. 

• Workflow design principles: A roadmap for safely transitioning faculty to AI "editors." 

• Actionable tools: An evidence based checklist for evaluating GenAI-generated exam questions on form and 

content. 
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Abstract: 
 
The rapid integration of AI tools in higher education has fundamentally affected established teaching practices, 
forcing educators to reevaluate and renegotiate their professional roles. While the response to AI from institutions 
and industries has been widely discussed, the discourse around the struggles faced by educators and around the 
ways in which they try to make sense of these disruptions could benefit from more exploration. This paper examines 
how professors frame the challenges raised by student AI use, aiming to reveal, through online community discourse, 
deeper tensions at the intersection of professional identity, ethics and mediatized educational practice.  

This study is based on three communicating theoretical perspectives. Entman’s framing theory represents the main 
analytical lens, understanding framing as selecting and emphasizing aspects of perceived reality to focus on certain 
problem definitions, causal interpretations and moral evaluations. The mediatization of education, understood 
through Hjarvard’s framework and Couldry & Hepp’s elaboration of deep mediatization, clarifies how digital 
platforms shape the conditions under which professional discourse emerges and travels. Professional identity 
theory, mainly relying on Beijaard’s approach, connects the educators’ response to student AI use with their sense 
of professional self.  

Methodologically, this study uses qualitative discourse analysis of spontaneous online professional discourse, 
avoiding the social desirability bias associated with interviews or surveys. Data were collected from the Reddit 
community r/Professors through purposeful sampling based on search visibility, selecting the five most notable 
threads returned by a targeted Google search, all posted between 2025 and 2026. The top ten upvoted substantial 
comments from each thread, defined as responses of minimum two sentences and forming a corpus of fifty 
comments, were analyzed in an inductive manner.  

Preliminary examination reveals three dominant frames. The first is helplessness and institutional abandonment 
frame, professors navigating AI challenges as isolated individuals or groups, receiving neither guidance nor support 
from their institutions. The second is a nostalgic resistance frame, in which educators are drawn to pre-digital 
teaching practices such as handwritten assignments and oral examinations, revealing deep uncertainty about 
evaluation in the age of AI. The third is professional erosion and loss of trust frame, exposing a drastic decrease in 
students’ work, a sense of wasted professional efforts, and a great psychological and emotional toll. An important 
finding is the lack of comments mentioning institutional support, suggesting adaptation is perceived as entirely 
individual, a result which could be significant for educational policy and faculty wellbeing.  

This study contributes to literature concentrating on educators’ perspective on AI, providing insight into the 
authentic educator experience by analyzing naturally occurring online discourse within teaching communities. The 
findings underline an urgent need for systemic support frameworks rather than reliance on individual resources. For 
the broader public, the discourse reflects a general cultural negotiation about the purposes of education and the 
future of the teacher-student relationship. The current exploration covers a research angle which allows other lenses 
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to be added and viewpoints to be approached across institutional and cultural contexts, the roles and realities of 
educators continuing to adapt to societal and technological shifts. 

 
Keywords: framing theory, educator professional identity, artificial intelligence in higher education, online 
community discourse, mediatization, teacher role transformation 
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Abstract: 

 
The phenomenon of internet addiction is well documented and as far back as 2018 it was identified as a “public 
health hazard” (Crouch, 2018). Those working in HE often question if adequate assistance is being offered to those 
vulnerable to such dependence, particularly when Higher Education requires students to go online to learn and 
access resources. There is a vacuum in terms of guidance and policy in the area to resource academics and other 
university staff. The Educational Development Support Unit (EDSU) and the Technology Enhanced Learning 
Department (TEL) within Munster Technological University (MTU) conducted a survey on the University student 
population (n=1496) in February 2026. The majority of students surveyed spend over fifty percent of their online 
time on activities other than study and work. The majority of respondents also indicated that they would not find it 
easy to live without their smartphone and a large cohort are concerned about how their online interactions affecting 
their wellbeing. The research has raised the questions around what HEIs should be doing to support students digital 
wellness (Neverkovich et al; 2018; Colder Carras et al; 2024) . One approach being pursued is to offer workshops to 
MTU students based on the Digital Flourishing concept (Blankson, 2017).  
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Abstract: 
 
The rapid uptake of generative AI in education has intensified longstanding questions about wellbeing, agency, and 
responsibility for both teachers and learners. While institutional responses often focus on regulation, skills 
development, or efficiency gains, this concise paper argues that wellbeing in an AI mediated world is fundamentally 
a learning design issue. From a postdigital perspective, wellbeing cannot be reduced to individual resilience or coping 
strategies; it emerges through more than human entanglements involving people, technologies, emotions, 
institutional cultures, and material conditions. 

Postdigital scholarship highlights that learning and teaching now occur within hybrid assemblages of humans and 
non-humans, where agency is distributed and outcomes are uncertain (Christensen et al, 2025; Fawns, 2022). In 
these contexts, affect is not peripheral. Teachers and learners encounter AI with mixtures of curiosity, excitement, 
anxiety, moral concern, frustration, and uncertainty. These emotional responses shape judgement, critical thinking, 
willingness to experiment, and perceptions of responsibility. Treating emotions as distractions to be managed risks 
undermining both learning and wellbeing. 

For learners, AI promises personalisation and support, yet can also generate pressure, surveillance anxiety, and 
confusion around authorship and ethical boundaries. For teachers, AI introduces affective labour: negotiating 
institutional expectations, modelling ethical practice, and supporting students emotionally while managing their 
own uncertainty. Wellbeing, therefore, cannot be addressed without considering how learning designs invite—or 
suppress—emotional engagement with AI. 

This paper proposes that learning designs explicitly engaging the affective domain are central to wellbeing in an AI 
world. Such designs move beyond individualised performance metrics towards relational, reflective, and embodied 
practices (Pallitt & Kramm, 2023). Indigenising perspectives, particularly from Aotearoa New Zealand, offer valuable 
insights by foregrounding care (manaakitanga), relationships (whanaungatanga), and holistic conceptions of learning 
that align closely with postdigital thinking. These approaches challenge neoliberal assumptions that value only what 
is measurable or automatable. 

Embodied and materially focused activities—such as reflective engagement with AI outputs, collective sense making, 
or situated encounters with data—can support both learner and teacher wellbeing by legitimising emotion, 
uncertainty, and dialogue (Oberg et al., 2026). Rather than seeking control or certainty, such designs acknowledge 
that thriving in an AI world involves learning to feel, judge, and relate well within more than human contexts. 
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Discussion Points for Conference Participants 

• How can learning design support emotional awareness rather than suppress emotions in AI mediated 
education? 

• What responsibilities do institutions have for teacher wellbeing when AI intensifies affective labour? 

• How can indigenous and relational approaches inform wellbeing focused AI pedagogy across contexts? 
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Abstract: 
 
Working from the premise that generative artificial intelligence (GenAI) is already in our institutions, its rapid 
integration into higher education presents both transformative pedagogical opportunities and complex ethical 
challenges (Illingworth & Forsyth, 2026). A policy framework for teaching and learning that uses GenAI has been 
recently published in Ireland as a pedagogical tool and guide (O’Sullivan et al, 2025). While GenAI can enhance 
personalised learning and student engagement, it simultaneously raises concerns regarding bias, equity, academic 
integrity, and responsible use (Yusuf et al., 2024; Mak et al., 2025). This paper presents an embedded pedagogical 
approach designed to help educators and students confidently engage with GenAI through discovery, critical 
analysis, and reflective practice within a third-year undergraduate business module on ‘Diversity in the Workplace’ 
at Technological University Dublin.  
 
Positioning GenAI as both a learning partner and an object of critique, the tutorial session focuses specifically on the 
topic of race and ethnicity. Students participate in a structured, hour-long tutorial that emphasises three 
developmental outcomes: creating dynamic text and visual artefacts using GenAI tools; thinking critically through 
scaffolded analysis of AI-generated outputs to uncover hidden societal biases; and cultivating trust by reflecting on 
responsible AI use. Concerns that GenAI systems may inherit or amplify social biases underscore the importance of 
such critical engagement, particularly in humanities and social science contexts where empirical research remains 
limited (Li et al., 2024). Moreover, studies suggest that large language models may deliver unequal experiences 
across demographic groups, reinforcing the need for equity-oriented pedagogies (Chen et al., 2024). 
 
Developed at King’s College London, the instructional design centres around the PAIR Framework to support 
responsible, human-centred AI integration (Acar, 2023) - Problem formulation, AI tool selection, Interaction, and 
Reflection. This four-phase scaffold encourages students to define problems clearly, engage intentionally with AI 
tools, iteratively evaluate outputs, and reflect on both process and learning. The framework promotes transferable 
skills while positioning AI as a tool that augments rather than replaces human judgment (Acar, 2023). Within this 
session, GenAI use is categorised as “embedded,” signalling purposeful integration into learning activities rather 
than peripheral experimentation. 
 
The conference presentation will demonstrate the practical implementation of this approach and present a SCOT 
(Strengths, Challenges, Opportunities, Threats) analysis of the pedagogical design. Particular attention is given to 
how structured AI engagement can support inclusive learning environments and transparent assessment practices. 
The session concludes by arguing for the co-development of “AI ethicists” within higher education so that educators 
and students are capable of interrogating outputs, advocating for equitable access, and navigating institutionally 
supported tools with integrity.  
 
By modelling a student partnership environment of co-learning where educators and students jointly explore GenAI, 
this approach furnishes a replicable strategy for embedding ethical, critically informed AI pedagogy in curricula.  



Student partnership to support AI engagement 

50 

 

 
Keywords: Pedagogical Framework, Equitable Access, Student Partnership 

 
 
References 

Acar, O. A. (2023). Are your students ready for AI? A 4-step framework to prepare learners for a ChatGPT world. King’s 
College London. PAIR framework guidance | King's College London 
 
Chen, K., Shao, A., Burapacheep, J., & Li, Y. (2024). Conversational AI and equity through assessing GPT-3’s 
communication with diverse social groups on contentious topics. Scientific Reports, 14, Article 51969. 
https://doi.org/10.1038/s41598-024-51969-w 

 
Illingworth, S., & Forsyth, R. (2026). GenAI in higher education: Redefining teaching and learning. Bloomsbury 
Academic. https://doi.org/10.5040/9781350535824  
 
Li, M., Enkhtur, A., Yamamoto, B. A., Cheng, F., & Chen, L. (2024). Ethical implications of ChatGPT in higher education: 
A scoping review. Journal of Interdisciplinary Studies in Education, 13, Issue 1. 
https://doi.org/10.32674/jise.v13i1.6072  
 
Mak, J., Nakatumba-Nabende, J., Clear, T., Clear, A., Albluwi, I., Andrei, O., Angeli, L., MacNeil, S., Oyelere, S. S., 
Rattigan, M. H., Sheard, J., & Zhu, T. (2025). Navigating the ethical and societal impacts of generative AI in higher 
computing education.  https://arxiv.org/abs/2511.15768 
 
O’Sullivan, J., Lowry, C., Woods, R., & Conlon, T. (2025). Generative AI in Higher Education Teaching &  
Learning: Policy Framework. Higher Education Authority, Dublin, Ireland. https://hub.teachingandlearning.ie/wp-
content/uploads/2025/12/hea-genai-policy-framework.pdf  
 
Yusuf, A., Pervin, N., & Román-González, M. (2024). Generative AI and the future of higher education: A threat to 
academic integrity or reformation? Evidence from multicultural perspectives. International Journal of Educational 
Technology in Higher Education, 21, Article 21. https://doi.org/10.1186/s41239-024-00453-6 

  

https://www.kcl.ac.uk/about/strategy/learning-and-teaching/ai-guidance/pair-framework-guidance
https://doi.org/10.1038/s41598-024-51969-w
https://doi.org/10.5040/9781350535824
https://doi.org/10.32674/jise.v13i1.6072
https://arxiv.org/abs/2511.15768
https://hub.teachingandlearning.ie/wp-content/uploads/2025/12/hea-genai-policy-framework.pdf
https://hub.teachingandlearning.ie/wp-content/uploads/2025/12/hea-genai-policy-framework.pdf
https://doi.org/10.1186/s41239-024-00453-6


Student partnership to support AI engagement 

51 

 

 
 

‘Design your Dream Assessment’: Students reveal the unwritten 
rules of assessment design for the AI era 
 

Laila Burton1, Graham Garforth2, Mychelle Pride3 
 
1 Pro Vice Chancellor Students’ Office, Open University, UK; Laila.burton@open.ac.uk  
2 Academic Services, Open University, UK; Graham.garforth@open.ac.uk  
3 Pro Vice Chancellor Students’ Office, Open University, UK; Mychelle.pride@open.ac.uk  
 
Correspondence: Mychelle Pride: Mychelle.pride@open.ac.uk  

 
 
Abstract: 
 
Artificial intelligence is rapidly reshaping how students learn, how knowledge is constructed and how universities 

assess understanding and skills. For higher education, the challenge is not simply technological adoption but 

ensuring that AI strengthens learning, protects academic standards and prepares graduates for an increasingly AI-

enabled world. While students can readily identify their best learning experiences, often citing inspiring teachers or 

practical activities, they frequently struggle to identify their best assessment experience. This gap raises questions 

about how assessment could be designed and experienced well in the AI-era.  

 

This paper reports on a series of interactive workshops held during Open University University Student Consultation 

Week, where students were invited to ‘design their dream assessment’ in the AI era. To prepare students, they were 

introduced to Black and Wiliam’s (2012) model of assessment for learning and xxx University’s Academic Integrity 

Principles for Assessment Design. They were also shown recent student AI usage data (Stephenson & Armstrong, 

2026) and asked to reflect on their own AI-supported learning practices. Working in small groups, students selected 

a topic and level, articulated a learning outcome, and designed an assessment that incorporated AI capability 

building while enabling markers to see evidence of the learning process and responsible AI use. 

 

Student designs give institutions insight into what motivates students to genuinely engage, how they already use AI 

for assessment, where their human-AI boundaries are and what they consider is fair.  

 

 
Keywords: student co-creation, student agency, assessment design, assessment for learning, student partnership, 
pedagogical responses to AI 

 
 
Artificial intelligence is fundamentally reshaping how students learn, how knowledge is constructed, and how 

universities assess learning outcomes. While students can readily identify their most meaningful learning 

experiences, often inspiring teachers or practical activities, they frequently struggle to identify their best assessment, 

often remembering poor experiences instead. This contrast raises important questions about how assessment could 

be co-designed and experienced well in an AI-era.  

 

During Student Consultation Week at the Open University, we ran several interactive workshops inviting students to 

design their ‘dream assessment.’ The activity aimed to surface student perspectives on what assessment could look 
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like when AI-supported learning is the expectation rather than the exception. To prepare participants, students were 

introduced to Black and Wiliam’s (2012) model of assessment for learning and the Open University’s Academic 

Integrity Principles for Assessment Design. They were presented student AI usage data (Stephenson & Armstrong, 

2026) and asked to reflect on how they use AI to support learning. Finally, participants were presented with 

speculative examples of future assessment. 

 

Working in small groups, students selected a subject area and level of study, agreed a learning outcome, and 

designed an assessment for learning that incorporated AI capability-building while enabling students to demonstrate 

their learning process. Students were encouraged to consider how their design would allow markers to recognise 

the learning outcome had been achieved and how responsible AI use could be demonstrated.  

 
[Please note, this work builds on previous workshops with students to design the future of learning and assessment. 
The workshops for this paper are running w/c 23 March after which time the findings will be consolidated and put 
into the paper. At the conference, we would like to present examples of assessments designed by students. These 
findings will not have been presented anywhere else]  
 
Treating student AI use as a baseline, the activity revealed insights into the unwritten rules of assessment. Students’ 

designs highlighted what they believe is authentic and fair, what motivates genuine engagement, how AI is actually 

used in study practices, and which aspects of learning they believe should remain human-driven. Inviting students 

to design assessments offers institutions a powerful lens into how assessment operates in practice and how students 

imagine the future of learning.  
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Abstract: 
 
Self-Regulated Learning (SRL) is a critical skill for students' academic success (Zimmerman, 2002) and a central 
competency for ensuring adaptability and success in the labour market (Cuyvers et al., 2020). SRL is defined as a 
process in which learners actively manage their own learning across phases of planning, performing, and self-
reflection (Zimmerman, 2002).  
Since the emergence of generative artificial intelligence (GenAI) and its widespread adoption among students (Chan 
& Hu, 2023), a growing body of literature suggests that these tools hold significant potential to enhance SRL 
processes by serving as "metacognitive partners" in the different phases of the SRL process (Sardi et al., 2025; Xia et 
al., 2026). 
However, the relationship between students' general SRL proficiency and their application of these strategies 
assisted by GenAI tools is still underexplored. This quantitative study addresses this gap by examining the disparities 
and correlations between learners' perceived general SRL capabilities and their perceived application of these 
capabilities while utilizing GenAI tools (GenAI-SRL). Data were collected via a survey distributed on social media, 
involving 978 students. Participants completed a questionnaire assessing SRL measures alongside dedicated GenAI-
SRL metrics, adapted from the validated instrument developed by Dahri et al. (2024). 
Findings reveal a distinct and consistent gap between learners' perceptions regarding general SRL capabilities and 
their SRL strategies within GenAI environments. A Paired Samples t-test indicated that the general SRL mean 
(M=3.88, SD=0.62) was significantly higher than the mean for GenAI-SRL (M=3.01, SD=0.97), revealing a statistically 
significant difference (t(977) = 28.13, p < .001) with a strong effect size (d = 0.90). Mediation analysis further indicates 
that while the frequency of GenAI use for academic purposes positively predicts the intensity of SRL strategies 
applied within the AI environment (b = .442, p < .001), the relationship between students' general SRL proficiency 
and their intentional choice to utilize the tool for learning is significantly weaker (a = .217, p < .001).  
These findings suggest that although students utilize GenAI for learning purposes and perceive their general SRL 
capabilities as high, these capabilities do not automatically transfer to GenAI environments. Despite their 
engagement with GenAI for academic tasks, they do not currently leverage the tool as a "metacognitive partner".  
Accordingly, there is a need for dedicated training in GenAI-SRL to assist learners in transferring their metacognitive 
strategies to these environments. Such programs should provide students with the tools to bridge the gap between 
their traditional metacognitive capabilities and their application within these technological learning environments, 
thereby transforming generative AI from a technical shortcut into a true partner in the thinking and learning 
processes. 

 
Keywords: SRL, GenAI, GenAI-SRL, Students’ GenAI use, Metacognitive partnership  
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Abstract: 
 
Discussions around generative artificial intelligence (GenAI) in higher education tend to polarise between utopian 
transformation and dystopian decline (Vallis, Wilson, & Casey, 2025), often removed from the actual capabilities of 
the technology (Cave & Dihal, 2019). In this paper, the 2023 film Barbie is used as a central metaphor and analytic 
lens to interrogate such assumptions in relation to GenAI in education (Vallis, 2025). Methodologically, the study 
combines close cultural text analysis of Barbie with theoretical framing of Jasanoff and Kim’s ‘sociotechnical 
imaginaries’ (2015). It is argued that sociotechnical imaginaries collectively held ideas about desirable futures based 
on beliefs about the kind of society that science and technology can create (Jasanoff & Kim, 2015), shape cultural 
meanings of artificiality and agency in popular culture artefacts such as Barbie and is also evident in debates around 
GenAI in education. 

Key narrative elements of the film are analysed, such as its satirical treatment of corporate power, and Barbie’s 
transformation from plastic doll to “real” woman. This is examined alongside dominant discourses in the marketing 
of GenAI, where metaphor, media, and institutional practice also co-produce understandings of GenAI. The 
hyperreal aesthetic of Barbieland, which was described by the director as “authentic artificiality”, is compared to the 
polished narratives of personalisation and efficiency promoted by EdTech industries. GenAI’s promises of 
educational transformation can obscure the underlying systems of data extraction and optimisation (Ritzer et al., 
2024), just as Barbie’s empowerment is commercialised. Barbie as metaphor surfaces how educational technology 
privileges appearance for profit, rather than pedagogy. 

Furthermore, in the film, Barbie’s transformation from manufactured doll to embodied human reflects anxieties 
about authenticity and authorship as AI-generated video technology improves. As GenAI systems increasingly 
simulate voice, feedback, and text production, distinctions between real and artificial blur (Vallis, 2024). GenAI 
outputs may increasingly function as convincing copies without stable originals, complicating assessment, originality, 
and knowledge production in higher education (Luo, 2024). 

To extend the analytic frame beyond such Western consumer imaginaries, the paper juxtaposes Barbie with Ellen 
van Neerven’s Indigenous speculative fiction ‘Water’ (2014). This comparative reading introduces relational 
ontologies that unsettle our bounded ideas about human and nonhuman, natural and artificial, revealing how 
dominant narratives constrain educational possibilities. Education may be (re)generative if a relational, culturally 
responsive stance to GenAI integration is taken, that resists both technological solutionism and moral panic (Vallis, 
2025). Finally, this study argues that the ways we imagine AI shape the educational futures we enact, and that this 
is critical in higher education.  

 
Keywords: generative artificial intelligence in higher education, sociotechnical imaginaries, ethical AI, Indigenous 
perspectives in education 
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Abstract: 
 
In dual higher education, competence development depends not only on workplace experience itself but also on 
learners’ ability to reflect on that experience in a structured way. As educational research has long emphasized the 
importance of dialogical learning for fostering self-reflection and metacognitive skills, Socratic AI dialogue can be 
understood as a promising extension of this tradition. Recent research suggests that such structured AI-supported 
dialogue can deepen reflective thinking in higher education (Xi et al., 2026). This concise paper introduces Allex, an 
AI-supported reflection chatbot designed to foster competence development through a structured and 
pedagogically constrained reflection process. Rather than evaluating reflection quality alone, Allex performs 
competence-referenced formative diagnosis by identifying which Future Skills are evidenced in students’ narratives 
and how strongly they are expressed. Accordingly, the paper examines how a pedagogically constrained AI-
supported reflection tutor can support reflective competence development in dual higher education. 

Learners describe dialogically situational demands, responsibilities, actions and reasoning processes to the chatbot. 

On this basis, the system maps narrative evidence to the 17 Future Skills profiles of the NextSkills framework (Ehlers, 

2020). This shifts automated reflection analytics from asking whether a text is “reflective enough” toward asking 

which competences are demonstrated, with what degree of explicitness, and on what textual basis. The system 

returns four interconnected forms of feedback. First, it identifies which Future Skills are evidenced in the learner’s 

narrative and to what degree they are expressed. Second, it highlights competences that appear relevant for 

handling the specific situation but are not sufficiently demonstrated in the reflection. Third, it points to competences 

that are generally important in comparable workplace situations, thereby extending reflection beyond the 

immediate case. Fourth, it provides suggestions for further competence development in areas where the available 

evidence remained limited. Rather than replacing reflection with automated judgment, it scaffolds reflective and 

regulatory processes that learners must still perform themselves, thus creating a strong foundation for competence 

development in line with Kolb’s experiential learning theory (Kolb, 1984). Allex therefore does not provide terminal 

evaluation but initiates an output-to-learning cycle in which AI feedback is compared with self-assessment and 

discussed in peer reflection, positioning the system in line with current calls for agency-aware human–AI design in 

education (Cukurova, 2026). 

 
Keywords: Competence Development, Chatbot, Generative AI, Future Skills, Higher Education 
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Abstract: 
 
Organisational instability and technology inconsistency make professional learning a significant yet often neglected 
challenge. Studies on digital transformation have uncovered a consistent decoupling between technologies and 
learning capacity (Vial, 2019). In addition, transformational learning theory has not fully grasped the contexts in 
which the disorienting dilemma is a perpetual rather than a one-off experience (Taylor & Cranton, 2012; Illeris, 
2018). 
Objective. Research aims to develop, validate, and psychometrically operationalise an original conceptual 
framework, the RAPS model (RAPS) – Resilient Agency through Psychological Safety. The model demonstrates how 
adult professionals maintain ongoing learning in an AI-saturated organisational space with structural ambiguity. The 
study seeks to establish the model’s cross-country measurement validity in the Baltic and Nordic Fintech context. 
The RAPS framework integrates six constructs that are derived from theories, namely, organisational learning 
culture, psychological safety, Stoic resilience, learning dispositions, adaptive performance and human-AI trust. 
According to Edmondson and Lei’s (2014) construct history and meta-analytic evidence pertaining to contextual 
variance (Frazier et al., 2017; Newman et al., 2017), RAPS views resilient agency as a digitally mediated and socially 
enacted capacity rather than a stable trait. The concept of stoic resilience acts as a moderator, which is defined 
through the eph’ hēmin controllability reappraisal (Sherman 2021). In total, the formal hypotheses to test 
quantitatively in phase 3. 
Methodology. The research applies Instrument Development Mixed-Methods procedures (Creswell and Plano Clark, 
2018). Phase 1, which has now been completed, consisted of a structured expert survey with a Delphi-lite design 
involving 6 domain experts from the Baltic and Nordic fintech and adult learning research communities. The expert 
justifications were analysed using thematic coding. Currently underway is Phase 2, which will implement digital 
ethnography research for fintech professional communities over a four-to-six-month timeframe, use of Critical 
Incident Technique (CIT) interviews to seek ecological validity before large-scale testing. In Phase 3, the RAPS v3.0 
instrument, consisting of 76 items that are validated as part of six scales, will be administered to 500 professionals. 
Structural hypotheses will be tested using CFA and SEM in Mplus.  
Findings. Phase 1 findings show that expert panels from two cultural settings independently challenged two 
prevailing design assumptions. First, psychological safety should not be presumed stable across organisational 
hierarchies in AI-saturated environments. Power proximity and algorithmic surveillance function as structural 
antecedents not addressed by team-level models, consequently extending the research agenda outlined by 
Edmondson and Bransby (2023). Second, panellists consistently identified human-AI trust as a probable predictor of 
psychological safety rather than its downstream consequence. They contended that distrust in organisational AI 
governance inhibits learning disclosure before interpersonal climate variables become relevant. Although the WEF 
(2023) classifies AI transparency as a governance variable, RAPS expert data reposition it as a design variable for 
learning environments. 
These propositions challenge two enduring assumptions in digital learning assessment and invite critical dialogue 
regarding construct validity, cross-cultural measurement, and the governance conditions that support professional 
learning under structural uncertainty (Kegan & Lahey, 2016). 
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Abstract: 
 
Recent shifts in pedagogical practices and study habits have highlighted the need to capture and sustain students' 

attention through more interactive and engaging learning experiences. Traditional lecture-based approaches have 

shown limitations in maintaining engagement, particularly in technically demanding STEM disciplines (Parra-

González et al., 2025). Research suggests that gamified learning environments, incorporating short-term goals, 

visible progression, and positive reinforcement, can significantly improve motivation, self-efficacy, and academic 

performance in higher education (Marlow et al., 2024; Zeng et al., 2024). Concurrently, the rapid advancement of 

Large Language Models has opened new avenues for scalable, personalized education, enabling automatic exercise 

generation and immediate adaptive feedback at low cost (Meyer et al., 2024; Thomas et al., 2026). 

In this context, this paper presents the development of an educational application aimed at teaching Digital Systems, 

Computer Architecture, and Embedded Systems, with the goal of making traditionally demanding content more 

accessible, motivating, and effective. The application seeks to promote consistent study through short-term goals, 

visible progression, positive reinforcement, and frequent challenges, drawing inspiration from the Duolingo platform 

and its widely recognized success (Shortt et al., 2023; Andrade et al., 2022). In parallel, the application leverages AI 

mechanisms, namely Large Language Models (LLMs), for the automatic generation of exercises, assessment, and 

immediate feedback, as well as for learner support, through a domain-specific language model oriented towards 

Digital Systems, Computer Architecture, and Embedded Systems (Murgia et al., 2024). 

Prior to its presentation at EDEN 2026, the application will undergo pilot validation with students enrolled in the 

relevant courses at the host department. This local evaluation will serve to assess usability, learning outcomes, and 

overall engagement, providing empirical grounding for the findings to be showcased at the conference. Beyond its 

academic scope, the broader ambition of this project is to make application freely available to both the academic 

community and the general public. By offering an open, accessible platform, the application aims to support not only 

enrolled students but also professionals seeking to refresh their knowledge, self-learners exploring these fields for 

the first time, and anyone wishing to consolidate foundational concepts in Digital Systems, Computer Architecture, 

and Embedded Systems. In this way, the project aspires to contribute to the democratisation of technical education, 

lowering the barriers to entry for complex but increasingly relevant engineering topics. 
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Abstract: 
 
Computational Thinking (CT) is a core competence in higher education and the labor market, involving problem 
decomposition, algorithmic reasoning, debugging, and systematic solution design (Wing, 2006). The rise of 
generative AI (GenAI) is reshaping the epistemic and pedagogical foundations of CT and programming education 
(Kohen-Vacs et al., 2025). As AI can generate solutions that once required manual algorithm construction, the focus 
shifts from code production to interpreting and orchestrating computational outputs. This shift challenges 
traditional definitions of CT competence and raises concerns about assessment validity, learner agency, and the 
visibility of students’ reasoning. Because many novices already struggle to articulate their logic, AI further 
complicates the interpretation of learning processes. Higher education is therefore reexamining teaching and 
assessment practices to ensure responsible AI integration and sustain meaningful CT engagement (Kurtz et al., 2024). 
 
This paper presents the initial phase of a design-based research study focused on the use of an open-source 
environment using Blockly library providing the functionalities available in Scratch environment which are extended 
as part of our development effort with GenAI integrations. Connected to OpenAI and Gemini APIs, the system 
enables students to insert AI-query blocks during tasks, positioning AI as an explicit, student-controlled tool rather 
than an automated guidance mechanism. 
 

 
Figure 1. Student workflow in the Scratch-based environment with optional GenAI interaction blocks 
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The environment enhances the visibility of learners’ reasoning, preserves agency in AI-rich contexts, and shifts 
assessment toward process-oriented evidence. It captures artefacts and interaction traces while embedding 
metacognitive prompts at two key moments: students articulate their initial plan at task onset and reflect upon 
submission. By combining reflections with programming traces, the system operationalizes a process-aware model 
of CT. 
During Fall 2025, the environment was implemented with 60 first-year undergraduate students in an “Introduction 
to Computational Thinking” course. Students completed structured programming tasks as part of regular 
assignments. Initial findings suggest promising outcomes: students demonstrated high engagement, and the course 
lecturer reported improved visibility into reasoning processes, effective monitoring of AI use, and more targeted 
formative feedback. These early indications align with the environment’s design goals preserving learner agency in 
AI-rich contexts, making thinking processes pedagogically visible, and re-anchoring assessment in process-oriented 
evidence rather than solely in final artefacts. 

Keywords: Computational Thinking (CT), Generative AI, Learner Agency, AI-Mediated Feedback 
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Abstract: 
 
The integration of generative artificial intelligence (GenAI) tools in higher education has led to increased attention 

to pedagogical approaches that foreground human judgment, critical thinking, and responsible engagement with AI-

generated content (Yan et al., 2024). Although students frequently use GenAI systems, prior research documents 

gaps in competencies related to evaluation, verification, and reflective decision making within AI-supported tasks 

(Kasneci et al., 2023; Miao et al., 2024). 

This paper presents ThinkAI, an AI-driven, simulation-based learning environment designed to support 

undergraduate students’ critical thinking in contexts involving GenAI use. Grounded in experiential learning theory 

(Kolb, 1984), simulation-based learning research (Chernikova et al., 2020), and the Promoting Expertise Through 

Simulation (PETS) framework (Jossberger et al., 2022), the ThinkAI simulation structures engagement through 

preparation, guided practice, feedback, and reflection. The design aligns with design-based research principles, 

positioning AI as a resource embedded within a human-centered decision-making process (Bannan-Ritland, 2003). 

The paper reports findings from an ongoing, formative empirical study involving 76 undergraduate students who 

engaged with the ThinkAI simulation across multiple iterative deployments. Data sources included system-generated 

interaction logs and self-reported measures capturing engagement, confidence, and perceived learning outcomes. 

Analysis focuses on patterns of learner interaction, critical evaluation practices, and design-related insights that 

inform ongoing refinement of the simulation and research design, rather than on summative claims of effectiveness. 

This work is presented as a study in progress and provides empirical, design-oriented, and methodological insights 

relevant to ongoing work on simulation-based learning and critical thinking in generative AI-supported higher 

education contexts. 
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Abstract: 
 
In higher education contexts, where GenAI is increasinglty embedded in teaching, assessment, and academic work, 
listening pedagogies offer a way to slow down and critically attend to how AI shapes learning, authorship and 
decision-making. Listening pedagogies have the potential to deepen our understanding of the textural complexity of 
educational technologies including GenAI (Wilde et al., 2024). Developing such pedagogies is vital at a time when 
technological ‘noise‘ is pervasive. A postdigital perspective supports an understanding of educational technologies, 
as it acknowledges and explores the blurred relationships between humans and technology, and the complexities of 
postdigital ecologies that now include the integration of algorithms, artificial intelligence, and the biodigital in 

everyday experiences (Jandrić et al. 2018). In our postdigital world, technologies increasingly operate imperceptibly. 
As noted by Heybach (cited in Jackson et al. 2025), danger is no longer sensed through direct stimuli but is often 
disguised in pleasing, sanitised experiences (p. 655). Algorithms act silently, working in the background and shaping 
our attention, while GenAI complicates our sense of who or what we are listening to. Its voice is paradoxically 
‘powerful (in tone) and powerless (in substance)‘, ‘a voice from nowhere‘ that eludes clear origin or intent (p. 659). 

 

This presentation addresses the conference sub-theme of pedagogical responses to AI reconfigurations of education. 
Building on research in the areas of postdigital sound and soundscape ecology, the presentation introduces a 
framework to support the development of listening pedagogies in the age of AI (Author, 2026, in press). Such 
pedagogies are needed to surface the inconspicuous elements of GenAI and support ethical decision-making around 
AI use in higher edcuation. The framework includes seven interwoven attributes: revealing the hidden; naming sonic 
phenomena; attending to the relationship between humans, technologies and more-than human voices; listening to 
the intersticies; cultivating awareness of the interplay of the senses; fostering expansiveness, and connecting past, 
present and future. The framework can be used by educators and researchers to construct listening pedagogies that 
work with sound as materiality to help us attune to our entanglements with digital systems. In practice, these 
attributes translate into pedagogical approaches that can be used in course design, assessment and classroom 
interaction, such as guiding students to attend to the ‘voice‘ of GenAI, designing learning activities that surface 
algorithmic influence, and using reflective listening tasks to question authorship, authority, and agency in 
interactions involving AI. 

This presentation invites participants to reflect on their own uses of GenAI in teaching and assessment, and to 
consider how listening pedagogies might be incorporated into their disciplinary contexts to support more ethical 
and critically attentive AI practices. 

 
Keywords: listening pedagogies, Gen AI, algorithms, sound, postdigital education, ethical AI 

 
 



Education with, for and about AI 

68 

 

References  

Jackson, L., Sidorkin, A. M., Jandrić, P., Costello, E., Heyback, J. A., Greenhalgh-Spencer, H., … Tesar, M. (2025). The 
voice of artificial intelligence: Philosophical and educational reflections. Educational Philosophy and Theory, 
57(7), 650-661.  

Jandrić, P., Knox, J., Besley, T., Ryberg, T., Suoranta, J., & Hayes, S. (2018). Postdigital science and education. 
Educational Philosophy and Theory, 50(10), 893-899.  

Wilde, L., White, C. & Jandrić, P. (2024). Postdigital resonance. Postdigital Science and Education, 7, 359-268. 
:10.1007/s42438-024-00516-x.  

Wilson (2026, in press). Towards a postdigital listening ecopedagogy for nature connection. In J. Reed (Ed.). 
Postdigital Nature Connection: Entangling Ecologies and Technologies. Cham: Springer.  

  



Education with, for and about AI 

69 

 

 
 

An Updated Ecopedagogical Framework for AI Policy in Higher 
Education  
 
Dewa Wardak1, Stephanie Wilson2 
 
1 The University of Sydney Business School, The University of Sydney, Australia; dewa.wardak@sydney.edu.au  
2 The University of Sydney Business School, The University of Sydney, Australia; stephanie.wilson@sydney.edu.au     
 
Correspondence: Dewa Wardak: dewa.wardak@sydney.edu.au 

 
 
Abstract:   
 
At the EDEN Conference 2025, we presented a preliminary framework for analysing Artificial Intelligence (AI) policy 
in higher education. Since then, we have significantly extended this framework by grounding it more deeply in 
ecopedagogy literature. 

Ecopedagogies constitute an area of educational research and practice that supports critical examinations of the 
politics of socio-environmental relations across local, global, and planetary contexts (Ford & Jandrić, 2022; Jandrić, 
MacKenzie & Knox, 2023). Building on this foundation, our work engages with classical ecopedagogy scholarship to 
strengthen the theoretical grounding of AI policy analysis. 

We draw particularly on the contributions of Richard Kahn (2010), Moacir Gadotti (2008), and Greg William Misiaszek 
(2021). These are the key figures in the development of ecopedagogy and intellectual inheritors of Paulo Freire’s 
critical pedagogy. Their work connects environmental justice, sustainability, and education with critiques of 
capitalism, colonialism, and neoliberalism. Through engagement with these scholars, we distilled six core 
ecopedagogical principles: critical literacy; planetary consciousness; social and environmental justice; transformative 
action; systems thinking/interconnectedness; and collective responsibility.  

• Critical consciousness, or critical literacy, refers to the process through which learners develop the capacity 
to perceive, question, and interpret the world around them. It is concerned with how people come to 
understand reality and recognise the social, political, and cultural forces that shape their experiences. 

• The principle of planetary consciousness serves as the ontological foundation. It addresses how reality itself 
is understood, asking what kind of world ecopedagogy assumes we inhabit and how humans relate to the 
Earth as an interconnected system. 

• Social and environmental justice functions as the critical principle through which power is analysed. It asks 
who benefits, who suffers, and why, foregrounding issues of inequality, exploitation, and ecological harm. 

• Transformative action focuses on the change that education should help to bring about. It emphasises 
praxis, which is linking reflection with action, to foster more just and sustainable futures. 

• Systems thinking, or interconnectedness, concerns how knowledge is constructed. This principle highlights 
complexity, interdependence, and the need to understand relationships among social, ecological, and 
economic systems. 
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• Collective responsibility centres on the development of shared ecoliteracy rather than individual 
competence alone. It connects learning with collective values, sustainability, and an ethic of planetary 
interconnectedness.  

These principles were subsequently operationalised into a practical framework structured around two evaluative 
criteria (planetary consciousness; social and environmental justice) and four analytical dimensions (critical literacy; 
systems thinking/interconnectedness; transformative action; collective responsibility). This framework enables 
systematic analysis of AI policies and institutional guidelines in higher education through an ecopedagogical lens.   

In this presentation, we introduce the updated and extended framework and demonstrate its application through 
an analysis of an AI policy document in Australin higher education context. The framework is designed for a broad 
audience, including educators, educational technologists, institutional leaders, and policymakers who are concerned 
with the environmental impacts of AI and seek more holistic and justice-oriented approaches to AI integration in 
higher education. 
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Abstract: 
 
Outcome feedback can support problem solving when learners use correctness signals to regulate subsequent 
attempts and adjust solution strategies (Panadero & Lipnevich, 2022). In current educational contexts, GenAI 
systems can also provide process scaffolding during problem solving. However, GenAI may promote uncritical 
advice-taking and overreliance (Ikeda, 2024; Yan et al., 2024), raising a central question: does it scaffold learners’ 
reasoning, or displace regulatory control and undermine durable learning and transfer? 

To address this question, we compared two forms of support: outcome-only feedback and chatbot-based process 
scaffolding. Verbal analogies were selected as the problem-solving task because they rely on general knowledge and 
require structured relational mapping and verification (Gentner & Forbus, 2025). The supports were compared in 
adults with and without attention deficit hyperactivity disorder (ADHD) because multi-step analogical reasoning 
draws on executive control, semantic conflict resolution, and metacognitive regulation, which are often less efficient 
in ADHD (Drigas & Karyotaki, 2019; Laine et al., 2025; Segal et al., 2015), whereas external cues can scaffold their 
learning (Barkley, 2015; Brann & Sidi, 2025). We expected outcome-only feedback to benefit non-ADHD participants 
via self-guided error analysis, and chatbot-based process scaffolding to benefit adults with ADHD by externalizing 
strategy steps during practice. 

Participants were 213 native English-speaking adults with no self-reported learning disability, recruited via Prolific 
from prescreened ADHD and non-ADHD pools. The study used a 2 (Group: ADHD vs non-ADHD) × 2 (Support: 
outcome-only feedback vs constrained chatbot) between-participants design. ADHD status (n = 105) was based on 
self-reported formal diagnosis and screened with the ASRS-v1.1 (Kessler et al., 2007); non-ADHD participants with 
elevated ASRS-v1.1 scores were excluded. Within each pool, participants were randomly assigned to support 
condition. All participants read a step-by-step solving strategy and reviewed and restated three worked examples to 
verify engagement. Training included three novel analogies. In the outcome-only feedback condition, participants 
solved each analogy unaided and received knowledge-of-results automated feedback (correct/incorrect) after each 
attempt. In the chatbot condition, participants solved each analogy with a constrained chatbot that scaffolded 
strategy execution during the attempt but did not provide the correct answer. The chatbot used fixed multi-turn 
prompts with increasingly specific hints; transcripts were used for completion screening. After each training analogy, 
all participants saw the correct answer and wrote a brief justification, equating answer exposure across conditions. 

After training, participants completed a 15-item unaided test of novel analogies with confidence ratings for each 
item; response times were recorded to calculate efficiency. Dependent variables were test accuracy, average 
confidence, and metacognitive monitoring measures: calibration (confidence-accuracy alignment), and resolution 
(discrimination between correct and incorrect responses). 
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Results showed that unaided test accuracy was higher in the chatbot condition for both ADHD and non-ADHD 
participants, with no efficiency differences. Chatbot support also increased confidence in both groups without 
undermining metacognitive monitoring. Contrary to our expectation, the chatbot advantage over outcome-only 
feedback was comparable for ADHD and non-ADHD participants. Overall, results support a human-GenAI 
collaboration approach in which a constrained chatbot scaffolds strategy use, improves transfer to an unaided test, 
and preserves monitoring accuracy.

 
Keywords: Constrained chatbot scaffolding, outcome-only feedback, verbal analogies, metacognitive monitoring 
accuracy, learner agency, ADHD. 
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Abstract: 
 
Generative AI (GenAI) tools are increasingly embedded in everyday learning practices, including reading, 
summarizing, and interpreting texts (Deng et al., 2025). GenAI can enhance efficiency and facilitate interaction with 
texts (Alemdag, 2025; Yan et al., 2024), yet it also presents challenges, such as inaccuracies, shallow processing, and 
overreliance (Fan et al., 2025; Stadler et al., 2024; Yan et al., 2024). While research on GenAI-assisted reading is still 
limited, students’ use of GenAI in learning contexts has been characterized as minimizing effort and cognitive 
involvement (Wang et al., 2025). Such interpretations may obscure the diversity of motivations that shape how 
learners choose to collaborate with AI during reading. Thus, the present research aimed to develop a tool for 
identifying learners’ motivations for using GenAI during reading. 
 
Across two studies we developed and validated the GenAI-Assisted Reading (AIR) questionnaire. In Study 1 (N = 425), 
an exploratory factor analysis identified four motivational dimensions: (a) Task-Oriented, reflecting strategic and 
cognitively-engaged use of GenAI for reading tasks; (b) Feel-Good, reflecting emotional and social motivations, such 
as reducing frustration, increasing enjoyment, or feeling socially connected through AI interactions; (c) Low-Effort, 
reflecting motivations of minimizing cognitive effort; and (d) Translation, reflecting  GenAI use to enhance 
accessibility and comprehension across languages. 
 
Study 2 (N = 414) confirmed this structure through a confirmatory factor analysis and demonstrated good reliability 
and construct validity. Additionally, the AIR questionnaire showed differentiated associations with several 
theoretical constructs. First, positive relationships with autonomy-oriented motivations for AI use (AI Motivation 
Scale; Li et al., 2025) suggest that learners incorporate it strategically to support goals and to regulate learning 
processes. Second, the negative association of low effort with Need for Cognition (NFC, Cacioppo & Petty, 1982) 
suggests that individuals lower in NFC are more likely to use GenAI to minimize effort, whereas other motivations 
for GenAI use for reading does not appear to be motivated by a preference for cognitive challenge. Third, correlations 
with the Technology Acceptance Model (TAM, Davis, 1989) demonstrate that motivational patterns may be guided 
by learners’ attitudes toward technology, such as perceived usefulness and ease of use. This finding situates GenAI-
assisted reading within broader frameworks of technology adoption. In contrast, AIR motivations were largely 
unrelated to task-switching tendencies or self-reported learning and attention difficulties. This implies that GenAI-
assisted reading is not simply a byproduct of distraction or compensatory behavior for cognitive deficits but reflects 
distinct and purposeful motivational processes specific to the reading context. 
 
Together, the findings highlight that learners use GenAI while reading for strategic, affective, or accessibility-related 
purposes, challenging the assumption that GenAI use primarily reflects cognitive offloading or disengagement. 
Importantly, distinguishing these motivations helps clarify when GenAI is likely to support constructive meaning-
making and when it might instead promote shallow processing. From a human–AI collaboration perspective, and 
drawing on emerging theoretical and empirical work on constructive learning in AI-mediated text environments 



Education with, for and about AI 

74 

 

(McCarthy & Yan, 2023), the AIR scale provides a practical tool for examining how motivational orientations shape 
interaction patterns, learner agency, and the potential consequences of AI-supported reading. 

 
Keywords: Generative artificial intelligence; AI-supported reading; Learner motivation; Human–AI interaction;  
Technology acceptance 
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Abstract: 
 
The rapid diffusion of generative artificial intelligence (GenAI) is reshaping learning practices in higher education and 

accelerating digital transformation across disciplines (Crompton & Burke, 2023). Emerging research has examined 

students’ perceptions, attitudes, and reported GenAI in academic contexts (e.g., Cotton et al., 2023; Kasneci et al., 

2023), yet limited attention has been given to how novice learners integrate these tools into authentic project-based 

workflows and how such integration evolves over time. This study presents a two-year comparative analysis of GenAI 

usage patterns among first-year undergraduate students in the Faculty of Instructional Technologies who 

collaborated on an integrated final project spanning three courses in user  -interface (UI) design, user  -experience 

(UX) design and web accessibility. 

Students worked in small teams on a project simulating a professional design workflow. The course structure, project 

brief, instructional materials, assessment criteria, and survey instrument remained identical across both two years, 

enabling a valid year-to-year comparison. The project progresses through four key phases: ideation, user research, 

design specification, and digital asset creation. Students develop personas, conduct research, produce wireframes 

and visual components, and address accessibility considerations. Throughout both years, students were allowed to 

use GenAI tools for the project, while remaining accountable for the results. Data were gathered using an identical 

questionnaire that evaluated phase-specific GenAI usage, perceived contribution, and the likelihood of using GenAI 

in future projects, all measured on a 1–5 Likert scale. A total of 65 student teams participated (July 2024: n = 32; 

July 2025: n = 33). The analysis combined descriptive statistical comparisons with thematic analysis of open-ended 

responses. 

 

Findings indicate a developmental shift between cohorts. In 2024, students primarily framed GenAI as a source of 

inspiration and experimentation, using it to generate initial ideas and explore possibilities. In 2025, reports reflected 

more targeted and process-oriented applications, including refining content, supporting UX-related decisions, and 

iterating design components. Student discourse shifted from novelty-driven enthusiasm or uncertainty to a more 

pragmatic, critical stance toward GenAI as a supportive tool that requires contextual judgment. 

 

Furthermore, while perceived contribution ratings remained relatively stable across cohorts, reported usage 

increased substantially across all project phases. Research-phase use rose from 45% in 2024 to 84% in 2025; ideation 

from 21% to 50%; design specification from 27% to 53%; and asset creation from 52% to 78% (see Figure 1). Beyond 

behavioral indicators, students’ future-oriented attitudes also strengthened: willingness to use GenAI in future 
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projects increased significantly from M = 4.27 (SD = 0.94) in 2024 to M = 4.78 (SD = 0.49) in 2025, t(50.70) = -2.80, p 

= .007, Cohen’s d = 0.68. 

 

 
Figure 1. Percentage of students reporting generative AI use across four design stages in two consecutive cohorts. 

Usage increased across all stages, most notably in research (45%–84%) and ideation (21%–50%). 

Taken together, the findings suggest a process of integration in which GenAI becomes embedded within 

disciplinary practice. Even within the first year of study, students demonstrate emerging context-sensitive GenAI 

literacy practices, integrating GenAI outputs into domain-specific reasoning rather than treating them as 

authoritative solutions (Kasneci et al., 2023). These findings underscore the importance of framing GenAI as a 

cognitive partner that supports reflective design thinking while maintaining human agency and critical oversight. 
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Abstract: 
 
Interactive oral assessment (IOA) takes the form of a professional conversation between a student and their 
educator. It shows great promise as a rare mode of secure assessment that can be authentic and engaging for 
students if thoughtfully designed (Ward et al., 2024). This paper reports on a case study that is part of a wider 
investigation into the experience of developing, delivering and engaging in IOAs for both students and educators. In 
this case, we report on the effects of using genAI assistance for students in preparing for IOAs in a postgraduate 
business course. The course has been run three times with an IOA as the final assessment. In the first two instances, 
evaluation of the assessment experience revealed that students had been using genAI in different ways to augment 
the existing support provided by the educator to prepare for the IOA. In the third delivery of the course, students 
were provided with a customised chatbot, co-designed with previous students in the course, as part of their support 
for the assessment. Data collected under ethics were aggregated assessment data for all three deliveries, student 
focus group interviews for all three deliveries, chatbot conversation histories for the third delivery and interviews 
with the educator for the first and third delivery. Evaluation in the wider project had shown that the student 
experience of IOAs mapped closely to Earl and Timperley’s professional conversation framework (Earl & Timperley, 
2009). This framework is used to abductively thematically analyse the student interviews and the chatbot 
conversations to identify how the chatbot fit into the support students made use of in preparing for the assessment, 
and how it affected their use of other support mechanisms in order to better tailor the design of the IOA experience. 
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Abstract: 
 
AI text generators are not simply a new writing tool—they are a shift in how meaning is made. Built on statistical 
probability, AI output strips away the lived context, dialogic depth, and poetic function that make language human. 
If text shapes experience and agency, as Gadamer and Habermas argue, then the expansion of AI demands a 
renewed commitment to hermeneutics: teaching students to read AI critically, interrogate its output, and deploy it 
with purpose. The literature classroom is uniquely equipped for this work. In spring 2026, I developed a sequence of 
three scaled online courses embedding AI tools within an American literature curriculum. Grounded in three 
principles—preparing students for their present reality, building analytical assignments, and requiring metacognitive 
reflection—the courses ask students to engage AI as an intellectual interlocutor rather than a shortcut. Assignments 
require students to contemplate the revision process through AI-powered dialogue, compare AI-generated and 
human-authored texts, and defend interpretations against AI counterarguments. This presentation shares the 
assignment designs and pedagogical framework behind this approach, offering humanities educators a tested model 
for teaching the literacy our moment demands. 

 
Keywords: AI literacy; Hermeneutics; AI Humanities; Human-AI dialogue 

 
 

The rapid expansion of AI into everyday life demands a renewed commitment to hermeneutics—the practice of 
critical interpretation—so that students can engage AI not as passive consumers, but as skilled, skeptical thinkers. 
As Hans-Georg Gadamer and Jürgen Habermas argue, human-generated text is both a lens through which we 
perceive the world and a mechanism of power (Maciag 2023). Text shapes experience and agency. AI-generated text 
complicates that relationship. Built on statistical probability, AI output strips away the lived context, dialogic depth, 
and poetic function that make language human. The result is not just a new writing tool—it is a shift in how meaning 
is made. We must respond by teaching students to read AI critically and deploy it with purpose. 

The literature classroom is uniquely equipped for this work. It is already a space where students learn to read with 
skepticism, reason through complexity, and construct arguments in dialogue with other minds. In an AI-infused 
world, literature assignments must go further: they should teach students to use AI as a tool for refining their writing 
process, to interrogate AI output with a critical eye, and to produce arguments built on their own reasoning. 

In spring 2026, I developed a sequence of three scaled online courses using AI tools within a literature curriculum. 
The course focus—American "Gangster Fiction"—gives students a rich tradition from which to analyze while 
practicing critical AI engagement. Three pedagogical principles grounded the design: preparing students for their 
present reality, building interactive assignments, and requiring metacognitive reflection alongside AI use. 
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The first course asks students to submit a first and second draft to an AI-powered dialogue tool, receive personalized 
follow-up questions, and reflect on their revision process based on that exchange. The goal here is to warm students 
up to the dialogue tool while also providing a personalized experience. The second course challenges students to 
compare AI-generated text with a human-authored work—not to judge one against the other, but to interrogate 
what AI produces. The third course requires students to develop a unique interpretation of a novel, present it to AI, 
and engage the AI in dialogic synthesis. Students then revise their arguments in response and reflect on what the 
process revealed. 

If text is power, then literacy in the age of AI must mean more than knowing how to prompt a chatbot. Our students 
must learn how to read AI content, challenge it, and use it on their own terms. Teaching learners to interrogate AI 
through a hermeneutical lens—comparing parts to wholes, situating output within human experience, and 
demanding dialogue rather than passive consumption—is foundational for the literacy of our moment. This 
presentation will share the assignment designs and the pedagogical framework behind this approach to initiate a 
conversation on bringing critical AI literacy into humanities classrooms. 
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Abstract: 
 
This study examines the implementation of two AI and digital learning tools—Vitafluence, a personalised AI feedback 
system, and Labster, a virtual laboratory simulation platform—within engineering education to enhance student 
learning, engagement, and assessment practices. Building on insights from the publication Exploring the Feasibility 
of Integrating Personalised AI in Project Work and Its Impact on Student Learning and Staff Load, we evaluate how 
Vitafluence supports formative feedback by providing tailored, real-time guidance during project development. 
Findings highlight its potential to reduce staff marking load while enabling students to iteratively refine their work 
with greater autonomy and confidence. Complementarily, informed by the publication Investigating the Usage of 
Labster and Its Future Implications for Industry and Academia, the integration of Labster is explored as a means of 
strengthening conceptual understanding and exposing students to industry-aligned laboratory practices through 
immersive simulations. Together, the tools were implemented across select engineering modules, with early 
evidence indicating improved student preparedness, greater consistency in feedback, and enhanced perceptions of 
learning relevance. The study further considers staff experiences, challenges related to adoption, and implications 
for institutional AI policy. These insights form the basis for future research on scaling AI-enhanced tools to support 
inclusive, authentic, and industry-responsive engineering education. 

 
Keywords: AI tools in engineering, impact on staff load, student autonomy 

 
 

The implementation of both Vitafluence and Labster demonstrates meaningful but distinct contributions to 

enhancing learning, confidence, and preparedness within engineering education. Vitafluence, a personalised AI 

feedback tool, was evaluated in the context of a regenerative medicine design project, where it was introduced to 

support student project work and reduce staff load. According to the study by Khalife et al. (2025), students reported 

substantial benefits to their learning: 53% experienced increased academic confidence, and over half recommended 

integrating the tool into formal academic support structures. These results suggest that Vitafluence effectively 

enhances students’ self-efficacy by offering timely, tailored feedback during the iterative stages of project 

development. Despite this, the tool did not significantly replace educators; 88% of students still sought further 

clarification from staff, indicating that while AI feedback can supplement learning, it currently functions more as a 

support mechanism than a substitute for academic guidance. Notably, the study also revealed gender-related 

confidence differences, with female participants reporting reduced confidence in the AI tool's ability to improve their 

performance, highlighting potential areas for improved AI usability or communication strategies.  

 

In contrast, Labster, a virtual laboratory simulation platform, addresses challenges around access to physical 

laboratory training—particularly relevant during COVID-19 disruptions. The publication by Khalife et al. 2023 found 
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that over 60% of MSc graduates felt Labster effectively prepared them for engineering work environments. This 

suggests that virtual simulations can successfully bridge gaps in hands-on skills by supporting conceptual 

understanding and allowing safe practice of laboratory techniques. Industry feedback also highlighted Labster’s 

relevance: companies commented that although they often use proprietary virtual lab tools, Labster still played a 

valuable role in helping students develop foundational competencies required in engineering workplaces. 

Furthermore, all student participants in the study considered Labster useful for strengthening their understanding 

of underlying theory, making subsequent in-person practical work more accessible and less intimidating.  

 

Taken together, both tools offer complementary benefits: Vitafluence enhances formative assessment, feedback, 

and student confidence in project-based learning, while Labster improves laboratory preparedness, industry 

alignment, and conceptual mastery. The evidence indicates that integrating AI-enabled personalised feedback with 

high-fidelity virtual simulations has the potential to create a more resilient, flexible, and student-centred engineering 

curriculum. Each tool, however, requires thoughtful pedagogical framing to ensure equitable confidence and clarity 

in use across all student groups. 
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Abstract: 
 
The paper studies the Digital Horizon (DiHor) project, funded by the European Commission under the Erasmus+ 
programme, which is implemented by a partnership of universities, high schools, and NGOs specialising in education 
and IT from Italy, Portugal, France, and Romania. In recent years, the education system has viewed digital 
technologies and AI with a mix of excitement and doubt. Despite the promise to transform education, actual use in 
schools has sparked concerns about screen addiction, data privacy, and dehumanisation. The DiHor project equips 
teachers, students, and parents with the knowledge, skills, and strategies necessary to successfully incorporate 
digital technologies and artificial intelligence (AI) into education and ensure students’ holistic human development. 
The paper describes the bottom-up strategy underpining the project online course which will be tested with 
teachers, parents, and students with a view to balancing student AI use and agency, namely, their ability to shape 
their own learning path in an AI-embedded environment. 
We asked all 78 students from EuroED High School Iasi, Romania, about their AI usage and how this affects them. In 
designing the survey, we started from Matusov‘s (2016) mapping concepts of agency in educational contexts and 
proposed a framework covering the main domains of student agency in an AI-assisted environment: epistemic 
(engagement with knowledge), strategic-operational (management of AI tools), motivational-agentic (self-regulated 
participation), relational-collaborative (interaction with others), and ethical-critical (responsible and reflective use 
of AI). 
The survey measured students' AI-assisted learning habits, judgments, and sense of agency by examining how they 
use AI, frequency and reasons of AI use, how they evaluate AI-generated information, manage and control AI tools, 
and use AI in group work. Students' ethical awareness (authorship, fairness, bias, privacy, intentional limits on AI, 
and AI disclosure) is also considered. 
We found that AI use is moderate in student learning, rather occasional for the majority and on the increase with 
age. Students use AI for study support, explanations, information, and revision, particularly in science. Still, many 
demonstrate active agency by seeking online confirmation, revising AI results, and looking for bias or missing views. 
The findings also show significant tensions, with over 50% not disclosing AI use in assignments, and few considering 
fairness, bias, or authorship. AI prejudice is underestimated, while collaborative regulation is weak since many 
students don't discuss AI in group work. Some students show a developing awareness of boundaries and appropriate 
use by avoiding AI when testing knowledge, or to protect creativity and maintain fairness.  
The findings of DiHor project (2026-1-IT02-KA220-SCH-000359420) contributed to EuroEd School policies and the 

development of the online project course insofar as they enabled us to select targeted interventions, match the key 

tensions to the relevant online course modules, and propose viable solutions. This guaranteed a theoretically 

grounded course content while meeting students' needs. The findings also informed the school's AI strategy by 

aligning it with last year’s initiative when we created a dedicated AI-strategy committee and had two staff and the 

director attend the EDEN DLA event in Barcelona to discuss AI implementation in schools. 
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Abstract: 
 
Background: Effective physician–patient communication is a core competency in undergraduate medical education, 
yet students have limited real patient contact and usually practice with peers or standardized patients (SPs) (Berkhof 
et al., 2011). SPs are effective but resource intensive and may induce substantial performance anxiety (May et al., 
2009). Generative AI (GenAI)–based virtual patients may offer a scalable, low-threshold way to practice basic 
communication skills before encounters with SPs (Holderried et al., 2024). 
 
Intervention: We developed the “pAItient sim”, a GenAI-based virtual patient enabling students to practice patient 
communication skills in a text-based chat. The system uses GPT 4.1 on a secure institutional platform, constrained 
by a detailed behavioural prompt and structured case description to ensure medically plausible, role-consistent and 
didactically useful responses. Students can initiate multiple consultations at their own pace. Earlier small-scale pilot 
work suggested student enthusiasm and perceived usefulness but could not yield firm conclusions on perceived 
learning effectiveness (Jongkind et al., 2026). Because students communicate with the pAItient sim outside direct 
teacher supervision, it is important to understand how students use the tool and which communication skills in 
history taking students actually demonstrate, and hence practice. It is also relevant to investigate the realism of the 
pAItient sim itself and the student’s usage and views about this tool. 
 
Methods: In an observational mixed-methods study, second-year medical students were offered the pAItient sim as 
optional preparation supplementing their regular history-taking training. Using deductive thematic analysis of 
anonymized chat transcripts we examined: (1) how students communicate/ practice with the pAItient sim and (2) 
how realistic and pedagogically appropriate pAItient sim’s behaviour is. Also, perceived learning value, user 
experience, tool usage, and students motivations to use or not use the tool were measured with a post-class 
questionnaire.  
 
Results: 248 (of 375) students filled in the questionnaire of whom 51 used the pAItient sim. Half of the 51 students 
used the tool only once. A total of 99 anonymized transcripts were gathered. Analysis of the transcripts shows that 
the majority of questions are biomedical questions, which is in line with conversations with a SP. This also 
corresponds to the topics students indicate they perceive they can practice with this instrument; more biomedical 
topics rather than patient perspectives, or other communication skills like showing empathy. Students that didn’t 
use the tool indicate having little time to make use of it, or didn’t see the value of practising with a written GenAI-
chatbot due to its limited realism.  
 
Conclusion: This presentation will give actionable insights into student engagement with, and pedagogical 
positioning of, GenAI virtual patients in medical curricula. We will discuss how perceptions of usefulness and realism 
shape actual tool use, and what this implies for design and implementation. To move beyond technology as mere 
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solutionism, we propose a structured human–GenAI learning sequence in which students first practice foundational 
communication skills with GenAI patients, reserving scarce SP encounters for cultivating the deeper socio-emotional 
dimensions of care, such as empathy. 

Keywords: Medical education, Communication skills training, Generative AI, Virtual patient 
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Abstract: 
 
This paper explores how human–AI collaboration might be reframed as a site of curiosity, imagination and 

pedagogical possibility in management education. Management education claims to prepare students for 

uncertainty, complexity and change. Yet much of its pedagogy remains oriented towards standardisation, 

predictability and performance optimisation (Barnett, 2000; Biesta, 2020). The rapid integration of artificial 

intelligence risks intensifying this paradox. Positioned as a tool for efficiency by automating feedback, streamlining 

assessment and personalising learning, AI may further narrow education to what can be measured, predicted and 

controlled (Selwyn, 2019; Williamson, 2023; UNESCO, 2023). 

This paper challenges this trajectory by asking a different question: what if AI could expand, rather than constrain, 

the conditions for thinking? Drawing on Hannah Arendt’s (1958) concept of natality, the human capacity to begin 

anew, it develops a conceptual argument for rethinking human–AI collaboration as a site of possibility rather than 

optimisation. From this perspective, the purpose of education is not simply to produce outcomes, but to create 

conditions in which something genuinely new can emerge (Arendt, 1958; Biesta, 2020). 

Emerging work in AI-augmented learning suggests that, when positioned as a creative partner rather than a solution 

engine, AI can support exploratory, dialogic and speculative forms of engagement (Luckin, 2018; Holmes et al., 2022; 

Zawacki-Richter et al., 2019). In such contexts, students do not simply use AI to complete tasks; they use it to 

generate alternatives, test ideas and interrogate their own assumptions. This shifts the role of AI from optimisation 

tool to epistemic partner, aligning with calls for more relational, co-creative models of education (Bayne, 2015; 

Gourlay, 2021; Biesta, 2020). 

The paper proposes a reframing of human–AI collaboration around three shifts: from optimisation to exploration, 

from efficiency to meaning-making, and from control to emergence. These shifts reposition AI as a catalyst for a 

“pedagogy of wonder,” in which curiosity, imagination and the unexpected are not peripheral but central to learning. 

In doing so, the paper contributes to debates on AI in education by offering a theoretically grounded and practice-

informed alternative to dominant narratives of automation. It argues that the future of human–AI collaboration in 

management education lies not in replacing human judgement, but in expanding the conditions under which 

students can think, imagine and begin (hooks, 1994; Greene, 1995). 

 
Keywords: Human–AI collaboration, Pedagogy of wonder, Management education, Artificial intelligence, Relational 
pedagogy, Higher education 
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Abstract: 
 
The use of Generative AI (GenAI) tools in writing is a contested area in both the literature and the higher education 
(HE) practitioner community (e.g., “JISC AIED email list”). While studies highlight the widespread adoption of GenAI 
tools in writing among university students (e.g., Alharbi, 2023) and its potential to enhance the quality of written 
work (e.g., Bal & Arseven, 2025), a key question remains insufficiently explored in the context of AI-assisted writing: 
what is the role and agency of the writer, and whether they develop core academic skills such as critical thinking, 
synthesis, and evaluation.  

Current research on GenAI policy and writing has yet to offer a detailed, process-level understanding of what exactly 
goes on when producing a piece of academic writing and what skills might be gained or lost when GenAI tools are 
incorporated in this process. Our research aims to address this gap by developing an empirically grounded, process-
oriented model of academic writing to inform students’ meaningful and ethical engagement with GenAI tools. We 
take the position that developing writing skills is still fundamental to learning in the university and to becoming a 
valuable member of society. 

Guided by the “process-oriented model of writing”, developed by Emig (1971)  in the 1970s and her contemporaries 
and successors (e.g., Heyes and Flower, 1986; Applebee, Rommer-Nossek, 2017; Bhat et al, 2023), our research 
adopts a qualitative, two-stage design: 

1. In-depth interviews with 10 faculty members who are both practitioners and mentors of academic writing. 
Think aloud protocols are used to gain insights into the cognitive and procedural dimensions of academic 
writing. Insights from this stage inform the development of an initial model. 

2. Focus group interviews with a sample of 20 master’s students. Their reflections on their use of GenAI tools 
in writing inform the further refinement of the model. 

The study aims to contribute an empirically rich account of academic writing as a process and offers more nuanced 
guidance on integrating GenAI tools in ways that support – rather than undermine - students’ development as critical 
thinkers and writers.  

The presentation at the conference will report on the research methodology and emerging findings, with 
implications for pedagogy and policy in higher education. 

 
Keywords: Generative AI, GenAI, Higher Education, Writing Skills, Academic Writing  
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Abstract: 
 
Background:  
Since the rapid proliferation of Large Language Models (LLMs), over 80% of university students report using 
Generative Artificial Intelligence (GenAI) in their studies (EDUCAUSE, 2024). While GenAI offers clear 
benefits, particularly for personalized learning, it raises significant ethical, legal, and societal concerns, including 
issues of accuracy, bias, and uncritical use (UNESCO, 2023). AI literacy is increasingly recognized as a core 
competency for responsible and effective GenAI use and is now embedded in policy frameworks such as the EU AI 
Act. However, current educational approaches tend to focus either on conceptual knowledge or isolated technical 
skills, with limited evidence on how to develop AI literacy as an applied, practice-based competency (Ng et al., 2021). 
As a result, students may understand ethical and regulatory principles but lack the ability to implement them in 
practice, thus harming their learning.  
 
Intervention:  
This study investigates the effectiveness of a practice-based AI literacy intervention within a Master’s programme in 
Medical Informatics. Grounded in constructionist learning theory, the intervention consists of a week-long project 
in which students design, build, and validate their own GenAI-based tutors using a secure, internally developed LLM 
platform. This “users-to-makers” approach enables students to translate ethical, technical, and pedagogical 
principles into concrete design decisions, including addressing bias, copyright, and data security. The assignment 
produces three deliverables: a functional GenAI tutor, a report detailing design and validation decisions, and a 
reflective analysis of AI literacy principles.  
 
The study addresses three research questions:  

1. Measured learning effects: Are students able to design, build, and critically evaluate GenAI tools and apply 
responsible practices?  

2. Perceived learning effects: Does student self-efficacy in applying AI literacy principles change following the 
intervention?  

3. Competence calibration: How well do perceived competencies align with demonstrated competencies?  
 
Methods:  
A mixed-methods pre-post study was conducted with 43 graduate students. Data included rubric-based assessments 
of student-developed tutors, surveys measuring self-reported competencies, and a 3-month follow-up survey 
assessing behavioral transfer. Quantitative analyses examined changes in measured and perceived competencies 
and self-efficacy.  
 
Results:  
Rubric scores demonstrated strong performance in copyright and data security and students’ self-reported strong 
gains in technical GenAI skills (median +1.5 on a 7-point scale) and moderate gains in applying ethical principles (+1). 



Education with, for and about AI 

91 

 

However, operationalizing specific ethical challenges, particularly bias mitigation, remained the weakest area of self-
efficacy, indicating persistent difficulty in translating ethical awareness into practice. A notable finding was the 
discrepancy between perceived and demonstrated competence: students often reported confidence in responsible 
AI use while struggling to implement it effectively. Additionally, involving students as co-researchers revealed gaps—
particularly in bias mitigation—not fully captured by rubric-based evaluation, informing targeted curriculum 
refinements.  
 
Conclusion:  
Teaching AI literacy as conceptual knowledge alone is insufficient; it must be operationalized through authentic, 
practice-based learning. The “users-to-makers” approach enables students to integrate technical, ethical, and 
pedagogical competencies while exposing gaps between understanding and application. This study provides an 
evidence-based, transferable model for AI literacy education, including a validated assignment structure and 
assessment framework.  

 
Keywords: Generative AI, AI in Education (AIED), AI Learning, Constructionist Learning 
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Abstract: 
 
The rapid proliferation of Generative AI (GenAI) has disrupted higher education, with 70%-90% of students utilizing 
these tools for studies. In scientific training, relying heavily on written assignments and literature reviews, this 
adoption invalidates assessments, challenges the relevance of learning objectives since professionals already 
extensively use GenAI in the workplace, and raises concerns regarding the erosion of critical thinking (Gonsalves, 
2024). Medical education is bound to national guidelines and because the current Dutch National Blueprint for 
Medical Education (2020) pre-dates the GenAI breakthrough, educators lack national guidance. Furthermore, 
frameworks like the EU AI Act mandate adequate 'GenAI literacy' training if AI use is permitted. 

 
To establish actionable national consensus, we conducted a Delphi study involving 37 curriculum coordinators, 

researchers, and assessment specialists across all eight Dutch University Medical Centers. Through iterative survey 

rounds and consensus meetings, the panel evaluated 32 scientific learning goals and 11 new GenAI literacy goals 

(consensus defined as >75% agreement). We formulated three research questions:  

1. Which scientific learning objectives should be achieved with or without GenAI? 

2. If with GenAI, then at what stage in the education?  

3. Which new GenAI literacy objectives must be added as mandatory prerequisites?  

 

The findings reveal a bifurcation. Experts agreed that skills such as adopting an academic attitude and conducting 

experiments must be developed predominantly without GenAI. Conversely, scientific communication tasks, such as 

structuring text, can integrate GenAI earlier in the curriculum, provided students first demonstrate basic unmediated 

competence. To enable this collaborative stage, the panel validated 10 out of 11 proposed GenAI literacy goals as 

prerequisites.  

 

To operationalize these findings, we propose two educational approaches: 
 
Approach 1: AI-free zones (building the cognitive foundation). To guarantee the development of essential human 

cognition and foundational knowledge, institutions could enforce GenAI-free zones for foundational skills. 

Unsupervised essays should transition to synchronous, highly valid assessments: "learned conversations" (15-minute 
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oral defenses), interactive presentations graded on Q&A, invigilated "micro-writing" tasks under controlled 

conditions, and programmatic or process assessments. 

 

Approach 2: GenAI-integrated learning goals (preparing for the workplace) When students’ progress to using GenAI 

assessments and assignments can involve evaluating the final written product but should also evaluate the human-

AI collaboration process.  

 

By structuring the curriculum through these distinct approaches, educators protect critical reasoning while 

equipping future professionals with essential digital competencies. Attendees will leave this presentation equipped 

with: 

1. An evidence-based mapping of scientific learning goals to GenAI-free or GenAI-integrated pedagogical 

stages. 

2. A consensus-backed set of 10 concrete GenAI literacy learning goals for curriculum integration. 

3. A methodological blueprint for establishing internal consensus within their own educational programs, 

ensuring high ecological validity across diverse educational programmes. 
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Abstract: 
 
This paper presents the results from the second year of a research project investigating the integration of Generative 

Artificial Intelligence (GenAI) in online assessment within a Curricular Unit in a Distance Education University. 

Following the University institutional policy which promotes the thoughtful and transparent use of AI rather than its 

prohibition (Universidade Aberta, 2024), and grounded on ethical support (European Commission, 2026; McGinty & 

Murray-Johnson, 2025), and good practices of using GenAI in the academic context, in general (American 

Psychological Association, 2025; Perkins et al., 2024) and, in particular, in assessments (Hardie et al., 2024; Ng et al., 

2026), this study explores how pedagogical strategies can foster academic integrity and AI literacy. 

Building on the first year's methodology—where students submitted a GenAI Use Self-Report alongside their 

assignments—the second year introduced a strategic shift. While the first assignment maintained the AI Use Self-

Report (Furze, 2024; Vice-Rectorate for Educational Innovation of UNED, 2023) model, the second assignment made 

the use of GenAI tools mandatory and integrated into the task, requiring students to provide a reflection about the 

balance of the GenAI tools’ contributions to their work (Bowen & Watson, 2024; Furze, 2024). This evolution allowed 

the researchers to address new questions regarding patterns of use, emerging themes in student reflections, and 

the comparative impact of these two integration strategies on assessment products. 

Results indicate a significant increase in reported GenAI use, although the preference for specific tools remained 

relatively stable compared to initial findings. While student use cases showed some variation, a somewhat surprising 

finding occurred: the mandatory integration strategy did not result in enhanced quality of the final assignment 

products. This paper discusses these results in light of existing literature, proposing explanations for why deeper 

integration did not immediately translate into higher academic performance. The findings offer critical insights for 

institutions seeking to develop robust assessments that effectively incorporate GenAI while maintaining pedagogical 

validity and ethical integrity. 
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Abstract: 
 
This paper reports on a pedagogical experience developed within the course Artificial Intelligence in Education in the 
Bachelor’s Degree in Education at Universidade Aberta, Portugal. The course is designed to foster a critical 
understanding of the opportunities, risks, and challenges associated with the use of Artificial Intelligence (AI) in 
educational contexts[2] [3] [4] [6] [7]. Following an introduction to key foundational concepts—namely machine learning, 
deep learning, and natural language processing[2] [3]—the course examines the implications of virtual assistants and 
other Generative AI applications for teaching and learning[6]. Particular emphasis is placed on their cognitive, social, 
and ethical dimensions[4] [7], as well as on their technical limitations and their potential contribution to more flexible 
and personalized learning pathways. 

Grounded in major international reference frameworks for AI in education, particularly those advanced by the 
European Commission[4] and UNESCO[7], the course culminates in a project-based activity in which students are 
invited to design innovative educational practices[1] that integrate AI in a conscious, transparent, and ethically 
responsible manner within authentic contexts. As part of this activity, students were encouraged to select and use 
responsibly one of the following Generative AI tools: ChatGPT (OpenAI), Copilot (Microsoft), Gemini (Google), Claude 
(Anthropic), Perplexity AI, and NotebookLM (Google). In the 2025/26 academic year, students submitted an 
individual project based on a previously provided design guide. Subsequently, following anonymization by the 
teaching team, they engaged in a peer assessment process using a pre-defined evaluation rubric. 

This contribution therefore examines an instructional experience situated at the intersection of AI literacy, teacher 
education, and innovative assessment practices in higher education. It focuses on a curricular activity in which 
undergraduate Education students were asked to design pedagogically meaningful and ethically grounded 
educational practices involving AI, informed by international policy and ethical frameworks. The study further 
explores how peer assessment, supported by anonymization procedures and a shared rubric, enabled students to 
engage critically with their peers’ work and to reflect on quality criteria for the responsible integration of AI in 
education. 

By combining project-based learning with peer review[5], the experience sought to move beyond a purely 
instrumental view of AI and to promote a more critical, reflective, and professionally meaningful engagement with 
emerging technologies. The paper contributes to current discussions on how higher education can prepare future 
educators not only to use AI tools, but also to evaluate their pedagogical value, ethical implications, and contextual 
appropriateness. It thus offers a concrete example of how critical AI literacy can be developed through authentic 
design tasks and collaborative evaluative processes. 
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The paper describes the rationale, structure, and implementation of this activity, presents the main features of the 
student-designed AI-enhanced educational practices, and analyses the outcomes of the peer assessment process. 
The findings provide insight into how future education professionals interpret and operationalize responsible AI use 
in pedagogy. Furthermore, the study discusses the contribution of peer assessment as a reflective and evaluative 
strategy for strengthening critical AI literacy, pedagogical judgement, and ethical awareness in higher education. 
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Digital Learning Design with myScripting 

As digital and blended learning formats become integral to education, teachers face growing demands to design 
effective, engaging, and efficient learning environments. The educational design toolkit myScripting (Müller, 2025; 
Müller & Erlemann, 2026), provides educators with a structured yet flexible design board for planning and reflecting 
on digital learning. Grounded in sound pedagogical models such as ADDIE, Constructive Alignment, and the ICAP 
framework, myScripting helps educators develop coherent and context-specific learning designs using visual 
flowcharts, metadata tagging, and analytics. While already a powerful tool, the integration of Artificial Intelligence 
(AI) into myScripting presents a significant opportunity to further enhance its capabilities. This paper explores the 
applications of AI in digital learning design, especially within the tool myScripting, aligned with its pedagogical 
foundations and functionality. 

Scaffolding Novice Designers 

For educators new to digital learning design, developing a script with myScripting can sometimes present a steep 
learning curve. AI can provide adaptive support, functioning as a virtual coach. Depending on user interaction, AI 
could: 

● Offer step-by-step guidance throughout the scripting process  

● Ask clarifying questions to improve input quality  

● Provide just-in-time explanations of key pedagogical concepts  

Such support lowers entry barriers and facilitates broader adoption, particularly in contexts of digital transformation. 

Context-Aware Suggestions 

AI enables context-aware recommendations for teaching and learning strategies by analyzing parameters such as 
target audience, subject, learning modality, infrastructure, and intended outcomes. Examples include: 

● Recommending relevant templates or scripts from a shared repository  

● Supporting the adaptation of existing designs to new contexts  

● Proposing domain-specific teaching strategies such as 4C/ID, simulations, or case-based learning  

● Suggesting suitable learning activities and tools (e.g., forums, quizzes, collaborative platforms)  

This reduces cognitive load and supports the design of learner-centered environments, especially for less 
experienced educators. 

 



Education with, for and about AI 

99 

 

AI-Assisted Authoring of Learning Objectives, Tasks, and Learning Activities 

Formulating precise, assessable, and aligned learning outcomes, tasks, and activities remains a key challenge in 
educational design. AI can support this process by: 

● Providing templates and auto-completion for learning outcomes  

● Generating aligned formative and summative assessments  

● Recommending improvements in clarity, complexity, and alignment  

Using large language models (LLMs), myScripting could enable guided authoring in which initial ideas are refined into 
structured, pedagogically aligned outputs. 

Enhanced Analytics, Reflection, and Feedback 

AI can significantly enhance the analysis of educational designs. While myScripting already offers analytics on 
workload, alignment, and ICAP engagement, AI can identify more subtle inconsistencies and weaknesses. AI could: 

● Detect misalignments between learning outcomes, learning activities, and assessment  

● Identify redundant or ineffective learning phases  

● Highlight insufficient higher-order cognitive engagement  

● Recommend improved distributions of learning phases and activities  

● Enable comparison with similar or exemplary designs  

● Generate reflective prompts for systematic review  

By learning from existing designs, AI can identify patterns of effective planning and support educators as a 

“pedagogical assistant.” 

Conclusion and Outlook 

As digital learning continues to expand, AI-enhanced tools such as myScripting can help educators address the 
complexity of digital teaching and learning. AI can provide targeted recommendations, support design processes, 
and identify potential weaknesses. At the same time, responsible integration is essential. Transparency, bias 
mitigation, data privacy, and the preservation of teacher autonomy must be ensured. In addition, AI features should 
enhance usability rather than increase complexity. If implemented thoughtfully, AI can improve both efficiency and 
pedagogical quality. 
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Abstract: 
 
The SophIA chatbot was created to assist Educational Design students (in the Foundations of Educational Design 
course), offering immediate support regarding content, Moodle navigation, and activities (Winkler & Söllner, 2018). 
It also aimed to provide a practical experience for the students, as professional practice requires familiarity with 
automation and technological curation (Filatro & Cavalcanti, 2017; Filatro, 2020). Its iterative and pedagogical 
development included data feeding, behavioral configuration (a five-dimensional prompt), and visual design, 
utilizing the no-code platform Chatbase (Chatbase, 2024) and the GPT-4o mini model (OpenAI, 2024). Based on 
Retrieval-Augmented Generation (RAG) to mitigate "hallucinations" (Lewis et al., 2020), its knowledge base 
integrated virtual classroom content, comprehensive Moodle documentation, and frequently asked questions 
(Q&A). The image of SophIA, conceptualized as a mature and welcoming 52-year-old woman, was generated via 
DALL-E (OpenAI, 2024). During the period from August 1 to December 31, 2024, SophIA recorded significant student 
engagement, with the highest concentration of access occurring in the afternoon (47%) and on Mondays. 53 real 
conversations were recorded, totaling 160 messages sent by the students. The peak of interactions occurred in 
August (64%), coinciding with the beginning of the course. Student demands were diversified, highlighting 
pedagogical organization: activities and deadlines (30%), academic content (25%), and technical use of Moodle 
(10%). The qualitative analysis revealed the effectiveness of the guardrails (safety guidelines) established in the 
prompt. In a specific interaction, a user indicated that they would provide their CPF to the platform; SophIA promptly 
interrupted the action. Other interactions included: tests conducted by us containing provocations about the 
teachers' conduct, in which the AI maintained a professional tone; and the use of the tutor in real-time during live 
lectures, responding as programmed in her personality. The implementation of SophIA demonstrated that the use 
of chatbots based on RAG architecture can be effective for providing faster assistance to students with specific 
questions. The technical accuracy, reflected in the confidence score of 0.82, validated the strategy of feeding the 
agent with hybrid sources (disciplinary content and Moodle technical documentation); however, the current 
methodology demands that the database composition be done non-automatically. Furthermore, the chatbot's ability 
to protect sensitive data, respond with some sense of humor, and maintain neutrality in provocative interactions 
proves that the success of an AI tutor in education does not reside solely in the language model used, but in the rigor 
of the Conversational Chatbot and the definition of behavioral guardrails. However, the experience revealed an 
important technical boundary: the disconnection between the chatbot and the dynamic data of Moodle. The inability 
of SophIA to access attendance reports or forum summaries in real time points to the need for future API 
integrations, allowing the virtual assistant to evolve from a static query repository to an active monitoring agent. It 
is necessary to consider the financial issues for this, as well as those related to the protection of sensitive data. The 
use of no-code platforms for creating intelligent tutors democratizes the access of teachers and educational 
designers to advanced technologies. Moreover, SophIA exemplifies how the personality and regionalization of the 
chatbot can humanize digital education. The iterative nature of this process, refining the prompt and the knowledge 
base based on real dialogue with the students, defines a protocol for the Educational Chatbot, where artificial 
intelligence does not replace the tutor, but enhances their presence and availability in the learning ecosystem.  
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Abstract: 

In response to the rapid emergence and disruptive impact of Generative Artificial Intelligence (Gen AI) in higher 
education, a funded national initiative (N-TUTORR GenAI:N3) was established in September 2024 to support 
institutional and sectoral responses to this evolving landscape across Ireland. Atlantic Technological University (ATU) 
was an active member of this project that developed shared resources and professional development opportunities 
to enable educators and learners to engage with Gen AI in an informed, ethical and professional manner. This paper 
will demonstrate the successful initiatives undertaken by ATU as part of this project. 

As part of the national programme, a series of hackathons were delivered across multiple locations to promote 
critical engagement with Gen AI and to challenge prevailing narratives regarding its role in higher education. In 
November 2024, ATU hosted a GENAI hackathon, bringing together staff and students through guest speakers, 
workshops, interactive activities, and structured challenges. The event provided a collaborative environment to 
examine the implications of Gen AI for assessment, teaching and learning, and module design. Participants explored 
how Gen AI may reshape assessment practice while maintaining core academic values, including authentic 
assessment, pedagogical integrity, and academic rigour. The participatory format supported dialogue, 
experimentation, and staff/student partnership. 

An important initiative promoted by the national network, and adapted by ATU, was the development of the “AI 
Play” workshop model. These workshops were designed to reduce uncertainty and build confidence through guided, 
hands-on exploration of Gen AI tools. ATU delivered multiple AI Play workshops across the Galway, Sligo, and 
Donegal campuses from November 2024 to the present day. These workshops discussed AI literacy, ethical and 
inclusive practice, and assessment redesign. Additional workshops have also been added at ATU to support staff in 
specific schools in assessment redesign in light of new developments in the area of GenAI.  Feedback demonstrated 
strong impact, with a very high satisfaction rating from participants, and workshops have continued and are being 
updated on an ongoing basis in response to increased demand. ATU also contributed a number of case studies and 
resources to the national GenAI network website and e-book. All resources will be shared and are available at: 
GenAI:N3 – Gen AI: N-TUTORR National Network 

Note: The National GenAI:N3 network continues to support learners across the higher education sector led by Dr 
Hazel Farrell & Ken McCarthy. This project was supported by N-TUTORR ATU project lead Dr Carina Ginty. GenAI 
Activities were led by Annette Cosgrove, Lecturer in Computing & Digital technologies, ATU and Noreen Henry, 
Lecturer in Computing & Academic developer, ATU. 

Keywords: Generative Artificial Intelligence, Higher Education, AI Literacy, Assessment Redesign, Academic 
Integrity, Professional Development
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Abstract: 
 
Reflective writing is a core pedagogical practice in higher education, fostering critical thinking, metacognition, and 
self-awareness across diverse disciplines (McCarthy, 2011). The emergence of generative artificial intelligence 
(genAI), particularly large language models, presents new benefits and risks for supporting reflective writing 
(Neshaei et al., 2025). This scoping review mapped the literature on genAI-facilitated reflective writing in higher 
education, examining its uses, opportunities and challenges, as well as guidance for educators. A systematic search 
including ERIC, PsycINFO, PubMed, Scopus, Google Scholar and key journals identified 39 studies published since 
2021, predominantly from Asia and North America. Analysis revealed five functional roles for genAI: eliciting, 
structuring, deepening, synthesising, and judging reflection. Opportunities include personalised prompts, scalable 
feedback, supportive learning dialogues, and potential efficiencies for educators, while challenges encompass ethical 
concerns including data privacy, biases, and potential for students' overreliance on genAI. The review highlights the 
central role of educators in guiding genAI use, preparing students, designing contextually appropriate tools, fostering 
metacognition, and maintaining ongoing oversight. Findings underscore that genAI can augment, but not replace, 
human-centred reflective practices. Future research should develop a more granular understanding of how genAI 
shapes the cognitive processes underpinning reflective writing. Overall, genAI offers transformative potential for 
reflective writing in higher education, but its deployment must be deliberate, pedagogically grounded, and ethically 
informed to maximise benefits while mitigating risks. 
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Abstract: 
 
Creating structured and effective digital learning environments remains a complex challenge. Recent advances in 
artificial intelligence, particularly large language models (LLMs), enable new approaches to generating learning 
materials; however, developing coherent course structures and providing personalised learning support at scale 
remain key issues. 

This paper presents a pilot digital learning platform that applies AI to support both course creation and adaptive 
learning processes. The platform allows educators to upload source materials (e.g., documents, presentations, 
images, textual content), based on which the system generates a suggested course structure. Educators can refine 
this structure and generate complete learning content, including explanations, examples and quizzes. The system 
integrates large language models to support content generation and adaptive learning processes. 

In addition to content generation, the platform incorporates an AI-driven adaptive learning loop. During the learning 
process, the system analyses learner performance in embedded quizzes and identifies topics where learners 
demonstrate weaker understanding. Based on these signals, the platform can generate targeted explanations and 
additional practice activities to support personalised revision. 

The system is currently being piloted in several online courses involving tens of learners. Initial observations suggest 
that AI-supported generation can significantly accelerate course development while enabling more flexible and 
iterative instructional design processes.  
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Abstract: 
 
This study examines GenAI adoption in the NWU Faculty of Engineering using the UTAUT model and a “crossing the 
chasm” framework. Survey results show a transitional, pre-chasm stage with fragmented, uneven adoption: a small 
group of early adopters actively uses GenAI, while most staff use it cautiously, inconsistently, or minimally, indicating 
adoption has not yet reached the early majority. 
 
Although staff generally recognise GenAI’s efficiency and productivity benefits, this does not lead to sustained or 
standardised use. Adoption is limited by effort-related barriers, including low skills and confidence, and by weak 
facilitating conditions such as unclear policies, lack of training, and uncertainty about acceptable use. Ethical and 
professional concerns—especially around academic integrity, reliability, and accreditation—also restrict uptake. 
These results mirror wider research showing that positive views of GenAI often coexist with serious concerns, limited 
social influence, and inadequate institutional support (Nikolic et al., 2024; Baig and Yadegaridehkordi, 2025). 
 
A key finding is the rise of a “shadow AI ecosystem,” in which informal tool use surpasses institutional platforms, 
creating governance and quality risks. Weak social influence indicates that adoption is individual rather than 
culturally embedded, aligning with UTAUT views on social norms and facilitating conditions (Venkatesh et al., 2003). 
The roles of AI literacy, facilitating conditions, and trust show that adoption depends on wider socio-technical 
factors, not perceived usefulness alone (Granić, 2025). GenAI adoption is constrained less by perceived value than 
by institutional misalignment, capability gaps, and professional uncertainty. To cross the chasm, the Faculty must 
adopt structured, policy-aligned, capacity-building integration strategies. 
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Abstract: 
 
The rapid development of Generative Artificial Intelligence (GAI) since the early 2020s has been argued to be on the 
verge of creating far reaching and systemic impacts on many sectors of human activity. This includes education, 
where artificial intelligence has been equally touted as both radical innovator and serious threat. In distance learning, 
the potential impact of artificial intelligence has been characterised as far reaching (Amin et al. 2025) with the 
development of adaptive and personalised learning, tutorial systems, and real-time feedback. Indeed, for some 
artificial intelligence is a technology which can transform distance learning for the better (Mijwil et al. 2023). But 
many of these potential changes are still embryonic and there may be alternative trajectories in which experts hope 
the sector will develop. 

In this study we completed a Delphi study with 10 experts in distance learning to explore the challenges they felt the 
distance learning sector faces in relation to Generative Artificial Intelligence (AI).  

The research questions we posed were: 

1. What, if any, do distance learning academics believe the impact of GAI is on their current work? 

2. What do distance learning academics believe the impact of GAI will be for their practice in the next 5 years? 

3. What alterations have distance learning academics already made to ‘future proof’ their work? 

4. What do distance learning academics believe the potential advantages / disadvantages of GAI will be for 
their practice in the next 5 years? 

We followed a Delphi methodology (Cyphert and Gant, 1970) firstly asking respondents to answer the research 
questions in an online qualitative questionnaire. From the responses several Likert Scale statements were 
constructed and an agreement scale used. Once the respondents had completed this questionnaire, we calculated 
median and interquartile values for each statement. Each respondent was then sent the questionnaire a second 
time; for each statement they were asked to compare their first response against the median and interquartile range 
and decide whether or not they would like to change their original opinion and to what. Respondents were also 
asked to add any qualitative reflections based on the statistics they had seen. 

In this presentation we offer initial results from the study focusing on the views of the distance learning experts 
about what they believe the impact and advantages/disadvantages of artificial intelligence will be on their practice.    
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Abstract: 

Risk storylines and impact chains have emerged as powerful tools in disaster risk management to represent complex, 
multi-hazard dynamics and their cascading effects within socio-ecological systems. Risk storylines provide narrative-
based representations of hazard evolution, impacts, and response actions, enabling the reconstruction of plausible 
event sequences and fostering interdisciplinary understanding (Shepherd et al., 2018). Impact chains complement this 
approach by offering structured, cause-effect models that explicitly link hazards, exposure, vulnerability, and 
impacts, thus supporting the systematisation and visualisation of complex risk drivers (Zebisch et al., 2022). 

This contribution reframes these tools as digital visual and conceptual frameworks for educational change, 
highlighting their potential within technology-enhanced learning environments to bridge cognitive distances 
between diverse disciplines. By translating complex information into simple visual representations of interconnected 
elements, impact chains and storylines make it easier to understand systems characterized by interdependencies 
and uncertainty. They help structure and clarify relationships among different components, enabling learners to 
grasp how processes interact and evolve. For this reason, these tools are particularly valuable in supporting the 
comprehension of complex concepts, including the functioning and application of impact chains themselves. 

Building on a participatory multi-risk framework, the study emphasises how these tools - through interactive 
platforms, virtual testbeds, and data-driven visualisation - can support more active and experiential learning 
processes. These tools foster the development of a shared lexicon across different backgrounds, facilitating 
knowledge transfer between research, decision-making, and educational ecosystems. 

Beyond their analytical function, these digital environments also serve as training spaces, allowing users to explore 
scenarios and practice decision-making in non-emergency conditions (Marciano et al., 2024). This enables 
participants to test strategies, understand potential outcomes, and reflect on complex risk dynamics without real-
world consequences. This process triggers a reflexivity effect, enhancing collective awareness of how integrated 
knowledge leads to more resilient practices. Overall, the study demonstrates how the digitalisation of risk 
assessment tools can enhance active learning and collective knowledge construction, supporting more effective 
collaboration in managing complex and interconnected risks. 

 
Keywords: Multi-risk Storylines; Impact-chain; Participatory DRM; Interdisciplinary learning. 

 

 



Transformative innovation through AI in education 

111 

 

References  

Shepherd, T.G., Boyd, E., Calel, R.A.et al., Storylines: an alternative approach to representing uncertainty in physical 

aspects of climate change, Climatic Change 151 (2018) 555–571, https://doi.org/10.1007/s10584-018-2317-9. 

 

Zebisch, M., Terzi, S., Pittore, M., Renner, K. and Schneiderbauer, S. “Climate Impact Chains—A Conceptual 

Modelling Approach for Climate Risk Assessment in the Context of Adaptation Planning,” (2022), pp. 217–224. doi: 

10.1007/978-3-030-86211-4_25 

 

Marciano, C., Peresan, A., Pirni, A., Pittore, M., Tocchi, G. and Zaccaria, A.M. “A participatory foresight approach in 

disaster risk management: The multi-risk storylines,” International Journal of Disaster Risk Reduction, vol. 114, p. 

104972, Nov. 2024, doi: 10.1016/j.ijdrr.2024.104972. 

  



Transformative innovation through AI in education 

112 

 

 
 

Virtual Testbeds for Multi-Hazard Urban Risk Assessment: 
Insights from the Inland RETURNVILLE Application 
 

G. Tocchi1, C. Del Gaudio1, M. Di Domenico1, M. Gaetani d’Aragona1, M. Polese1, G. M. 
Verderame1; A. Prota1 

 
1 Department of Structures for Engineering and Architecture, University of Naples Federico II  

 
Correspondence: Carlo Del Gaudio: carlo.delgaudio@unina.it 

 
 
Abstract: 

Urban areas are increasingly exposed to complex risk patterns arising from the interaction of multiple natural 
hazards and the interdependence of physical and socio-economic systems. Traditional single-hazard approaches 
often fail to capture these dynamics, leading to underestimation of both direct and indirect impacts. This study 
presents an application of a Virtual Testbed (VTB) for multi-risk assessment, focusing on the Inland RETURNVILLE, a 
realistic digital representation of an Italian inland urban settlement. The VTB framework integrates hazard scenarios, 
exposure data, and vulnerability models within a controlled and reproducible environment, enabling systematic 
exploration of multi-hazard interactions and cascading effects (Polese et. al, 2026). 

A central pedagogical component is the use of risk storylines and impact chains, which provide structured narratives 
linking hazard events to consequences. These tools support digital learning by making complex processes explicit 
and traceable, allowing users to follow cause–effect relationships across multiple domains. Through storyline-based 
exploration, learners can compare alternative scenarios (e.g., earthquake-only vs. Ashfall-earthquake sequences), 
fostering critical thinking and systems understanding rather than rote learning. 

The analysis considers earthquake and volcanic ashfall hazards to investigate two key dimensions of multi-risk: (i) 
vulnerability interactions at the building scale and (ii) cascading effects at the system level. Multi-hazard interactions 
are explored using impact chains and risk storylines, which provide a structured representation of cause-effect 
relationships among hazards, exposure, vulnerability drivers, and impacts. In the first scenario, volcanic ashfall 
precedes a seismic event, introducing additional vertical loads on building roofs that increase structural vulnerability. 
This interaction is modelled through the integration of seismic fragility functions (Del Gaudio et al., 2020) with 
ashfall-induced roof failure probabilities (Zuccaro et al., 2008), resulting in multi-hazard fragility surfaces. Results 
show that ash accumulation significantly amplifies building damage, particularly in areas with high tephra deposition, 
where loads exceeding 800 kg/m² can trigger structural failure even before seismic shaking. 

At the urban scale, the cascading effects of building damage are analysed through their impact on road network 
functionality. A probabilistic methodology (Di Domenico et al., 2026) is adopted to assess road interruption due to 
debris generated by structural and non-structural failures. The results highlight how dense historic areas, 
characterized by narrow streets and older masonry buildings, are particularly vulnerable to accessibility disruptions. 
Both vehicular and pedestrian mobility are affected, with implications for emergency response and evacuation 
capacity. 

Quantitative results emphasize the magnitude of multi-hazard interactions. The inclusion of ashfall in the seismic 
scenario leads to an increase of approximately 400% in building collapses and over 300% in economic losses 
compared to the earthquake-only case. These findings demonstrate the non-linear amplification of risk due to 
interacting hazards and underline the importance of accounting for both direct and indirect impacts. These 
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outcomes are not only analytical results but also learning opportunities, enabling users to observe non-linear risk 
amplification and system interdependencies in a dynamic environment. 

The study highlights the added value of VTBs as flexible and transparent platforms for integrated risk assessment. 
By enabling controlled experimentation and “what-if” analyses, VTBs support the evaluation of mitigation strategies 
and improve understanding of complex urban risk dynamics. Despite limitations related to data aggregation and 
modelling assumptions, the approach provides actionable insights for disaster risk management and urban resilience 
planning. Overall, the application demonstrates that incorporating hazard interactions and cascading effects is 
essential for realistic risk estimation and effective decision-making in urban environments.  

 
Keywords: Multi-hazard risk; Virtual Testbed; Urban resilience; Cascading effects; Seismic risk; Volcanic ashfall; 
Infrastructure disruption; Risk storylines 
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Abstract: 
 
Artificial Intelligence (AI) holds significant potential to support inclusive education, for instance through personalized 
learning, adaptive tools, and enhanced accessibility for diverse learners (Melo-López et al., 2025; Varsik & Vosberg, 
2024). At the same time, AI carries substantial risks for inclusion, including algorithmic bias, the reinforcement of 
normative learner profiles, and unequal access that may deepen existing inequalities (Shams, Zowghi & Bano, 2023). 
How national and regional education policies frame these inclusive potentials and exclusion risks of AI shapes 
whether AI adoption ultimately advances or undermines equitable participation in education (Ghimire & Edwards, 
2024). Yet few studies have systematically examined this balance in policy documents (Schiff, 2022). 

This paper presents a secondary analysis drawing on two interrelated datasets: (1) seven AI and education policy 
documents from Austria (n=4) and Switzerland (n=3), originally analyzed in a broader DACH study on inclusion and 
equity (Bešić, Schulz, & Schmid-Meier, under review), and (2) 18 documents from all 16 German federal states, 
collected using the same criteria. While the original study investigated how inclusion and equity are conceptualized, 
the present contribution asks: Do these policies recognize AI’s potential to foster inclusive education, such as 
differentiation, individualization, and accessible learning environments? Do they also address the risks AI poses to 
inclusion, such as bias, digital divides, discrimination, and socioeconomic barriers? Does the inclusive promise of AI 
in these policies stand up to scrutiny, or do exclusion risks remain understated? 

The analysis follows the qualitative content analysis approach by Kuckartz and Rädiker (2024) with an interpretative 
examination of policy framing. It builds on an existing MAXQDA-based coding framework developed in the broader 
DACH study. The categories “Inclusive Potentials” (e.g., differentiation, accessibility, assessment) and “Exclusion 
Risks” (e.g., bias, technological barriers, discrimination) were specifically developed to capture how policies address 
AI in relation to inclusive education (Ainscow, 2020). By comparing thematic patterns and relative emphasis across 
the DACH region and all German federal states, this study offers a differentiated picture of how inclusive 
opportunities and exclusion risks are represented at different governance levels. Preliminary findings indicate a clear 
imbalance: policy documents emphasize AI’s potential for individualized learning and accessibility, while risks such 
as bias, digital inequality, and discrimination receive substantially less attention. Germany engages most 
comprehensively with both dimensions, while Austrian and Swiss documents tend to emphasize opportunities for 
inclusive education but address associated risks more selectively. This raises concerns that current policies promote 
AI as a technical solution for inclusion while insufficiently addressing structural risks such as bias, digital inequality, 
and discriminatory outcomes (Mouta et al., 2024). The extended analysis of all 18 German federal state documents 
will examine whether this pattern persists across the decentralized education system or whether significant regional 
differences exist, which is particularly relevant given that inclusive education governance in Germany is a state-level 
responsibility (Autenrieth et al., 2025). This paper contributes to the conference theme “Beyond Technology” by 
arguing that genuinely inclusive AI governance requires policy frameworks that balance the inclusive promise of AI 
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with a critical awareness of its exclusion risks. Without this balance, AI policies risk reinforcing a techno-solutionist 
narrative that overlooks structural barriers to participation and equity in education (Mochizuki et al., 2025). 

Keywords: AI in Education, Policy Analysis, Risks and Potentials, DACH Region, German Federal States, Inclusive 
Education
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Abstract: 
 
Generative AI tutoring could provide scalable support for students, yet real-world evaluations remain limited. A large 
United States university piloted 790 licenses for Khanmigo, a generative AI tutoring tool, targeting academically at-
risk students and those enrolled in the university’s lowest level mathematics course. We analyzed usage logs, 
demographics, grades, and student reflections to examine student adoption, relationships with mathematics grades, 
and student experiences. Student adoption was low: 17% of students used Khanmigo at least once. Course-based 
integration produced the highest usage (98%), while email-only outreach resulted in substantially lower 
engagement. First-generation students engaged in significantly more chats than continuing-generation peers. 
Among students in the mathematics course, regression models controlling for cumulative GPA, race/ethnicity, and 
course section showed no significant relationship between Khanmigo interactions and course grades. Qualitative 
responses reflected mixed experiences, with students citing benefits such as step-by-step practice and improved 
conceptual understanding, alongside frustrations with login barriers and limitations with visuals. Course-based 
implementation appears critical for adoption, but improved implementation and tool design are necessary to 
support meaningful impact at scale. 

 
Keywords: Generative AI tutoring, personalized learning, mathematics 

 
 
Generative AI tutoring could provide scalable support for students (Cai et al., 2025). However, real-world evaluations 
of generative AI tutoring tools is lacking (Jurenka et al., 2024). A large United State University piloted generative AI 
tutoring licenses for 790 students in need of academic support. Students received licenses for Khanmigo, Khan 
Academy’s generative AI tutoring tool, through various university support programs that support academically at-
risk students. Additionally, students in the university’s lowest level mathematics course received access. We 
analyzed Khanmigo usage logs, demographics, grades, and student reflections collected between January–May 2025 
to understand the success of implementation for student adoption, its impacts on mathematics grades, and 
students’ reported experiences with the tool.   

Student adoption of Khanmigo was low. Of the 790 students offered licenses, only 138 (17%) used Khanmigo at least 
once. Course-based implementation produced the highest percentage of users: 98% in the mathematics course that 
integrated Khanmigo into class. In contrast, programs where students only received email outreach had lower usage 
rates, and programs that offered in-person login assistance had moderate adoption rates. Among active users, 
students averaged 9.2 chats, with 120.3 messages within chats, over the semester. The heaviest users tended to be 
from cohort-based support programs rather than the course-based mathematics implementation. First-generation 
students engaged in significantly more chats (M=13, SD=20.2) than their continuing-generation peers (M=5.5, 
SD=5.8), highlighting equity-related engagement patterns by offering students with less academic preparation and 
more support.  
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For the subset of students in the mathematics course (n=87), we examined the relationships between students’ 
interactions with Khanmigo and course grades. In a regression model controlling for cumulative GPA, race/ethnicity, 
and course section, Khanmigo interactions had no significant impact on math grades. However, given the low overall 
usage of Khanmigo, this finding is not surprising.  

Qualitative survey and email responses indicate mixed student experiences and impacts with the tool. Students 
described benefits such as promoting active recall, practicing problems step by step, and improving understanding 
of core concepts. Others expressed frustration with login difficulties, the tool’s inability to work with visuals such as 
graphs, and its Socratic approach. Some preferred other generative AI tools that provided more direct answers. 

Overall, course-based implementation was most successful in supporting student adoption of the tool, and 
preliminary data suggests that Khanmigo may be a useful learning tool, particularly among first-generation students. 
However, implementation improvements and more comprehensive Khanmigo support are necessary to confer these 
advantages at scale, underscoring the importance of human relationships in advancing student engagement with AI 
tools. Our results suggest that future institutional efforts to engage students with generative AI tutors might benefit 
from support for initial use of the tool, integration in class activities, and setting appropriate student expectations 
for interacting with the tool. Additionally, Khanmigo would benefit from improved features such as visuals and 
support for learners’ self-regulated learning (Shetye, 2024). This is one of the first institutional-scale evaluations of 
a Socratic AI tutor in higher education.  
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Abstract: 

The acceleration of the twin green and digital transition is reshaping labor markets, creating a significant demand 
for "hybrid professionals" who integrate green, digital and soft skills. While technological disruption drives this shift, 
Higher Education Institutions (HEIs) often face institutional inertia, struggling to adapt to their lifelong learning 
offerings at the pace of market evolution. This paper presents a collaborative framework designed to bridge the gap 
between shifting market signals and academic strategy, emphasizing that successful transformation requires cross-
sectoral dialogue and human-centered collaboration. Moving beyond purely quantitative data-driven approaches, 
the study employs an explanatory sequential mixed-methods design. First, it analyzes 1,274,595 online job 
advertisements (OJA) in Catalonia (2018–2024) to map the integrated demand for these skills. Second, it 
operationalizes these findings through qualitative co-creation workshops with 39 strategic stakeholders, including 
industry leaders and faculty members. The results suggest that the productive potential of technical expertise is 
significantly enhanced when activated by soft skills, a finding that points toward the value of shared pedagogical 
reflection between academia and industry. Insights from the workshops highlight a strategic tension: while industry 
partners seek greater programmatic agility, the lack of formalized collaborative channels often leads to a reliance 
on temporary external consultancy. This study indicates that the transition toward modular formats, such as 
industry-informed micro-credentials, may be particularly effective when developed within a participatory co-
creation ecosystem. Such a framework allows HEIs to transform labor market intelligence into agile, human-centered 
learning designs for both active workers and new graduates. By bridging big data foresight with participatory 
renewal, the research opens a dialogue on how co-creation ecosystems can facilitate more responsive and human-
centered learning design. 
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Abstract: 
 
The widespread availability of generative artificial intelligence (AI) is reshaping assessment practices in higher 
education. Rather than attempting to exclude AI from examinations, this concise paper argues for assessment 
designs that deliberately position AI within human-centered learning and assessment processes. In line with the 
concept of deep understanding (Biggs 1996), the focus is on students’ ability to integrate knowledge, exercise 
judgement, engage in dialogue, and justify decisions in context. Drawing on a multi-modal online examination 
implemented in the master’s program in Business Education at WU Vienna, the paper illustrates how written, oral, 
and interactive elements can be combined to address disciplinary learning outcomes while strengthening meaningful 
AI-human relations in education. 

The examination was implemented in the Business Integration I, first offered in the winter semester 2024/25 and 
again in redesigned form in 2025/26. The course provides students with a business education–specific perspective 
on business administration and establishes a structured knowledge base for professional practice. Its overarching 
competence requires reflection on interrelated internal and external business contexts from both business 
administration and business education perspectives. Teaching and learning activities followed a six-step learning 
path combining case-based work, modelling tasks, AI-supported activities, and reflective discussions, aligned 
through constructive alignment. (Geissler/Skala 2025) 

In winter semester 2024/25, the four-hour open-book online examination was based on a comprehensive case study 
on establishing a start-up. Students completed an individual written case analysis, a videotaped individual 
presentation, a videotaped group discussion in randomly assigned teams, and a final written reflection. AI use was 
not prohibited; instead, students were required to critically review AI-generated inputs and take responsibility for 
their arguments. The emphasis on oral explanation and peer interaction ensured that assessment remained centered 
on reasoning, dialogue, and reflection. Student feedback and examiner observations indicated highly positive 
experiences. 

Based on these experiences, the examination was implemented again in the winter semester 2025/26 in a varied 
form. The assessment remained case-based but focused on an established company facing a strategic decision 
between two alternative courses of action. Two adaptations were introduced. First, the individual presentation was 
replaced by the development, justification, and solution of assessment tasks based on the same case, emphasizing 
deep understanding as a core competence in teacher education. Second, the group discussion was replaced by 
examination conversations between pairs of randomly assigned students. These dialogical formats foregrounded 
human interaction in the presence of AI, demanding responsiveness, critical questioning, and argumentative 
negotiation. Again, experiences with the adapted format were highly positive. 
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Across both implementations, the assessment design integrated cognitive, expressive, and social activities, 
combining individual work with structured interaction. The examination positioned AI not as substitute for human 
thinking, but as a catalyst for deeper engagement. 

Three key takeaways emerge:  

1. Established assessment principles such as constructive alignment, validity, and problem orientation remain 
essential.  

2. Fostering deep understanding requires assessment tasks that resist purely algorithmic solutions and demand 
integrated reasoning and judgement.  

3. Generative AI, when acknowledged rather than excluded, opens creative opportunities for designing 
transparent, multi-stage assessments that meaningfully capture learning in contemporary higher education. 

 
Keywords: Multi-Modal Examination Design, Generative Artificial Intelligence (AI), Higher Education Assessment, 
Deep Understanding, Human-Centered Learning, Constructive Alignment 
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Abstract: 

As institutions globally respond to rapid technological change, there is increasing demand for flexible, human-

centred approaches to workforce development. Durable skills such as communication, problem-solving, adaptability, 

and collaboration are consistently identified by employers as critical, yet they are often difficult to assess, credential, 

and scale in ways that are inclusive and adaptable. 

This concise paper presents insights from a cross-sector durable skills microcredentials initiative that applies open 

education principles to the design, delivery, and dissemination of microcredentials. The project brings together 

Maricopa County Community College District, Bank of America, OpenStax, and Pressbooks to develop openly 

licensed, competency-based microcredentials aligned with employer needs while remaining adaptable for diverse 

institutional and regional contexts. 

Pressbooks serves as the open publishing and learning content infrastructure supporting the creation, adaptation, 

and dissemination of microcredential learning materials. Drawing on experience supporting open educational 

resources (OER) across hundreds of institutions globally, the project leverages open licensing, accessibility-first 

design, and platform-enabled remixing to ensure that durable skills content can be localized, updated, and 

integrated into learning management systems and credentialing workflows; relevant for institutions across Europe 

and beyond. 

The initiative organizes high-demand durable skills into 11 competency-based microcredential modules, each 

supported by openly available learning content and aligned assessments. By applying open education practices, the 

project aims to reduce barriers to participation, support institutional customization, and promote equitable access 

for learners. 

This session shares early design insights and implementation considerations, focusing on how open publishing 

platforms and OER practices can strengthen microcredential ecosystems. It explores opportunities and challenges 

of applying openness to microcredentials, and how institutions can leverage open infrastructure to scale skills-based 

learning while maintaining quality and relevance. 

Key takeaways include: 

● How open education principles enhance the design and scalability of microcredentials 

● The role of open publishing platforms in supporting adaptable, accessible microcredential content 
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● Practical considerations for institutions exploring open or mixed licensed microcredential models (openly 

licensed and proprietary) 

Keywords: microcredentials, digital publishing, open publishing, open microcredentials
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Abstract: 
 
As generative AI tools become capable of performing many cognitive tasks, the ability to learn how to learn is 
increasingly recognized as a foundational competency — and one at risk of atrophy through excessive cognitive 
offloading (Oakley et al., 2025). This makes self-regulated learning more important than ever for lifelong learners. 
According to the OECD Triangle of Lifelong Learning (TLL), students need not only academic skills but also effective 
learning strategies, motivation, and a growth mindset to succeed (OECD, 2024). Our project presents a pedagogical 
response to this challenge: a micro-credential online course titled 'The Brain and Lifelong Learning,' designed to give 
learners tools for updating their learning strategies as the technological landscape evolves.  
 
In this project we examine how neuroscientific insight can serve as a rationale for behavioral change across these 
dimensions, by answering the following research questions: 
RQ1: How do students express a neuroscientific understanding of learning?  
RQ2: To what extent does this insight impact their learning strategies, motivation, and growth mindset? 
 
Our study is a single mixed-methods case study exploring student outcomes from the course, combining a qualitative 
discourse analysis of 19 student reflection videos with a quantitative follow-up survey conducted three months later 
to explore the persistence of change in their actual learning practices. Participants included both full-time students 
and working adults. 
 
Reflection videos are analyzed through Russ et al.'s (2008) framework for mechanistic reasoning, while TLL is used 
to categorize and measure impact on students' strategies, motivation, and growth mindset. 
 
Initial analysis of student reflections reveals that students draw on neuroscientific concepts primarily to rationalize 
and motivate behavioral change. 60% (n=15) of respondents reported that neuroscientific knowledge had influenced 
their learning practices to a “great” or “very great” degree. Across the OECD Triangle of Lifelong Learning dimensions, 
the largest self-reported gains were in learning strategies (80%), followed by growth mindset (60%) and motivation 
(53%), with no respondents selecting “none of the above.” Change persisted most strongly for physiologically 
grounded behaviors such as sleep and exercise, while cognitively demanding strategies like active recall remained 
irregular. Thirteen of fifteen respondents also reported that course knowledge had carried over into domains beyond 
formal study, including everyday habits, work, and the teaching of others. These preliminary findings suggest that 
neuroscientific framing may function as a durable rationale for behavioral change, with implications for how micro-
credential courses can be designed to support lasting behavioral change in lifelong learners.

 
Keywords: Micro-credentials, Neuroscience-informed education, Lifelong Learning, Learning strategies, Self-
regulated learning 
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Abstract: 

How can education systems develop the competences required for effective human–AI collaboration while 

simultaneously strengthening connections between vocational education, higher education, and industry? This 

paper addresses this question by analysing emerging competence requirements and institutional responses in 

European higher education and higher vocational education and training (HVET) contexts. 

The study follows a mixed-methods research design combining a structured literature review on future skills and AI-

related competencies, a European-wide survey (n = 150), and semi-structured expert interviews conducted across 

five countries. The analysis focuses on identifying competence gaps and structural barriers in current education and 

training systems, particularly regarding research and innovation capacity. 

The findings result in an empirically grounded competence framework (TRIComp), which structures 22 key 

competencies across domains such as digital transformation, innovation, and interdisciplinary collaboration. The 

results indicate a mismatch between existing training provision and emerging competence demands, especially 

regarding AI literacy, applied research skills, and the ability to operate in complex cross-sector environments. In 

addition, the findings highlight the growing importance of self-directed learning and the evolving role of educators 

as facilitators of inquiry-based and innovation-oriented learning processes. 

Building on these insights, the paper outlines an emerging institutional model for cross-sector education ecosystems, 

conceptualised as a “Technological Village.” The study contributes to current debates on institutional transformation 

and capacity-building by linking empirical evidence on future skill demands with a scalable model for education 

ecosystem design. 

 

 
Keywords: dual higher education, microcredentials, Mid-level Technicians, Competence, institutional 
transformation 

 

How can education systems develop the competences required for effective human–AI collaboration while 

strengthening links between vocational education, higher education, and industry (Adorni, 2025)? This paper 

addresses this question by examining emerging competence requirements and institutional responses in European 

higher education and higher vocational and training contexts.  

The study follows a mixed-methods research design combining (1) a structured literature review on future skills and 

AI-related competencies, (2) a European-wide survey (n = 150), and (3) semi-structured expert interviews conducted 

across five countries (Ehlers & Linscheid, 2025). 
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The analysis focuses on identifying competence gaps and structural barriers in current education and training 

systems, particularly regarding research and innovation capacity.  

The findings result in an empirically grounded competence framework (TRIComp), which structures 22 key 

competencies across domains such as digital transformation, innovation, and interdisciplinary collaboration (Ehlers 

& Linscheid, 2025). 

The results indicate a mismatch between existing training provision and emerging demands, especially regarding AI 

literacy, applied research skills, and the ability to operate in complex, cross-sector environments (HUCO LABS, 2025; 

Adorni, 2025; Stracke et al., 2025). In addition, it becomes increasingly evident that self-directed learning and the 

evolving role of educators as facilitators of inquiry-based and innovation-oriented learning processes are becoming 

more important.  

Building on these insights, the study outlines an emerging institutional model for cross-sector education between 

higher education and HVET institutions' ecosystems, conceptualised as a “Technological Village.” This model 

integrates modular learning pathways, micro-credentialing, and collaborative learning environments that connect 

education, research, and industry. 

Particular emphasis is placed on professional learning structures that enable educators to support competence 

development in their students for human–AI collaboration in their future jobs.   

The paper contributes to current debates on institutional transformation and capacity-building by linking empirical 

evidence on future skill demands with a scalable model for education ecosystem design.  
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Abstract: 
 
At their current stage of development, can micro-credentials truly be considered transnational certifications? The 
Council Recommendation (European Union, 2022) represents the first attempt to systematize micro-credentials 
within the European area. However, it does not define specific procedures regarding recognition: in accordance with 
the principle of educational system autonomy, it leaves the decision to the competent authorities and institutions 
of each individual organization, according to national and institutional procedures that remain heterogeneous. 

This paper presents the design of a work-in-progress qualitative study focused on the degree of interoperability of 
micro-credentials within contexts where the design and use of micro-credentials are already active and structured. 
The purpose is to select a small sample of European Universities Alliances as case studies, as these are transnational 
higher education contexts already grappling with the issue of mutual recognition. The research is structured around 
two main objectives: 

● To identify the conditions that support the interoperability of micro-credentials within European University 
Alliances. 

● To explore how conditions supporting micro-credential interoperability are interpreted, negotiated and 
implemented by actors involved in European University Alliances. 

 
In the European context, interoperability can be understood as the ability of organizations to interact toward 
common goals, sharing information and knowledge through processes supported by the exchange of data between 
ICT systems (European Commission, 2017). The European Higher Education Interoperability Framework (HEIF) 
(European Commission, 2025) articulates this concept across three dimensions: organizational, semantic, and 
technical layers, which relate, respectively, to institutional processes and rules, semantic structures, and technical 
communication standards. 

From a methodological standpoint, an initial phase involved a document analysis of materials produced by the 
alliances, with the aim of identifying the presence of structural conditions that could support the interoperability of 
micro-credentials, adopting these dimensions as an analytical framework. 
 
The preliminary results of this phase formed the basis for designing semi-structured interviews with stakeholders 
active within the alliances. The following phases of the research, therefore, involve the creation of a heterogeneous 
sample of participants for it. 
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The research aims to contribute to an understanding of how higher education institutions interpret and implement 
micro-credentials, highlighting potential effective practices and new directions for development. The objective is to 
offer a critical reflection with findings that are also relevant to other institutional contexts. 
 

Keywords: Micro-credentials, European Higher Education Area, European Universities Alliances, Transnational 

recognition, Interoperability.
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Abstract: 
 
Course descriptions play a critical role in higher education quality assurance (QA), curriculum transparency, and 
learner understanding, yet they often vary widely in clarity, structure, and alignment visibility. While artificial 
intelligence (AI) is increasingly proposed as a tool to support course design and review processes, empirical work 
examining how AI can improve course documentation, without altering course intent or learning outcomes, remains 
limited. 
 
This concise paper presents findings from an exploratory pilot analysis examining AI-supported course description 
improvement using publicly available course materials. The study analyzed sixteen university-level courses (n = 16) 
drawn from computer science and related disciplines. Using a locked prompt restricted to public data only, the AI 
system generated revised course descriptions based on existing descriptions, Course Learning Outcomes (CLOs), and 
content outlines. The analysis did not evaluate course quality; rather, it examined whether AI-generated revisions 
improved clarity, structural coherence, alignment visibility, and reviewer confidence. 
 
Across all pilot cases, AI-generated revisions consistently produced clearer and more coherent course descriptions 
than the original public versions. Improvements were most evident in the explicit articulation of course purpose, 
clearer representation of course scope, improved narrative flow, and increased confidence for reviewers and readers 
seeking to understand what a course entails. Notably, these improvements were achieved without introducing new 
learning outcomes, assessments, or assumptions, demonstrating that meaningful gains in clarity can be achieved 
without content invention. 
 
The magnitude of improvement varied systematically depending on the characteristics of the original 
documentation. Courses with minimal or telegraphic descriptions exhibited the largest gains, as AI effectively 
reconstructed fragmented or list-based text into coherent narratives. Courses with verbose or fragmented 
descriptions benefited from consolidation and improved organizational logic, while dense technical courses showed 
moderate improvements primarily related to readability and cognitive load reduction. Courses with already strong 
descriptions and granular CLOs exhibited only marginal gains, suggesting that AI adds the most value where 
documentation quality is weakest. 
 
Beyond individual course design, these findings have implications for program-level review, accreditation 
preparation, and learner-facing consistency. Clearer and more structurally coherent course descriptions may support 
more reliable quality assurance judgments, reduce interpretive variability across reviewers, and enhance 
transparency for students navigating programs of study. While further human evaluation is required, this exploratory 
work suggests that AI can serve as a responsible, human-centered support tool for improving course documentation 
within scalable QA contexts. 
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Abstract: 

Commuter students constitute 40% of full-time undergraduates in Ireland, yet their learning needs, particularly 

regarding digital access and participation, remain under-examined. This study adapts the UK Whole Provider 

Approach (Thomas, 2024) to investigate how commuting shapes student engagement, digital learning access, and 

academic outcomes within the Irish technological higher education sector. Using two online sector-wide focus 

groups with students and staff (n = 33), student-led jury reflections, and a review of all seven institutional websites, 

the research explores how commuter students are positioned and supported. 

Findings show that long, costly commutes reduce students’ study time and limit their ability to attend early, late, or 

on-campus sessions, increasing a reliance on digital and hybrid learning modes. However, institutional policies and 

timetabling practices often fail to provide predictable, accessible digital or hybrid learning options. Students 

reported that inconsistent blended delivery, limited online support, and the scheduling of key academic and social 

activities outside commuting windows inhibited equitable participation. A sectoral website review further revealed 

assumptions that students live near the campus and there is minimal recognition of commuter-specific digital or 

engagement needs. 

The study highlights the need for sector-wide definitions of commuter students, inclusive policy design, and 

data-driven decision-making to enhance access to digital learning. Recommended actions include 

commuter-sensitive timetabling, default integration of blended/hybrid delivery, increased online and daytime 

events, and targeted financial and academic supports. Creating digitally inclusive and commuter-compassionate 

environments requires leadership at national and institutional levels. Findings inform ongoing work to embed these 

recommendations across the Irish higher education sector. For further information view 

https://ATU.ie/CommuterStudentProject  
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Abstract: 
 
This study investigates how preservice mathematics teachers can be guided toward responsible AI use in seminar 
papers. Comparing two academic years  -  before and after structured guidance was introduced—it examines 
transparency, critical engagement, and students’ ability to distinguish AI-generated from human-written texts. 
Findings indicate that explicit pedagogical framing significantly improves both ethical awareness and the quality of 
AI integration in academic work. 

 
Keywords: Mathematics Teacher Preparation, Responsible AI Use, Generative AI, Digital Literacy, Higher 

Education 

 

Implementing Structured Guidance for Responsible AI Use 

This study examines how preservice mathematics teachers can be guided toward appropriate and responsible use 
of AI tools in seminar papers. As the integration of generative AI in higher education raises new questions about 
authorship and academic integrity (Zawacki-Richter et al., 2019), it is important to understand whether students’ 
stated definitions of proper AI use align with their actual practices. The central research question was whether 
structured pedagogical guidance leads to more transparent and critically reflective AI use. The study also explores 
students’ ability to distinguish between peer-written, encyclopedic, and AI-generated texts. 

The study was conducted over two consecutive academic years with third-year preservice mathematics teachers at  
a teacher education college in Israel. In the first year, one cohort of 29 students participated; in the second year, 
two cohorts of 19 and 21 students respectively. As part of a mathematics seminar course, students selected a topic 
in disciplinary mathematics, conducted a literature review, presented their findings, and submitted a written 
seminar paper. 

In the first year, before structured guidance on AI use was introduced, 4 of 29 students made extensive and 
unreported use of AI in their seminar papers. An additional 7 students used AI extensively but in an uncritical manner, 
although they did report its use. These findings highlighted the dual challenge of promoting both ethical 
transparency and critical engagement. 

In the second year, structured guidance was implemented. Results indicate greater transparency and increased 
reflective engagement in students’ AI use. Students used AI iteratively to refine research topics, generated 
illustrative examples generated illustrative examples (e.g., simplified endgame situations in Mancala to clarify 
strategic reasoning), and employed AI for language editing. This aligns with calls for pedagogical scaffolding that 
promotes critical rather than passive AI use (Selwyn, 2022). Notably, differences emerged between students who 
uncritically adopted AI-generated revisions and those who engaged in iterative prompting to personalize and 
improve the output. 
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When asked to distinguish between text types, a majority of students correctly identified AI-generated and non-AI 
texts, suggesting awareness of stylistic and structural features. 

The findings highlight the importance of explicit pedagogical framing and reflective practice for supporting informed 
and responsible AI integration in teacher education. 
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Abstract: 
 
As artificial intelligence As artificial intelligence (AI) rapidly reshapes the higher education landscape, universities 
are challenged to adopt approaches that support academic excellence while safeguarding integrity and trust. This 
proposal introduces an emerging collaboration between a UK and Irish university focused on embedding AI 
strategically and ethically across governance structures, quality assurance frameworks, curriculum design, and staff 
development. Both institutions recognise the opportunities and challenges generative AI presents, and importance 
of embedding AI considerations into programme design, assessment practice, staff development, and academic 
integrity.  

This session will share our early-stage thinking, mutual learning, and foundations we are building to support models 
for AI enabled education that are agile, ethical, and pedagogically transformative.  

 
Keywords: Cross-Institutional Collaboration, Governance and Strategy, Curriculum Design, Staff Development 

 
1. Governance and Strategic Oversight: Establishing an AI Steering Group 

To provide clear institutional leadership, both universities have established AI Steering Groups with cross functional 
representation. Both groups are exploratory in nature, bringing together colleagues from across the institution to 
map opportunities, risks, and institutional priorities. Our collaboration enables us to compare approaches, identify 
common challenges, and consider how joint governance conversations may strengthen strategic alignment. The 
presentation will focus on the formative stages of this work, including questions being explored and emerging shared 
principles. list please use the style recommended in the current edition of the Publication Manual of the American 
Psychological Association (APA) 7th edition. This prescribes alphabetical order by first author. Titles of items should 
be in sentence case. 

2. Embedding AI within Educational design and delivery 

Recognising the profound implications of generative AI for assessment and integrity, the partnership prioritised 
embedding AI into Academic Integrity policies and related quality assurance processes2. Both universities have 
updated their frameworks to support transparent, ethical use of AI by students and staff; clarify permissible and 
impermissible uses; and ensure assessment design is resilient, authentic, and inclusive.  

Both universities are now in the process of developing new educational strategies and curriculum design, within 
which AI is emerging as a key enabler of innovation and student experience. This aspect of the partnership has 
focused on exploring potential pedagogical models and identifying priority areas for pilot activity. We will share 
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proposals for shared pilots, cross institutional staff working groups, and case studies illustrating how AI will be used 
to enhance learning design and student AI skills. 

3. Staff Development and Continuous Professional Learning 

Both universities recognise that staff capability is foundational to any future AI strategy1, and are centred on 
identifying staff needs, mapping existing expertise, and exploring joint opportunities for training resources, 
workshops, and communities of practice. We will share the initial frameworks we are developing and the value of 
approaching staff development collaboratively from the outset and how this collaboration can enrich professional 
learning cultures and accelerate capacity building in both institutions. 

4. Future Directions – a Shared Space for Innovation and Co Creation 

Finally, we will outline the next steps for this developing partnership, including the possibility of shared pilots, 
student facing initiatives, and joint research. This conference session will therefore offer participants insight into 
how two universities are beginning to think together, providing a candid view of early-stage collaboration during a 
time of sector transformation and rapid technological change.  

1. Alnsour, M.M., Qouzah, L., Aljamani, S., Alamoush, R.A. and AL-Omiri, M.K. (2025). AI in education: 
enhancing learning potential and addressing ethical considerations among academic staff—a cross-sectional 
study at the University of Jordan. International Journal for Educational Integrity, 21(1), p.16  

2. Kumar, R., Eaton, S.E., Mindzak, M. and Morrison, R. (2024). Academic integrity and artificial intelligence: An 
overview. Second handbook of academic integrity, pp.1583-1596. 
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Abstract: 

How can institutions truly transform to deliver seamless, digital-first mobility experiences, and what will it take to 
turn the European Student Card Initiative into a catalyst for smarter processes, empowered learners, and a fully 
connected European education ecosystem? 

The European Student Card Initiative (ESCI https://erasmus-plus.ec.europa.eu/european-student-card-initiative) 
supports both institutional transformation and student agency by simplifying administrative processes and 
enhancing digitalisation in Erasmus+ mobility exchanges, whether in-person, blended or fully online. ESCI 
encompasses three pillars: Erasmus Without Paper (EWP), the European Student Card (ESC) and the Erasmus+ App.  

• EWP enables higher education institutions (HEIs) to manage student mobility by connecting their mobility 
management systems to exchange Institutional Agreements, nominate students for Erasmus+ mobilities, 
establish Learning Agreements, and share Transcripts of Records; 

• The ESC gives a European dimension to existing student cards, validating student identity throughout the 
European Higher Education Area and enabling students to access on- and off-campus services wherever 
they are studying; 

• The Erasmus+ App enables students to access useful information throughout their mobility journey, and 
HEIs to share events and deals relevant for students. 

Launched in 2017, ESCI has become a flagship initiative for the digitalisation of the Erasmus+ programme in higher 
education, with over 60% of Learning Agreements exchanged digitally and over 3,600 higher education institutions 
exchanging student data through EWP, and more than 4.5 million ESCs issued to date (European Commission, 2026).  

To prepare the ground for the 2028-2034 Erasmus+ programme, the European Commission ran a large-scale 
consultation in the first half of 2026 to gather input from across the European higher education and student 
community on the future evolution of the initiative and its ecosystem. 

The consultation, organised by NTT DATA for EACEA on behalf of the European Commission, consisted of a large-
scale survey combined with targeted in-person focus groups and online consultation workshops with a range of ESCI 
stakeholders, from HEIs implementing EWP and ESC, Digital Officers within National Authorities and Erasmus+ 
National Agencies, third-party providers, and of course students themselves, as end users and beneficiaries of the 
overall Initiative. During this period, these stakeholders shared their views, identified challenges and contributed to 
defining priorities and opportunities for the next phase of ESCI – building on real implementation experiences, 
specific needs and user perspectives. 

The preliminary results of this consultation will be presented to the ESCI community during a dedicated event 
organised by the European Commission in Brussels mid-June. The 2026 EDEN Annual Conference in Porto is thus the 

https://erasmus-plus.ec.europa.eu/european-student-card-initiative
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perfect forum to ensure that the results of this consultation reach a broader audience, to further enhance student 
mobility in the coming years.  

 
Keywords: mobility, Erasmus+, digitalisation, institutional transformation, student empowerment 
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Abstract: 
 
Professional Digital Competence (PDC) — the capacity of teachers to use digital tools and resources critically, 
creatively, and pedagogically — is a stated policy aim in teacher education across Europe, formalized through 
frameworks such as DigCompEdu (Redecker, 2017) and the Norwegian PfDK framework (Norwegian Directorate for 
Education and Training, 2024). Yet despite clear policy ambitions, PDC remains inconsistently and often superficially 
integrated into teacher education programmes. This paper shifts the analytical lens from individual competence 
development to the organizational conditions that enable or constrain PDC integration. 

Drawing on an exploratory case study at a Norwegian teacher education institution, the study analyzed policy 
documents, coursework assignments, and exam descriptions, and conducted focus group interviews with 
programme leaders and department heads. Thematic analysis revealed four interrelated organizational barriers: 
weak policy anchoring, diffuse responsibility, a norm of professional non-interference, and subject-silo 
fragmentation. Together, these barriers form a self-reinforcing pattern in which PDC remains structurally 
marginalized regardless of individual commitment. 

The findings suggest that effective integration requires systemic rather than individual-level interventions: 
formalizing PDC mandates within institutional governance structures, assigning dedicated coordination roles, 
embedding PDC in quality assurance and reporting routines, and establishing cross-subject coordination 
mechanisms. The paper speaks directly to programme leaders, academic developers, and institutional quality staff 
seeking to understand why PDC efforts fail — and what structural conditions are needed to make them sustainable. 

 
Keywords: professional digital competence, teacher education, organisational barriers, quality assurance, 
curriculum integration, institutional structures 

 
 

1. Introduction 

Professional Digital Competence (PDC) — encompassing teachers' ability to use digital tools critically, creatively, and 
in subject-relevant ways — has been a policy priority in Norwegian teacher education for over a decade. The national 
PfDK framework (Norwegian Directorate for Education and Training, 2024) articulates a broad vision for what 
digitally competent teachers should know and be able to do, building on the European DigCompEdu framework 
(Redecker, 2017) and drawing on a long research tradition linking teacher digital competence to learning outcomes 
(Instefjord & Munthe, 2017; Mishra & Koehler, 2006). 

Yet a persistent gap exists between policy aspiration and programme reality. A recent scoping review of PDC in 
Norwegian teacher education found that research consistently describes PDC as fragmented, individually driven, and 
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dependent on personal initiative rather than structural design (Norhagen et al., 2024). PDC tends to be enacted by 
committed individuals rather than embedded in programme architecture — making it vulnerable to leadership 
changes, shifting priorities, and resource constraints. 

This paper reports findings from the second study in a three-part PhD project examining how PDC is understood, 
organised, and enacted in Norwegian teacher education. While the scoping review mapped the research landscape 
(Norhagen et al., 2024), the present study examines the organizational mechanisms that explain why PDC integration 
remains weak. The focus is deliberately institutional: rather than asking what individual teachers know or do, the 
paper asks what structural conditions allow — or prevent — PDC from becoming a shared programme responsibility. 

This question is relevant not only to researchers but for those who govern programmes: programme leaders, 
department heads, curriculum designers, and quality assurance staff. Understanding the organizational logic that 
keeps PDC marginalized is a prerequisite for designing interventions that can actually change it. 

2. Method 

The study employed an exploratory case study design (Yin, 2018) at a single Norwegian teacher education institution. 
Data sources included institutional policy documents, study plans, coursework assignment descriptions, and exam 
briefs. In addition, five focus group interviews were conducted with programme leaders and department heads — 
the actors formally responsible for programme design and quality assurance at the institution. 

Interview data were analyzed using reflexive thematic analysis (Braun & Clarke, 2006), with themes developed 
inductively from participants' descriptions of how PDC responsibilities were understood, distributed, and enacted in 
practice.  

The case study design does not support statistical generalization, but the institutional structures examined — 
programme leadership hierarchies, national regulatory frameworks, quality assurance systems — are broadly shared 
across Norwegian teacher education institutions and likely have parallels in comparable European contexts. 

3. Findings: Four Interrelated Organizational Barriers 

Thematic analysis of the interview data revealed four barriers that together explain the persistent marginalization 
of PDC in the case institution. 

3.1 Weak Policy Anchoring 

The national PfDK framework sits outside the formal "governance line" that programme leaders follow when 
designing study plans. Leaders described the framework as peripheral — a resource they were aware of but not 
required to follow. Unlike national curriculum guidelines and institutional study regulations, PDC carried no binding 
mandate, and its relationship to formal quality requirements was unclear. One programme leader described it as a 
"detour" from the chain of regulations and guidelines that actually guided planning decisions. Without formal 
integration into the regulatory structures that govern programme design, the framework remained an optional 
reference rather than a structuring norm. 

3.2 Diffuse Responsibility 

PDC is formally distributed across all programme levels — across national frameworks, institutional leadership, 
department heads, and individual course coordinators. In practice, this distribution created ambiguity rather than 
accountability. PDC "floated" between levels, with each actor assuming that others held primary responsibility. No 
actor described a clear mandate or specific authority over PDC at the programme level. This diffusion is not unique 
to PDC; it reflects a broader feature of Norwegian teacher education governance in which responsibility for cross-
cutting competences is challenging to distribute. 
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3.3 A Norm of Professional Non-Interference 

Even where PDC was discussed at the department level, a deeply rooted norm of professional autonomy discouraged 
oversight. Programme leaders and department heads described a reluctance to map, monitor, or communicate 
cross-subject PDC coverage, because doing so might be perceived as overstepping the boundaries of collegial 
autonomy. No cross-subject overview of PDC existed at the institution. In some departments, informal plans existed, 
but they were kept internal and never reported upward or outward — making institutional coordination structurally 
impossible. 

3.4 Subject-Silo Fragmentation 

In the absence of programme-wide coordination, each subject discipline interpreted PDC through its own lens. PDC 
was typically anchored in the national school curriculum for the relevant subject — privileging instrumental digital 
skills directly tied to subject content — while marginalizing cross-cutting concerns such as digital ethics, privacy, and 
student digital well-being. The broader PDC framework was rarely used as a common reference point. This 
disciplinary fragmentation ensured that students' PDC development depended entirely on the priorities of individual 
subject coordinators, with no mechanism for ensuring breadth or coherence. 

4. Discussion: A Self-Reinforcing Pattern 

These four barriers do not operate independently; they form a self-reinforcing system (Meadows, 2008). Weak policy 
anchoring enables unclear responsibility; diffuse responsibility is sustained and legitimized by the norm of non-
interference; non-interference produces subject silos; and subject silos remain invisible because the institutional 
quality system captures neither the gaps nor the fragmentation. 

This systemic dynamic has an important implication: piecemeal interventions lack effective leverage. Focusing on 
developing individual competence — such as offering workshops and motivating teachers — only tackles symptoms, 
not root causes. As long as the structural conditions stay the same, PDC will rely on individual enthusiasm rather 
than institutional support. What the findings point to instead is a set of structural interventions: formalizing PDC 
within the binding governance documents that programme leaders actually use; assigning dedicated coordination 
roles rather than distributing responsibility diffusely; embedding PDC as an explicit dimension of institutional quality 
assurance and reporting; and establishing cross-subject coordination forums that are resourced and can survive 
leadership transitions. 

These implications speak directly to programme leaders and institutional managers. Quality assurance systems in 
teacher education typically capture what students learn within courses; they rarely capture what students are not 
learning across the programme as a whole. PDC, as a cross-cutting competence, falls through exactly this gap. Making 
it visible in quality systems is a precondition for making it accountable. 

5. Conclusion 

This paper has examined why PDC integration in teacher education remains weak despite sustained policy attention. 
The findings from a Norwegian case study suggest that the barriers are not primarily attitudinal — they are structural. 
Weak policy anchoring, diffuse responsibility, professional non-interference, and subject-silo fragmentation form a 
self-reinforcing pattern that individual effort cannot overcome. 

Effective responses must target this pattern at the system level. For programme leaders and quality assurance staff, 
the practical implication is straightforward: PDC will not be embedded through inspiration alone. It requires the 
same institutional scaffolding — mandates, roles, monitoring, coordination — that any serious programme priority 
requires. 
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Abstract: 
 
Research on online teacher professional development (PD) increasingly draws on multiple sources of evidence, 
including self-report questionnaires, platform-based participation metrics, and, more recently, cognitive-task 
measures. While each of these approaches captures a different aspect of teacher learning and transfer, it remains 
unclear how they should be interpreted together within a single analytic framework. This concise paper addresses 
that question through a study of in-service Lithuanian informatics teachers enrolled in a nationwide online PD 
platform. 

The study brings together three types of indicators: (1) Learning Transfer System Inventory (LTSI) dimensions 
reflecting perceived transfer conditions, motivation, and constraints; (2) cognitive-task measures indexing working 
memory, associative learning, and generalization; and (3) platform traces capturing patterns of uptake and 
engagement during the PD process. Preliminary analyses suggest that stronger cognitive performance is not 
reflected in uniformly higher transfer scores. Instead, associations appear at the level of particular LTSI dimensions, 
indicating that cognitive-task outcomes map onto selected aspects of transfer readiness rather than overall self-
reported transfer conditions. This pattern is important methodologically: it suggests that collapsing across 
questionnaire dimensions or across cognitive-task outcomes may obscure the structure of the relationships under 
study. It also raises the broader question of how platform-based engagement indicators should be interpreted when 
they do not align neatly with either self-report or performance-based measures. 

The discussion therefore focuses on how to build multi-indicator designs for studying teacher learning in digital 
environments. The paper argues that combining cognitive, self-reported, and behavioral data is valuable not because 
it produces a single definitive measure, but because it reveals different layers of the learning and transfer process. 
This has implications both for theory-building and for the design of online PD systems that aim to support a wider 
range of learner profiles. 

Keywords: teacher professional development; cognitive tasks; Learning Transfer System Inventory (LTSI); multi-
indicator design; online platform 

 
Acknowledgments 

This research No. P-EDU-23-21 is co-funded by the European Union (the project "Breakthrough in Educational 
Research" No 10-044-P-0001) under the 1st April 2025 Agreement with the Research Council of Lithuania RCOL) and 
the 15th April 2025 Joint Activity Agreement with Vilnius University. 

  



Professional development and digital scholarship 

 

145 

 

 
 

A radically mundane approach to genAI technologies in higher 
education: A call to avoid magical thinking on capacity building 
for digital transformation 
 

James Brunton1 
 
1 School of Psychology, Dublin City University, Ireland; james.brunton@dcu.ie  
 
Correspondence: James Brunton: james.brunton@dcu.ie  

 
 
Abstract: 
 
From social media posts to journal articles, many calls are being made on staff in higher education to gain, and/or 
improve their, ‘AI literacies’. The discourse around how higher education should be dealing with the emergence of 
these innovative, disruptive, and rapidly evolving technologies centre around:  

● inevitability, in that the technology is here, students are using it, staff should, or even must, accept and 
engage with these technologies. Discourse also frequently acknowledges ethical issues accompanying 
different AI tools, while in the same breath saying that their use is both unavoidable and desirable. Non-
engagement is now often being framed as an extreme, irresponsible position to take; 

● individual responsibility, in that exploring and establishing ways of integrating these technologies into 
teaching and learning practices falls to each individual as part of their professional responsibilities; 

● limited systemic accountability, in that the role of the institution is limited to generating policy and high-
level guidance, providing the typically limited degree of training and educational development in teaching 
and learning, and setting expectations for individual staff to develop their own capacity. The discourse on 
AI technologies in higher education is frequently divorced from discussions of existing institutional digital 
competency frameworks and related, strategic, resourced capacity building for staff and students. 

 

Most of the ideas and proposed interventions in this space are doomed to fail as they are constructed on the shaky 
foundations of existing, dysfunctional dynamics in higher education. I propose an alternative, radically mundane 
approach for how higher education staff can be positioned to be able to approach any technology, including new, 
innovative, and disruptive technologies, in their teaching and learning work. This approach is grounded in existing 
models of staff capacity building and a rejection of the nonsensical and taboo positioning of higher education staff 
capacity as magically infinite. In this presentation I put forward that: 

3. Any attempt to bring a technology/set of technologies into educational practices should be grounded in an 
ecosystem of evidence-based capacity building in teaching and learning more broadly, and digital 
competencies specifically, and a framework for ethical use of technology in teaching and learning; 

4. Discourse on use of new technologies in higher education should be set in the context of critical scholarship 
on the potentially long-term consequences of engaging in the type of ‘magic buttonism’ that accompanies 
techno-optimistic/techno-deterministic discourse, rather than investing in staff capacity building and 
institutional structures to support staff and student engagement in digital teaching and learning; 

5. Discourse on ‘AI in higher education’ cannot be divorced from acknowledgment of existing, problematic 
workload practices and related academic culture issues detailed in the literature; and 
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6. The practice of higher education institutions devolving ultimate responsibility for complex, systematic issues, 
such as ‘AI in higher education’ down to the level of the individual academics while simultaneously not 
addressing issues with academic work role definitions, workload, and underpinning academic culture will 
only serve to exacerbate the psychosocial hazards of academic work, with consequent, negative 
occupational health outcomes. 

 
Keywords: capacity building, digital competencies, ethical technology use, digital teaching and learning, workload 
practices, academic culture 
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Abstract: 

The Accelerate Future HEI project, funded under Horizon Europe, was the incubator which sparked the idea for the 
pedagogical approach proposed in this paper. By working to transform Higher Education Institutions (HEIs) across 
Europe into more entrepreneurial and innovative organizations, through skills development programmes, 
transformation roadmaps, and acceleration services, Accelerate Future HEI is encouraging the development of 
ecosystems where project-based learning is embedded in the curricula. When institutions commit to building staff 
and student capacity for innovation and engagement, assessment methods must evolve accordingly. Evaluating 
digital entrepreneurship students through real projects helps them develop applied, outcome-oriented mindsets. In 
this sense, project-based assessment is both a pedagogical tool and a strategic instrument, aligned with the broader 
European ambition to make HEIs active drivers of social and economic development.  Project-based teaching, when 
designed with rigour and intentionality, has been shown to produce meaningful and lasting learning experiences 
that prepare students for real-world professional challenges (Boss & Larmer, 2018). 
Building on our previous work developing international innovative living labs as collaborative, experiential learning 
environments for engineering education, this paper extends that framework into the context of project-based 
assessment for digital entrepreneurship students (Andone et al., 2022).  
The assessment was built around an unconventional project premise: students were assigned fictional startup 
concepts involving impossible or speculative capabilities (for eg. human flight without a vehicle, underwater 
breathing, instant teleportation, gravity manipulation, cybernetic augmentation, or invulnerability to pain) and 
tasked with developing a viable digital solution for their chosen concept. Working in teams of three, students 
followed the full design thinking process across five structured stages with sequential deadlines: Empathize (user 
interviews and research), Define (problem statement and target audience), Ideate (open brainstorming), Prototype 
(low-fidelity sketches, wireframes, or mockups), and Test (feedback collection and iteration). Design thinking has 
been shown to shape not only individual problem-solving but also broader organisational culture, making it a 
particularly valuable methodology to embed in higher education settings where institutional transformation is a 
stated goal (Elsbach & Stigliani, 2018). Drawing on principles from gamification research, which emphasises 
engagement, progression, and intrinsic motivation as drivers of deeper learning, the assessment design sought to 
replicate these qualities through structured, stage-based project work (Kim et al., 2017). Evaluation focused on the 
quality of the reasoning process and documentation, including notes, sketches, and interview observations, 
reflecting a deliberate pedagogical commitment to learning-by-doing rather than outcome perfection. 
As a part of their exam, students were asked to fill in a 26-item post-assessment questionnaire designed to capture 
both their subjective experience and their reflective learning. Students rated the overall interest and challenge level 
of the project, identified which design thinking stage they found most difficult and most useful. The questionnaire 
also probed team dynamics, asking students to flag specific collaboration difficulties such as communication issues, 
unequal task distribution, or lack of engagement. A dedicated section explored tool usage across the five stages, 
including whether students had employed digital tools (such as Miro, Canva, or FigJam) or AI instruments, and in 
which phases. The questionnaire closed with two open-ended reflections on the most valuable takeaway and 
suggested improvements. 
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An analysis of student reflections on the most valuable learning from the assignment several points appear to repeat 
themselves. The most highlighted was a shift in mindset from idea-centric to user-centric thinking: multiple students 
noted that they had begun the project focused on making something extraordinary and spectacular, only to discover 
through the Empathize and Test stages that real users prioritise safety, control, and emotional trust over novelty. 
Closely related was the appreciation for the design thinking process itself as a structuring framework. Students 
highlighted how working through sequential, documented stages helped them move from abstract ideas to 
coherent, justified solutions, and how low-fidelity prototyping made iteration feel manageable rather than 
overwhelming. Teamwork and communication also featured prominently, with several respondents identifying 
collaborative brainstorming as the key mechanism through which ideas were refined and elevated. Taken together, 
the responses suggest that the project succeeded in making experiential and process-oriented learning visible to 
students — not merely as a method, but as a transferable professional habit. 
This pedagogical approach is part of the digital transformation strategy for education and research at the Politehnica 
University of Timisoara (UPT). Digital transformation of UPT will not be a simple process of shifting from traditional 
tools and procedures to digital ones. It will encompass a suite of projects and initiatives that will drive the university 
towards a strategic position in the West region of Romania. Thus, multiple stakeholders will be involved either as 
beneficiaries, or as sponsors or partners, including companies, students, alumni, teachers and management 
personnel. Our aim is to focus on challenge-based learning as a pedagogical approach to teaching activities, to foster 
digital education (Andone, 2026). 
As this work is ongoing and the full dataset is still being analysed, the findings presented here represent an early-
stage overview intended to open discussion. The full findings of the questionnaire and the exam will be presented 
in a more detailed paper. 
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Abstract: 
 
As higher education institutions increasingly adopt data-informed and AI-enabled approaches to curriculum design, 
questions arise not only about what technologies can do, but about how professional judgement and educational 
responsibility are sustained within these systems. This experience paper examines the design and early use of 
programme-level technology-enhanced learning (TEL) decision-support tools developed to operationalise an 
institutional education model within an Irish higher education context. 
The work presented reflects on a staged design approach that began with non-AI, data-informed tools such as Power 
BI and Microsoft Forms to make programme-level patterns visible, and evolved towards more flexible, facilitation-
oriented analytical tools designed to support collective sense-making rather than automated judgement. Focusing 
on delivery modality and assessment coherence, the paper explores how visual and narrative artefacts supported 
collective sense-making among programme teams, while also revealing the limits of dashboard-driven approaches 
when detached from dialogue and context. 
Rather than presenting evaluative outcomes, the paper offers reflective insights into the socio-technical conditions 
required to support meaningful programme-level decision-making. It positions human-centred sense-making as a 
necessary foundation for responsible Human–AI collaboration in curriculum analytics, arguing that AI systems 
introduced without shared interpretive practices risk narrowing, rather than augmenting, educational judgement. 
The paper contributes lessons of relevance to institutions seeking to integrate TEL and AI into curriculum planning 
while sustaining professional agency and educational responsibility. 

 

 
Keywords: technology-enhanced learning; programme-level curriculum design; professional judgement; 
educational development; human–AI collaboration; quality enhancement 

 

Summary 

This poster presents the design and early use of programme-level technology-enhanced learning decision-support 
tools developed to support curriculum conversations within an Irish higher education context. The work responds 
to a common challenge in higher education: institutional education models often express strong educational 
intentions around coherence, flexibility, assessment, inclusion, and learner experience, but programme teams need 
practical ways to interpret these priorities across whole programmes rather than at the level of individual modules. 
The poster focuses on two areas where programme-level visibility proved especially valuable: delivery modality and 
assessment coherence. It outlines how an initial approach using Microsoft Forms and Power BI helped make 
programme-level patterns visible, while also revealing the limits of static dashboards when used without facilitation, 
narrative framing, and professional dialogue. These insights informed the development of more flexible, facilitation-
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oriented tools designed to support exploration, shared interpretation, and collective educational judgement rather 
than automated or compliance-based decision-making. The poster argues that the value of TEL and emerging AI-
supported curriculum analytics lies not in replacing professional judgement, but in helping programme teams see, 
discuss, and take responsibility for the cumulative consequences of their design decisions. By positioning 
visualisations and reports as conversational artefacts, the work highlights the importance of human-centred sense-
making as a foundation for responsible Human–AI collaboration in curriculum planning 
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Abstract: 
 
For a long time, debates on generative AI primarily focused on its potential to transform the world of work. Since 
the release of ChatGPT, however, the transformative potential of AI in education has increasingly moved to the 
center of current discussions. In this context, expectations such as the democratization of education are frequently 
articulated (e.g., St-Hilaire et al., 2022). Previous research on digital inequalities, however, repeatedly indicates that 
material access alone does not constitute sufficient condition for overcoming the existing digital divide among 
students (e.g., DiMaggio et al., 2004). 

Nevertheless, it remains largely empirically unclear whether and to what extent the use of generative AI depends on 
students’ social backgrounds. This holds true, even though the competent use of applications such as ChatGPT can 
be conceptualized as a form of embodied cultural or digital capital from a Bourdieusian perspective (Bourdieu, 1986; 
Ragnedda & Ruiu, 2020), which may increasingly be regarded as an important aspect of participation in education, 
the labor market and social reproduction (Bourdieu & Passeron, 2000). 

Against this background, the planned dissertation aims to generate insights into digital educational inequalities from 
a Bourdieusian perspective, with particular attention to the use of generative AI in educational processes. Within 
the poster presentation, the methodological conception of this research project will be the primary focus. 

This will be achieved by providing a brief overview of the theoretical framework, the existing research gaps, and the 
resulting research questions. The following research interest guides the project underlying this contribution: Which 
forms of digital educational inequalities—particularly in relation to the use of generative AI—can be empirically 
reconstructed among eighth-grade students from a Bourdieusian perspective? 

A qualitative exploration of students’ experiences with and practices of using generative AI drawing on original data 
constitutes the empirical core of the dissertation. Specifically, problem-centered interviews, participant 
observations and document analysis will be triangulated using data from 16 to 24 eighth-grade students from 
different social backgrounds, gender and first languages. 

The audience will be invited to critically discuss the research questions in relation to the qualitative part of the 
research design presented in depth in the poster. Methodologically, however, the entire project is designed as a 
mixed-methods approach, thereby reflecting Pierre Bourdieu’s claim to overcome classical antinomies in social 
science (e.g., qualitative vs. quantitative, structure vs. agency) (Fries, 2009). 

A quantitative investigation based on existing data from the International Computer and Information Literacy Study 
(ICILS) makes it possible to examine social inequalities in the instruction-related use of generative AI within the 
broader context of digital inequalities among students in eighth grade in Europe. A systematic review of the 
reception of Bourdieu in the study of digital inequalities in education constitutes another important preparatory 
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step, as it contributes to the theoretical positioning of the study, to the reflection of the methodological approach, 
and to the engagement with the existing empirical literature.   

 
Keywords: Bourdieu, Digital Divide, Educational Inequality, Generative AI, Mixed-Methods Design 
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Abstract:  
 
This poster presents the Perfact Perspectives AI‑Advisor project, funded by the Erasmus+ cooperative partnerships 
initiative in adult education (through the national agency in Liechtenstein, AIBA). The prototype supports 
metacognition and perspective change through structured AI‑mediated reflection. A mixed‑methods evaluation 
examines functionality, effectiveness, trust in AI, and user characteristics to understand how AI‑supported reflection 
can foster perspective change and expansion.

 
Keywords: AI-mediated reflection; perspective change; trust in AI; metacognition; Human-AI interaction; user 
experience 

 
Summary 

The Perfact Perspectives AI-Advisor prototype, developed as a funded project within the Erasmus+ cooperative 
partnerships initiative for adult education1, is designed to facilitate metacognitive reflection and support users in 
expanding or changing their perspectives through human-AI dialog. The AI-Advisor engages users in real time 
conversation, visualises the interaction process, and provides structured summaries moving through three distinct 
phases of reflection (recognizing, understanding, changing). Beginning with a simple perspective statement, users 
are guided toward greater clarity as they consider alternatives or even multiple perspectives. 

The evaluation of the AI-Advisor examines two core user experience dimensions: Functionality (usability and 
technical features) and effectiveness (support for reflection and perspective change). Both of these dimensions are 
represented in the project’s main research questions: RQ1 - How does the AI Advisor function in real user 
interactions (functionality)? RQ2 - How effectively does the AI-Advisor support reflective processes for perspective 
expansion and change (effectiveness)? 

Grounded in Blut et al.’s (2022) meta-analysis of literature on technology acceptance and the framework of user 
trust in AI developed by Yang and Wibowo (2022), the project investigates how interactions with the AI-Advisor in 
mediated dialog impact user self-beliefs, attitudes, and metacognitive or behavioural responses. Trust in AI is 
included as a potential mediator, reflecting broader evidence that “trust is a critical determinant of the successful 
adoption of AI technology” (Afroogh et al., 2024, p. 20). User characteristics (e.g., educational level, AI literacy, 

 
1 Disclaimer: Funded by the European Union. Views and opinions expressed are however those of the author(s) only and do not 
necessarily reflect those of the European Union or the European Education and Culture Executive Agency (EACEA). Neither the 
European Union nor EACEA can be held responsible for them. 
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personal innovativeness) are included as moderators capturing individual differences influencing engagement with 
the AI-Advisor.  

 

 

Figure 1: Conceptual framework for evaluating the Perfact Perspectives AI-Advisor 

The conceptual framework for the research design is presented in Figure 1 and the list of variables investigated in 
the project are outlined in Table 1 (including scale references). 

Table 1: Constructs and Variables Included in the Evaluation 

Variables Construct/Dimension Scale Sources 

Outcomes  

(dependent variables) 

Self-Belief Change 

 General self-efficacy 

Attitudinal Change 

 Attitudes towards AI 

Metacognitive Change 

 Possibility Thinking 

 WISE-Reasoning 

Behavioural Change 

 Openness to perspective change 

 

Chen et al. (2001) 

 

Stein et al. (2024) 

 

Glăveanu et al. (2024) 

Brienza et al. (2018) 

 

Krumrei-Mancuso & Rouse (2016) 

Predictors 

(independent variables) 

Functionality  

 Artificial Social Agent Questionnaire 

(ASAQ) 

 

Fitrianie et al. (2025) 

 Effectiveness Self-generated items based on 

reflection model 

Mediator Trust in AI Jiang et al. (2025) 

Moderators 

 

Individual Differences 

 Personal innovativeness 

 

Agarwal & Karahanna (2000) 
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The prototype has now reached a stage suitable for real user testing and is currently being evaluated in a series of 
small user experience workshops. A preliminary pilot study has already been completed, and the main evaluation is 
now underway using a mixed methods approach that combines quantitative pre-post online surveys with qualitative 
interviews. Evaluation activities and the dissemination of emerging findings will continue until the project concludes 
at the end of August 2026. 

Insights from user data and feedback will be used to refine the conversational structure, improve perspective 
prompts, and strengthen the reflection process. Future development efforts will continue to explore the potential 
of the AI Advisor as a supportive educational technology in adult education contexts. 
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Abstract:  
 
The rapid integration of Generative Artificial Intelligence (GenAI), particularly ChatGPT, has fundamentally altered 
the pedagogical landscape of higher education. This paper explores the impact of GENAI on learning within Distance 
Education (DE), focusing on student perceptions and usage patterns to envisage the future role of the teacher. 
Drawing on a case study of students in the Master’s in e-Learning Pedagogy (mPeL) at a public distance-teaching 
university in Portugal, the research identifies a high adoption rate of AI tools for cognitive, organizational, and 
motivational support. While students perceive AI as a powerful "catalyst for thought" and a source of 24/7 technical 
assistance, they maintain that human mediation remains irreplaceable. The paper argues that the teacher’s role 
must continue to shift from a primary information source to a pedagogical mediator, ethical steward, and curator of 
relational intelligence. This reconfiguration emphasizes human-AI collaboration as the foundation for a resilient and 
visionary educational future

 
Keywords: generative Artificial Intelligence, distance education, teacher roles 

 
Summary 

This research examines how GenAI influences online learning through a case study in the Master’s in e-Learning 

Pedagogy (mPeL) students in Portugal (Bastos, 2025). A systematic literature review of previous research about 

student perceptions regarding ChatGPT in distance education (Bhullar et al., 2024; De Sant’Ana et al,, 2023; 

Memarian & Doleck, 2023; Shoufan, 2023) provided the framework for interpreting the subsequent empirical 

findings.  The Results indicate a high adoption rate (85.2%), with students utilizing tools like ChatGPT as a "thinking 

partner" to structure academic discourse and assist in research. Findings show that GenAI promotes learner 

autonomy (65.2%) and increases motivation (52.1%) by providing real-time cognitive and emotional support. 

However, students remain critical of technology, noting significant limitations such as "hallucinations" and factual 

imprecision (87%). 

Regarding the teacher’s role, the study concludes that GenAI does not threaten the teacher’s existence but drives a 

role reconfiguration toward higher-order functions. Teachers must evolve into pedagogical mediators who bridge 

automated data and meaningful knowledge, and into ethical stewards and AI literacy mentors who foster "AI 

literacy". Furthermore, the teacher must act as a curator of relational intelligence, providing the socio-emotional 

connection and empathy that algorithms cannot replicate. Finally, teachers must become enhanced learning 

designers, creating activities where students critically confront and compare GenAI outputs with human reflection. 



The changing role of the Teacher 

158 

 

References 

Bastos, A. M. S. (2025). O Impacto dos Agentes Inteligentes no Apoio à Aprendizagem em EaD: Perceções dos 

estudantes do mPeL sobre o uso do ChatGPT (Master's dissertation). Universidade Aberta. 

Bhullar, P. S., Joshi, M., & Chugh, R. (2024). ChatGPT in higher education – A synthesis of the literature and a future 

research agenda. Education and Information Technologies. 

 

De Sant’Ana, V., Loiola, A. S. de F., & Gomes, R. S. (2023). Precisão e confiabilidade do ChatGPT na perceção de 

estudantes da graduação EaD. EaD em Foco, 14(1), e2111. https://doi.org/10.18264/eadf.v14i1.2111 

 

Memarian, B., & Doleck, T. (2023). ChatGPT in education: Methods, potentials, and limitations. Computers in 

Human Behavior: Artificial Humans, 1(2), 100022. https://doi.org/10.1016/j.chbah.2023.100022 

 

Shoufan, A. (2023). Exploring students’ perceptions of ChatGPT: Thematic analysis and follow-up survey. Education 

and Information Technologies. https://doi.org/10.1007/s10639-023-11958-3 

 



Digital well-being 

159 

 

 
 

Well-being in Digital Education Ecosystem (WINDEE) 
 

Airina Volungevičienė1, Giedrė Tamoliūnė2, Ksenija Frelih3, Indrė Oleškevičienė4, Elena Trepulė5 
 
1 Vytautas Magnus university, Lithuania, airina.volungeviciene@vdu.lt 
2  Vytautas Magnus university, Lithuania, giedre.tamoliune@vdu.lt  
3  Knowledge Innovation Centre, Malta, ksenija@knowledgeinnovation.eu 
4 Vytautas Magnus university, Lithuania, indre.oleskeviciene@vdu.lt  

5 EDEN Digital Learning Europe, Estonia, elena.trepule@vdu.lt  
 
Correspondence: Indrė Oleškevičienė: indre.oleskeviciene@vdu.lt 

 
 
Abstract:  
 
WINDEE - Well-being in Digital Education Ecosystem is a European Commission funded policy experimentation 
project which focuses on enhancing digital well-being in European education by equipping students and educators 
with tools, training, and environments that support healthy, focused, and engaging use of digital technologies. 
WINDEE project aims to build capacity among educators through continuous professional development, hands-on 
training, and the establishment of a strong peer-support community. WINDEE aims to empower teachers to 
effectively integrate digital tools into their practice in ways that enhance learning outcomes while safeguarding 
students’ mental health, focus, and overall well-being. The Digital Well-being Framework provides principles for 
responsible technology use and strategies for creating balanced digital learning environments. It includes practical 
recommendations for selecting technological solutions well-suited for learning design.  

 
Keywords: Digital Well-being, Education Innovation, Digital Transformation 

 

Summary  

In today's rapidly evolving digital landscape, ensuring learners of all ages are well-prepared to thrive in the broader 
digital sphere and particularly their education is crucial. However, several challenges hinder this goal:  

- many schools lack the necessary technical infrastructure, leading to unequal access;  
- teachers need better training to integrate technology effectively;  
- technology can cause distractions and information overload;  
- protecting student data and privacy is critical but challenging;  
- and excessive use of digital services can result in compulsive behaviours, mental health issues, and reduced 

social interaction.  
 
WINDEE project aims to address these issues to foster an environment where students can achieve digital well-being 
and maximise the benefits of technology in educational settings. WINDEE envisions a future where digital education 
empowers learning while safeguarding mental, emotional, and physical well-being – integrated into policy and 
practice, through collaboration, innovation, and evidence-based strategies across Europe.  
 
The project begins with comprehensive evidence building through research, assessment, and policy mapping on 
digital well-being. The research results lead to shaping high quality digital education practices and establishing the 
digital well-being framework which demonstrates that digital well-being as a state is possible when digital load and 
digital resources are in balance. Finally, WINDEE develops teacher training resources and policy recommendations 
that empower educators to maintain digital well-being in the classroom for teachers and students.  
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Ultimately, WINDEE aims to reshape the digital education ecosystem so that technology empowers learning without 

compromising the mental, emotional, or physical health of its users.  

 

Project objectives include: 

• Improve digital skills and competences among teachers and students to support effective learning and 
teaching. 

• Develop and refine digital learning environments to ensure they support students’ physical, cognitive, 
emotional, and psychological well-being. 

• Integrate digital competences into curriculum design to foster a cohesive and inclusive educational 
experience. 

• Engage educators, policymakers, and communities to collaboratively promote digital well-being in 
education. 

• Use research, data, and policy experimentation to inform policy development and implementation 
strategies that enhance digital education practices. 

• Contribute to the strategic goals of the European Education Area, the European Higher Education Area, 
and the Digital Education Action Plan. 

 

Project outcomes suggest: Digital Well-being Framework, Evidence Base for Policy, Educator Training and Resources, 

Stakeholder Community, Policy Experimentation, Policy Recommendations, Dissemination and Visibility, 

Sustainability and Long-Term Impact already achieved and still to be achieved, are posted on the project website 

https://windee.eu/.  

Project coordinator – Vytautas Magnus University, Lithuania 

Project partners: Knowledge Innovation Centre (Malta), Tallinn University (Estonia), Open University of Catalonia 

(Spain), EDEN Digital Learning Europe (Estonia), European Schoolnet (Belgium), Educraftor (Finland), National 

Agency for Education in Lithuania (Lithuania). 

Project associate partners: Lithuanian Educational Center for the Deaf and Hard of Hearing (Lithuania), 

Stifterverband (Germany), LieDM association (Lithuania). 

 

The WINDEE project will have a transformative impact on how digital education is approached across Europe by 
embedding digital well-being as a core component of educational policy and practice. Through research, 
experimentation, and stakeholder collaboration. 

Disclaimer 

Funded by the European Union. Views and opinions expressed are however those of the author(s) only and do not 

necessarily reflect those of the European Union or the European Education and Culture Executive Agency (EACEA). 

Neither the European Union nor EACEA can be held responsible for them. 
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Abstract:  
 
This inquiry explores sociomaterial affordances of human-Generative AI collaboration in higher education. Moving 
beyond traditional edtech understandings, an intra-active approach frames affordances as emergent through 
agential cutting. Legitimation Code Theory's Specialization dimension provides empirical grounding, identifying four 
hybrid-intelligence Academic Advising positions, enabling analysis, design and debate of human-GAI educational 
practice. 

 

 
Keywords: Hybrid-intelligence, Socio-material affordances, Legitimation Code Theory, Specialization, Academic 
Advising 

 

Summary 

There is a growing intention for meaningful human-Generative AI (GAI) collaboration in the higher educational space. 
The concept of technology affordances creates pathways for the understanding and activation of this new kind of 
hybrid-intelligence (Molenaar, 2022) educational work. This inquiry moves from a traditional edtech understanding 
of affordances (Chemero, 2018; Conole & Dyke, 2004) to an arguably more potent sociomaterial underpinning for 
describing and enacting a GAI infused educational practice (Pentzold & Bischof, 2019). A quick-trace overview of the 
recent developments in educational technology affordance-research (Wegerif & Major, 2024) shows a new focus on 
this socio-technical approach when it comes to the strange new world of hybrid-intelligent collaboration between a 
human educationalist and a GAI system. 

An intra-active sociomaterial approach posits that the affordance of a human-GAI collaboration is only to be elicited 
or measured in the unique moments of “agential cutting.” It also implies that GenAI systems do not hold any 
affordance (in the traditional edtech sense) in its own right apart from its sociomaterial coupling with a human 
collaborator. This creates potential questions about the relativity of any educational GAI-infused practice and its 
empirical description. Does everything go? Who will judge the output? 

Legitimation Code Theory (LCT), a relational theoretical toolkit, provides an avenue of potential judging and empirical 
description through its Specialization dimension (Maton, 2014). We analysed data from interviews, focus groups and 
open-ended online questionnaire-responses of Academic Advisors from a Flemish university through a Specialization 
lens and show how a possibly infinite number of infinitely changeable hybrid-intelligence educational positions can 
be visualised on a relational plane. Four main Epistemic- and Social Relationally entangled Academic Advising 
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positions (Professional, Relational, Teaching and Pop-Culture) are identified. Through this approach, a new kind of 
sociomaterial hybrid-intelligence affordance can be visualised and utilised for analysis, design and debate when it 
comes to how to judge the outcomes of such a human-machine collaboration. 
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Abstract: 

The increasing importance of apprenticeship-based learning in vocational education has highlighted the 
crucial role of company craftsmen in supporting apprentices’ professional development. Acting as workplace 
mentors, company craftsmen guide apprentices in acquiring practical skills, professional responsibility, and work-
related values within authentic work environments (Billett, 2011; Ceelen, Khaled, Nieuwenhuis & de Bruijn, 2023; 
Smith, Taylor-Smith, Bratton & Dutton, 2025). Work-based learning enables the integration of theoretical knowledge 
with practical experience and contributes to the development of occupational competences (Billett, 2011). However, 
research indicates that many company craftsmen lack the pedagogical and mentoring competences required for the 
effective organisation of learning processes in the workplace (Goller & Paloniemi, 2017; Nägele & Stalder, 2020; 
Tūtlys, Gedvilienė & Didžiulienė, 2021; Čiučiulkienė, Tandzegolskienė & Stupelienė, 2022). Strengthening the 
pedagogical competences of company craftsmen, therefore, remains a key challenge for improving the quality of 
apprenticeship-based learning. In contemporary vocational education, digital technologies and artificial intelligence 
(AI) are increasingly recognised as tools that can support teaching and learning processes. Research suggests that AI 
can facilitate personalised learning, learning analytics, and pedagogical decision-making in educational contexts 
(Holmes, Bialik, & Fadel, 2023). Generative artificial intelligence tools such as ChatGPT and Microsoft Copilot can 
assist in designing learning tasks, generating reflection questions, providing structured feedback, and supporting the 
planning of workplace learning activities. The integration of AI tools into mentoring processes creates opportunities 
to transform teaching practices and support the development of company craftsmen’s pedagogical competences, 
particularly in instructional planning, reflection facilitation, and feedback provision (Holmes et al, 2023). At the same 
time, researchers emphasise the need to critically evaluate the impact of digital technologies and ensure their 
responsible and ethical integration into education systems (Miao & Holmes, 2023). 

Methodology. A qualitative research design was employed to explore the development of pedagogical 
competences of company craftsmen in apprenticeship-based learning and the role of vocational teachers in the 
mentoring process. Qualitative research enables an in-depth understanding of participants’ experiences and 
perspectives in workplace learning contexts (Creswell & Poth, 2018). Data was collected through semi-structured 
interviews focusing on mentoring practices, the development of pedagogical competences of company craftsmen, 
collaboration between vocational teachers and company craftsmen, and the organisation of apprenticeship-based 
learning. The study involved 17 participants, including 8 company craftsmen and 9 vocational teachers, selected 
through purposive sampling due to their direct involvement in apprenticeship-based training. Participants 
represented several vocational fields, such as construction, automotive mechanics, logistics, decorative landscaping 
and social care. The research was conducted in three vocational education institutions in Lithuania. Data was 
collected between March and April 2025 through both face-to-face and online interviews. The interviews were 
recorded with participants’ consent and transcribed. The data were analysed using inductive thematic analysis 
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following Braun and Clarke (2006), enabling the identification of key themes related to mentoring practices, 
collaboration and the development of pedagogical competences in apprenticeship-based learning. 

Research problem question: How can AI tools support the development of pedagogical competences of 
company craftsmen in apprenticeship-based mentoring? 

The purpose of this study is to analyse the role of AI tools in developing the pedagogical competencies of 
company craftsmen in apprenticeship-based mentoring. 

 

The results of the study indicate that the quality of apprenticeship-based learning is closely related to the 
pedagogical competences of company craftsmen. Both literature analysis and empirical findings reveal that 
insufficient attention is still paid to the pedagogical preparation of company craftsmen in Lithuania, although these 
competences are essential for effective mentoring. The results also show that pedagogical competences are mainly 
developed through practical mentoring experience, collaboration with vocational teachers and reflective practice. 
Furthermore, the results suggest that artificial intelligence tools could support mentoring by assisting in learning 
task preparation, providing feedback on learners’ progress, and offering pedagogical guidance for company 
craftsmen. 

 
Keywords: apprenticeship-based learning; company craftsmen; pedagogical competences; artificial intelligence in 
education.
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Abstract:  

This poster presents a qualitative pilot study examining vibe coding—an AI-assisted, prompt-driven approach to 

programming—as an emerging pedagogical model for cultivating 21st-century competencies, with particular 

emphasis on the Four Cs: critical thinking, creativity, collaboration, and communication. The study is grounded in 

the TMI model (Think–Make–Improve) developed by Martinez and Stager (2013) and framed within a sociocultural 

perspective inspired by Vygotsky and Bruner, viewing learning as a socially mediated process supported through 

tools, dialogue, and scaffolded meaning-making. 

Vibe coding is conceptualised as a cyclic process in which students engage in (1) problem formulation, (2) 

AI-supported idea generation, (3) testing and evaluation, and (4) iterative improvement—positioning failure as a 

natural and productive dimension of learning. Within this cycle, AI functions both as a thinking partner and as a 

mediational tool that expands students’ zones of proximal development. 

The pilot study is initially carried out with pre-service teachers, providing insight into how AI-supported iterative 

practices can strengthen future teachers’ pedagogical toolkits and expand their methodological repertoires. A 

multimodal data-collection strategy is employed, including structured observation logs, student exit reflections, 

short group interviews, and artefact analysis of student-produced digital projects and AI chat histories. Three 

interrelated layers of scaffolding are examined: AI as scaffold for the individual learner, peers as scaffolds for 

another, and the teacher as scaffold for the group—reflecting Bruner’s notion of contingent adaptive support. 

By integrating sociocultural theory with emerging AI-supported pedagogical practice, this pilot study contributes to 

ongoing discussions about how innovative technologies can cultivate future-ready competencies—and what it 

means to be competent within an AI-assisted creative process. The study is ongoing. Preliminary findings and 

reflections from the classroom implementation will be presented and discussed during the poster session.
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Abstract:  
 
The Marketing AI Assistant (MAIA) project builds on a previous project completed in June 2024. That project created 
a simple chatbot to help third-year Marketing students find information about sustainability, university sustainability 
policies, government/council/commercial sustainability policies and the UN Sustainable Development Goals (SDGs). 
It showed that students liked getting quick answers and found it easier to understand the university’s sustainability 
work. 

 
Keywords: AI  Assistant, Agent, Chatbot 

 

Summary  

The Marketing AI Assistant (MAIA) is a TU Dublin project that grew out of a SATLE-funded Sustainability Chatbot 

completed in June 2024. The original chatbot was created for third-year Marketing students and focused on helping 

them find relevant sustainability material quickly — drawing on TU Dublin sources, public policy information, and 

the UN Sustainable Development Goals. Building on that early work, MAIA expands the scope so that students across 

all four years of TU Dublin Marketing programmes (TU783, TU923, TU932, TU934) can use a single, consistent point 

of access for common questions and signposting. 

The emphasis is practical: students often need clear answers on modules, assessments, key dates, support, and 

where sustainability sits within programme and university activity. MAIA is being developed to respond using 

curated, approved information rather than open-ended content generation, reflecting the broader higher-education 

literature that chatbot usefulness depends heavily on the quality and maintenance of institutional knowledge. (Chan 

& Hu, 2023; McGrath et al., 2024) 

MAIA is intended to be usable without requiring students to log in or share personal data, and the project explicitly 

foregrounds oversight, accuracy, and responsible use—issues that repeatedly appear in research on generative AI 

adoption in higher education, including concerns around privacy, reliability, and appropriate boundaries for support 

tools. (Chan & Hu, 2023; McGrath et al., 2024) 

Evaluation is designed to be iterative: after initial deployment is followed by student feedback and usage analytics 

to identify recurring information gaps, improve how programme information is presented, and reduce avoidable 

repeat queries to staff. In doing so, MAIA aims to strengthen the student experience while also improving the 

consistency and reach of programme communications. (Pereira et al., 2023) 
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Abstract:  

This contribution presents the design and development process of a cross-country multimedia learning 

environment within the framework of the Erasmus+ project “Multimedia Learning Environment for Work-Based 

Learning Tasks for VET Students in the sector of applied informatics” (MULE). The poster addresses the country-

specific discrepancies between the qualifications offered and those in demand and the cooperation in the field of 

digital education in order to identify opportunities for the education and training community across national 

borders (Vuorikari et al., 2022). Our research questions (RQ) are:  

RQ-1: Which design features of the MULE multimedia learning environment positively influence learners’ subjective 

learning success? 

RQ-2: To what extent can AI elements be integrated into MULE's multimedia learning environments from a user 

perspective? 

 
Keywords: Design-Based Research (DBR), Multimedia Learning Environment, Artificial Intelligence, Vocational 
Education and Training, VET, Applied Informatic Sector 

 

Summary  

The contribution is based on the concept of Spheres of Activity (SoA) (Howe & Knutzen, 2022). SoA bundles typical 

work processes of a profession and enables a European comparison of requirements. Learning and work tasks are 

based on complete professional activities – from order acceptance to planning, execution, and completion – and aim 

to promote technical, methodological, social, and personal skills (Howe & Knutzen, 2022). Learning psychology 

design elements are considered when designing the learning environment (Niegemann & Niegemann, 2018). The 

study follows a design-based research (DBR) approach (Reinmann, 2017). After initial piloting of the developed tasks, 

the approach will be expanded to include an additional qualitative survey. Problem-centered interviews with 

students and teachers are planned to systematically record assessments of AI-supported tools as well as subjective 

learning success and usage practices. The evaluation is based on qualitative content analysis according to Kuckartz 

(2018). Through its two-stage approach in line with the DBR framework, the paper generates particular insight. First, 

a theory- and practice-based multimedia learning environment is iteratively developed and tested. Second, AI-

supported elements are identified based on qualitative feedback from students and teachers and are didactically 

reflected. This process demonstrates a user-oriented integration of AI that considers pedagogical requirements and 

developments in professional practice, supporting the sustainable implementation of innovative learning 

technologies in vocational education. 
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Abstract:  

The contribution presents the research design of a scalable generative-AI (genAI) supported consulting and learning 
platform for the follow-up qualification of continuing education mentors using the example of the logistics sector. 
The design and development work for the platform is being carried out as part of the project ‘Innovative Design 
Approaches in Logistics for Promoting the Competence of Continuing Education Mentors – (GEKKO)’ funded by the 
Federal Ministry for Education, Family Affairs, Senior Citizens, Women and Youth (BMBFSFJ) and supported in 
scientific and administrative matters by the Federal Institute for Vocational Education and Training (BIBB).  

Our research questions (RQ) are: 

RQ1: What barriers to continuing education and specific counselling needs do potential continuing 
education mentors in logistics perceive? 

RQ2: How do continuing education mentors feel about a genAI-supported counselling and learning 
platform? 

RQ3: To what extent does the genAI-supported counselling and learning platform contribute to qualification 
follow-up offer? 

 
Keywords: CVET-Mentors, Generative-AI, Follow-Up Qualification, Logistic Sector 

 
Summary  

The background is a measure initiated by the German National Education Strategy (NWS) to promote continuing 
vocational training in companies by establishing continuing education mentors (WBM), which represent a new 
approach to increasing participation in continuing education. It is emphasised that previous counselling concepts 
have not been as successful as desired and that there is a need for support measures for the follow-up qualification 
of WBM (BIBB, 2025). The sampling includes, in particular, company training staff in the role of mentors. Mentoring 
focuses on marginal part-time workers (mentees) (Cedefop, 2019). The research design is based on a mixed-methods 
approach and comprises four analysis phases: 

(1) Status analysis using expert interviews to assess the current maturity level of mentoring structures (Winkler 
& Calmez, 2025).  

(2) Needs analysis to gain insights into barriers to continuing education and counselling needs (Gieseke & 
Stimm, 2016). 
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(3) Technology acceptance analysis to assess the attitudes of WBMs towards innovative continuing education 
formats (Venkatesh et al., 2003; Scheuer, 2020). 

(4) Effectiveness analysis based on the model by Sandmeier, Hanke & Gubler (2018) in order to identify 
transfer-relevant indicators.  

The contribution outlines international scientific discussion on AI-supported follow-up qualifications, and the cross-
country applicability of CVET-Mentors approach will be highlighted.  
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Abstract:  
Contemporary society is increasingly shaped by digital technologies, a transformation accelerated by the rapid 
emergence of Artificial Intelligence (AI), which is redefining professional demands and knowledge practices (Çela et 
al., 2024). Education must respond through processes of digital transformation understood as systemic and 
organisational change involving pedagogy, culture, leadership and strategy (Pettersson, 2021). Although 
digitalisation has become a strategic priority in Europe (European Commission, 2020), research shows that the 
availability of technology alone does not guarantee meaningful change without shared vision, pedagogical reflection 
and coherent school-level strategies (Zubizarreta Pagaldai et al., 2025). Strengthening schools’ digital capacity 
through whole-school approaches is therefore essential, especially in contexts where the presence of AI increases 
the complexity of educational decision-making (Kampylis & Sala, 2023). 
 
This poster presents an ongoing design-based support process aimed at fostering a systematic and context-sensitive 
digital transformation in a Basque school. The model is informed by prior research indicating that sustainable digital 
transformation requires shared institutional positioning, collective reflection and coherent strategies adapted to 
each context (Zubizarreta Pagaldai et al., 2025). Based on these findings, a structured accompaniment process was 
designed to guide the school from diagnosis to the definition of its digital strategy. 
 
The intervention is organised in four phases: (1) contextual diagnosis using SELFIE results, institutional documents 
and analysis of digital practices; (2) definition of a shared positioning towards digitalisation; (3) goal setting focused 
on students’ digital competence and meaningful technopedagogical integration of technology, including reflection 
on AI; and (4) co-design of the school’s Digital Plan, identifying priorities and actions. 
 
The process follows a participatory and iterative approach involving leadership and teachers. The main contribution 
is a structured support model that helps schools move from diagnosis to a coherent digital strategy, supporting 
whole-school digital transformation in contexts shaped by emerging technologies such as AI. 

 

 
Keywords: Digital transformation, SELFIE, digital competence, school digital strategy 
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The rapid integration of digital technologies in education has encouraged educators to explore innovative 

pedagogical approaches that promote student engagement, collaboration, and social and emotional learning. 

Among these approaches, gamification has emerged as an effective strategy for transforming traditional classroom 

activities into interactive learning experiences by leveraging learners’ intrinsic motivations such as competition, 

achievement, and recognition. Gamification, or gameful design, refers to the strategic application of game design 

principles, mechanics, and elements into non-game environments, like classrooms (Christopoulos & Mystakidis, 

2023). 

 

Despite technological progress, many schools across Europe, particularly those located in rural or geographically 

isolated areas, continue to experience limited opportunities for international collaboration and unequal access to 

innovative digital learning resources. There is a well-known technological disparity between schools in rural and 

urban areas (Mustafa, 2024). These challenges underline the need for accessible digital solutions that not only 

support the integration of information and communication technologies (ICT) in education but also foster 

meaningful connections between schools and learning communities. In this age of technology, gamification themes 

attract activities from a wide variety of perspectives and therefore unite many different fields (Hamari, Xi, & Legaki, 

2023). 

 

This paper presents the Erasmus+ project WEPLAY – Educational Gamification Platform nr. 2025-1-ES01-KA220-SCH-

000351661, an international initiative aimed at developing a collaborative digital environment that enables teachers 

to design, implement, and share gamified learning activities. The project is implemented through a partnership of 5 

different educational institutions and organisations: Estela Cántabra and University Deusto from Spain, Istituto 

Comprensivo di Bobbio (Italy), Roscommon Leader Partnership (Ireland), and Vytautas Magnus University 

(Lithuania). The platform is designed to support primary school teachers in integrating gamification into classroom 

practice while facilitating cross-school collaboration among students from different European countries.  

 

A distinctive aspect of the WEPLAY platform is the integration of digital gameplay with real-world learning activities. 

The integration of gamified virtual reality helps meet the new educational demands, enrich the educational process, 

improve learning achievements, and assist toward the materialization of the digital transformation of education 

(Lampropoulos, 2024).  

Key platform features include: 

• Teacher dashboard for designing activities, assigning tasks, monitoring progress, and managing classroom 

participation; 
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• Student interface where learners engage in missions, submit evidence (e.g., photos, text, multimedia), and 

track their achievements; 

• Gamification mechanics, such as points, badges, levels, and narrative storytelling; 

• Learning analytics tools that provide teachers with insights into student participation, progress, and 

collaboration patterns; 

• Role-based participation, allowing students to take on different roles within team-based challenges (e.g., 

leader, researcher, reporter), supporting collaborative learning and responsibility sharing. 

 

Within this framework, learning tasks extend beyond the virtual environment and involve actions such as 

environmental exploration, local community engagement, and collaborative problem-solving connected to students’ 

immediate surroundings. This hybrid learning approach combines digital interaction with experiential activities, 

aiming to enhance learner engagement and strengthen the connection between educational content and everyday 

contexts. 

In summary, it can be said that future research will focus on the assessment of learning outcomes, the analysis of 
user engagement data, and the evaluation of applicability in various educational settings. Meanwhile, the WEPLAY 
project contributes to the development of innovative digital learning practices that support more connected and 
participatory educational ecosystems across Europe. 

  

 
Keywords: Gamification in education, Technology-enhanced learning (TEL), Collaborative learning environments, 
Learning platform, Digital transformation in education. 
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 Abstract: 

This project documents the collaborative development of a student-focused fashion forecasting and resource 
platform, created through a semester-long partnership between Fashion Studies and senior-level Software 
Engineering students. Recognizing that commercial forecasting services are financially inaccessible to many 
students, this initiative provides a free, web-based educational alternative. Conceived as a “Creative Command 
Center,” the platform mirrors the professional research process, guiding users from initial inspiration to fully 
developed visual concepts. 

The website integrates a searchable digital library of historical fashion data with an interactive creative workspace. 
To streamline asset management, the platform features AI-driven image tagging and resource search, automatically 
categorizing user-uploaded content by silhouette, color, and material. Inspired by the metadata systems of the 
Vogue Archive, the system includes advanced filtering and a “Trend Curve” time-series histogram to track style 
frequency over time. High-speed media galleries and a digital mood board canvas allow for rapid visualization and 
collaborative feedback. Weekly cross-disciplinary meetings guided the iterative development of this functional 
prototype, culminating in a critical reflection on the intersection of artificial intelligence, technical implementation, 
and educational impact in fashion pedagogy. 

Keywords: Fashion Forecasting, Trend Analysis, AI, User centered design, Fashion pedagogy
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Abstract:  

While essential for patient care and effective teamwork, soft skills remain undervalued in traditional healthcare 
education. The Erasmus+ project MISS4Health bridges this gap through an innovative digital learning solution: 
a modular Massive Open Online Course (MOOC) leading to micro-credentials. This initiative offers structured, 
personalised training to empower healthcare professionals with the transversal competencies they need. 

 
Keywords: soft skills, healthcare, MOOC, micro-credentials 

 
Summary  

The main objective of the Erasmus+ KA2 project MISS4Health: Micro-credentials in Soft Skills for Healthcare 
Professionals and Students (2023-1-CZ01-KA220-HED-000159335) is to improve transversal competencies of 
healthcare professionals, focusing on the development of their soft skills. Thus, project medical partners (medical 
university teachers and practitioners) collaborate with technology and education specialists and create interactive, 
modular Massive Open Online Course (MOOC) leading to micro-credentials. The modular MOOC development 
includes curricular design, interactive content creation, micro-credentials’ design and initial MOOC piloting with 
healthcare specialists and medical students. The double-loop validation ensures the overall quality of the MOOC. 
Engaging simulations and practice tests with embedded real-life examples help develop their soft skills.  

A MOOC comprises 5 modules, which are interrelated but may also be piloted as stand-alone, self-directed online 
courses. Each module focuses on the development of a single skill, together representing key soft skills necessary in 
daily clinical practice. The five single-skill modules include: communication, decision-making, leadership, situational 
awareness, and teamwork. The integration of contemporary digital tools, such as multimedia materials and 
simulation-based serious games, facilitates active learner participation and the practical application of 
skills. Furthermore, embedded self-assessment instruments and structured feedback mechanisms support 
individualised learning pathways, enabling targeted development of selected skills. The embedded micro-credentials 
support further skill recognition, as they are structured in line with the EU Council Recommendations (2022) on the 
mandatory elements, descriptors, and principles for micro-credential design and implementation (EU Council, 2022). 
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Disclaimer: The project is funded by the European Union. The created project results, views and opinions 

expressed are, however, those of the author(s) only and do not necessarily reflect those of the European Union. 

Neither the European Union can be held responsible for them. 
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Abstract:  
 
QualityLink is an Erasmus+ project that focuses on discussing the quality indicators of learning opportunities leading 
to micro-credentials and on creating a course data aggregator that enables open course data sharing across 
European HEIs. Currently, such data is often unavailable, fragmented, or published in non-interoperable formats, 
creating barriers for learners, employers, and recognition officers seeking reliable information. As the landscape of 
learning opportunities grows increasingly diverse, open and standardised data becomes essential for informed 
decision-making. To address this challenge, QualityLink proposes a technical architecture that enables higher 
education institutions and other data providers to publish relevant course data using established standards such 
as ELM, OOAPI, Edu-API, and OCCAPI. The data aggregator platform has now been launched and is available for 
institutions to test, providing a practical framework for sharing and discovering high-quality micro-credential course 
data. 

 
Keywords: micro-credentials, quality indicators, data aggregator, open course descriptors, standards 

 

Summary  

The QualityLink project seeks to address the fragmentation and lack of interoperability in the dissemination of 
micro-credential course data across European higher education. Despite the growing demand for flexible, modular 
learning opportunities, relevant data—including basic descriptions and quality indicators—often 
remains inaccessible or published in non-standardised formats. This poses significant challenges for stakeholders, 
including learners, employers, and recognition officers, who require reliable, open, and comparable data to inform 
decision-making. 

To mitigate these issues, the project consortium has created a list of quality indicators (Trepulė et al., 2024) that 
different stakeholders address when searching for or sharing learning opportunities. The created list of quality 
indicators is for micro-credentials and is in line with and based on the mandatory elements of micro-credentials as 
defined by the European Council Recommendations on the EU approach to Micro-credentials (2022), but it is not 
limited to the information required there. Students, teachers, and other stakeholders rated the importance of these 
indicators, thereby determining their relevance and applicability for diverse stakeholders (Tück, Simões, & 
Ehrenreich, 2025).  
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The project consortium also worked on standardising open course data and creating a technical architecture for 
seamless data exchange (Simões & Tück, 2025). The project’s suggested technical architecture facilitates seamless 
data publication through widely adopted standards, including the European Learning Model (ELM), Open Education 
API (OOAPI), Edu-API, and Open Course Catalogue API (OCCAPI). Key components of this architecture include: 

• A unique course identifier to ensure consistent tracking of learning opportunities across systems; 

• Automated data source discovery, leveraging existing registries (e.g., DEQAR) to enable institutions to 
publish data without manual registration; 

• Standardised data exchange protocols, addressing interoperability and incremental data updates; 

• An extended ontology, building on ELM, to incorporate quality indicators, priorities by different 
stakeholders during the project’s research activities and events. 

The course data aggregator has been launched (see https://quality-link.eu to access it), allowing higher education 
institutions to test the platform and contribute their course data for aggregation. By promoting standardised, open, 
and interoperable data sharing, QualityLink enhances transparency, supports evidence-based decision-making, and 
fosters collaboration within the European higher education landscape. Institutions are encouraged to test the data 
aggregator to validate the platform’s efficacy and their data formats. 

This project has been funded with support from the European Commission. This publication reflects the views only 

of the authors, and the Commission cannot be held responsible for any use which may be made of the information 

contained therein. 
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Abstract:  
 
This poster presents the TTT model — a three-step analytical method for tracing the presence, breadth, and depth 
of Professional Digital Competence (PDC) in teacher education coursework assignments. Developed and empirically 
tested at a Norwegian teacher education institution, the model combines a binary technology filter with the TPACK 
framework and the Technology Integration Matrix (TIM) to produce a structured, replicable analysis suited for 
institutional self-evaluation and quality assurance. Applied to 135 mandatory coursework assignments, the model 
revealed significant variation across subjects and found that most technology use remained at surface level — 
findings with direct implications for program development and PDC policy.

 
Keywords: Professional Digital Competence, TPACK, Technology Integration Matrix, teacher education, coursework 
analysis, enacted curriculum 

 

Background and Purpose 

Professional Digital Competence (PDC) is a central aim in teacher education across Europe, enshrined in national 

frameworks such as Norway's Framework for Professional Digital Competence for Teachers (Norwegian Directorate 

for Education and Training, 2024) and informed by broader European frameworks, including DigCompEdu (Redecker, 

2017). Yet how PDC manifests in students' actual learning activities remains poorly understood. A scoping review of 

PDC in Norwegian teacher education found that while the concept is broadly present in policy and research, its 

practical enactment in teaching and learning activities remains underexplored (Norhagen et al., 2024). While 

curriculum documents may reference digital competence, the degree to which students encounter meaningful 

technology integration in their mandatory coursework is often invisible to program leaders, quality assurance teams, 

and educational researchers (Instefjord & Munthe, 2017; Norhagen et al., in review). This opacity makes it difficult 

to identify gaps, monitor quality, or make informed decisions about where to strengthen PDC across a program. 

This poster presents the TTT model — a practical, structured, three-step analytical method for tracing the presence, 

breadth and depth of technology integration in teacher education coursework assignments. Designed as a tool for 

program leaders and institutional self-evaluation, the model was developed and empirically tested as part of an 

explorative case study at a Norwegian teacher education institution, where 135 coursework assignments were 

collected and analysed (Norhagen, manuscript in preparation). 

The TTT Model 

Coursework assignments — tasks students must complete to qualify for exams — serve as concrete, analyzable 

artefacts that reveal whether PDC intentions translate into actual practice. The TTT model subjects these 
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assignments to three sequential analytical steps, producing a systematic analysis of both the breadth and depth of 

technology integration required of future teachers: 

 

Step 1 — Technology Trace (Binary Filter): Each assignment is reviewed to determine whether technology, digital 

competence, or digital tools are explicitly required as part of the pedagogical activity, not merely a prerequisite for 

submission. Assignments that meet this criterion are categorised as "digital" and carried forward; the remainder are 

excluded from further analysis. 

 

Step 2 — TPACK Analysis: Digital assignments are evaluated using the TPACK framework (Mishra & Koehler, 2006) 

to assess the integration of Technological, Pedagogical, and Content Knowledge. Each dimension is scored on a 0–3 

scale, yielding a possible total of 9, and results are visualised as a radar diagram to enable profile comparison across 

subjects or programs. 

 

Step 3 — TIM Evaluation: Each digital assignment is further classified using the Technology Integration Matrix (Welsh 

& Harmes, 2021) across five levels, from Entry to Transformation, to capture whether technology enables deeper 

cognitive engagement or remains a superficial add-on. 

 

Two custom AI tools — one for TPACK scoring and one for TIM classification — were developed and used as analytical 

instruments alongside the researcher's own coding. This approach served as a form of analytical triangulation, 

enabling systematic cross-checking between the researcher's judgment and AI-generated evaluations to strengthen 

consistency and transparency in the coding process. 

Illustrative Findings 

When applied to a full cohort of master's students in teacher education at the case institution, the model revealed 

that only 37 of 135 assignments explicitly integrated technology. Distribution varied substantially across subjects — 

from 14 digital assignments in Language to zero in Religion and Arts & Crafts. TIM analysis showed that most digital 

assignments remained at Entry level, indicating that even where technology was present, it predominantly 

supported traditional practices rather than enabling transformative learning. These findings illustrate how the model 

can make hidden patterns visible in ways that are actionable for program leadership. 

Contribution 

The TTT model offers a replicable, transparent, and fully operationalized method for surfacing what typically remains 

hidden in teacher education: the practical integration of PDC in students' mandatory learning activities. Unlike 

theoretical frameworks alone, the TTT model has been empirically applied and produces results directly usable for 

institutional self-evaluation, quality assurance, and cross-program comparison. By combining a binary filter with two 

established frameworks for integration quality (TPACK and TIM), the model provides a situational analysis that can 

be adapted to different institutional contexts. While further validation is needed, this approach offers a concrete 

contribution to the growing body of work on how PDC can be systematically monitored and developed across 

teacher education programs. 
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Abstract:  
 
Cut-score panels using the Modified Angoff method ask panelists to estimate the probability that a Minimally 
Competent Candidate (MCC) would answer each test item correctly — a concept operationalized when individual 
human cognition was the unspoken unit of analysis. In 2026, with AI tools integral to instructional practice, panelists 
face an unsurfaced fork on every item: are they estimating MCC performance with AI assistance, without it, or some 
implicit mixture? Performance Level Descriptors (PLDs) rarely specify the assumption, producing credentials whose 
construct of competence is undefined at its boundary with AI. Written from inside an active International Board of 
Standards for Training, Performance and Instruction (IBSTPI) Certified Professional Instructor cut-score panel, this 
paper proposes a three-state model (AI-prohibited, AI-permitted, AI-required) specified in PLDs and disclosed on the 
credential itself. 

Keywords: Modified Angoff method; Minimally Competent Candidate; Professional certification; Human-AI 
collaboration; Performance Level Descriptors; Credential transparency

 

Summary 

The Modified Angoff method aggregates panelists' MCC probability estimates into a single cut score. When the AI-
assumption is left implicit, panelists silently answer different questions, and aggregation produces a cut score that 
is mathematically coherent but semantically incoherent. A certified instructor passing such a cut score may genuinely 
struggle in an AI-prohibited context, or vice versa — and the certifying body, the credentialed individual, and the 
public the credential exists to protect cannot tell which. 

This is not a methodological refinement. A professional certification is a public attestation: it allows non-experts to 
rely on a credential without having to verify the underlying competence. When the AI-assumption is undefined, that 
reliance fails at the point where it is most needed. 

The proposal is structurally simple. Every PLD should specify one of three explicit states. AI-prohibited: the MCC is 
evaluated as a solo cognition; the credential attests to individual competence. AI-permitted: the MCC is evaluated 
as a cognition with discretionary access to AI; the credential attests to competence in environments where AI is 
available but not required. AI-required: the MCC is evaluated as a human-AI dyad; the credential attests to 
competence in joint practice. The AI-assumption state must travel with the credential — on the certificate, in the 
public registry — so that those who rely on it can read what it covers. 

The proposal preserves the Angoff method intact. It adds a single PLD field and a single facilitation question at the 
start of each rating session: “Which AI-assumption are we estimating against?” The cost to credentialing bodies is 
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small. The cost of continuing without it is the slow erosion of the credential's capacity to do the public-protection 
work it exists for. 
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Abstract:  

In the educational context, implementing active, effective teaching strategies supported by emerging technologies 
such as Virtual Reality (VR), Augmented Reality (AR), and Gamification has led to significant changes in student 
learning processes. This research attempts to emphasize the potential of these emerging technologies to 
revolutionize traditional teaching methodologies, enabling educators to create immersive and interactive learning 
experiences that cater to diverse learning preferences. 
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Summary 

Methodology:  

• Design: Mixed-methodological approach. 

• Participants: Pre-service primary school teachers at ____ and the sample could be extended in the future 
to other European universities. 

• Intervention: Supervision of data collection process. 

• Tools: Questionnaire.  

• Duration: 22 months. 

Results: 

• The results underscore the need for AR teacher training that combines technical and reflective skills to 
prepare students for the digital age. 

• AR learning experience depends not only on Information and Communications Technology but also on the 
development of digital competencies and the evaluation of pedagogical impact.  

• A growing need for effective digital skills and assessments within educational settings using AR. 

Discussion: 

• How do teachers perceive the pedagogical usefulness and challenges of integrating AR into their teaching 
practices within the Technological pedagogical content knowledge (TPACK) framework?  

• How Game-Based Learning using AR improves the motivation of pre-service teachers in the creation of 
educational games for elementary school?  
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• What are the perceptions of pre-service teachers about the pedagogical usefulness and motivational 
potential of a game-based learning activity with AR using the Merge Cube? 

Conclusion: 

• Teachers recognize the potential of AR to enhance learning and student engagement, but they still face 
difficulties when applying it in real classrooms. More specific training and institutional support are required 
to connect AR with clear pedagogical goals. 

• There is a wide variety of AR tools available for STEM and other fields, especially in English, but access is 
still unequal. Costs, language limitations, and technological requirements remain barriers that need to be 
addressed to ensure equity and inclusion in education. 
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Abstract:  
 
Digital competence is established as a key competence in both the Spanish national curriculum, (Spanish 
Government, 2022a; 2022b) and the Basque Autonomous Community (BAC) curriculum (Basque Government, 
2023a; 2023b). This is aligned with the DigComp framework promoted by the European Commission. However, there 
is a persistent gap between its formal inclusion in policy and its effective implementation in schools. Educational 
centres face significant challenges in translating digital competence into classroom practices and assessment 
processes (OECD, 2021). This project was developed to address this gap, moving from competence definition to a 
structured and actionable progression model. 
 
The study follows a multi-phase, design-based research approach. First, a systematic review was conducted to 
examine the educational role of technology, based on the general research question “Why technology in 
education?”. Secondly, an integrated theoretical foundation was constructed by combining: (a) the psycho-
evolutionary developmental characterisation across stages, based on the cognitive, the social, and the emotional 
dimensions; (b) the curricula of Early Childhood, Primary, and Secondary Education in the BAC (Basque Government, 
2023a; 2023b); (c) the DigComp 3.0 framework (Cosgrove & Cachia, 2025); and (d) General Educational Framework 
for Ikastolas (Antero et al., 2023). Third, a preliminary progression model for digital competence was designed. 
Fourthly, this progression was validated through expert judgement (six university specialists in educational 
technology) and practitioner feedback (fifteen teachers and education professionals). Finally, classroom 
implementation proposals were co-constructed through four focus groups involving 30 teachers from different 
educational stages. 
 
The project resulted in a validated progression framework for digital competence from Early Childhood to 
Compulsory Secondary Education (ages 3-16), accompanied by proposals for its implementation in the classroom. 
The model provides a coherent developmental sequencing that is aligned with learners’ characteristics and curricular 
requirements. The validation findings indicate a high level of consistency, relevance, and applicability across 
educational contexts. 
 
This work contributes to bridging the gap between curriculum policy and educational practice by offering a 
structured and validated response to the operationalising digital competence. The framework provides schools with 
a solid foundation on which to adopt and implement this key competence through compulsory education, supporting 
both pedagogical practices and assessment processes. By integrating the curriculum, developmental psychology, 
and institutional educational frameworks, the project promotes a comprehensive and scalable approach to 
developing digital competence development in schools in the BAC. Future work should focus on developing 
assessment strategies aligned with the validated progression, and on replicating the process in diverse educational 
contexts to examine its transferability and adaptability. 
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Abstract: 

The rapid integration of Artificial Intelligence (AI) into educational systems is fundamentally changing the 
teaching landscape. The focus is shifting from simply transmitting knowledge to fostering collaboration between 
humans and AI (Luckin, 2025; Selwyn, 2024). While technical skills are often emphasised, the future of education, 
according to Luckin and Cukurova (2019) depends on the integration of algorithmic efficiency and essential human 
qualities – particularly emotional intelligence (EI) and professional self-confidence. In teacher education, EI has 
evolved from being considered merely a „soft skill“ (OECD, 2023) to a vital competency for conflict resolution, 
empathetic engagement, and effective navigation of the emotional dimensions of digital classrooms (Dolev & 

Leshem, 2017). Despite the increasing emphasis on emotional intelligence and self-confidence in policy and research 

discussions, it remains unclear how early-career teachers view the development and significance of emotional 
intelligence and self-confidence in teacher education programs influenced by AI-driven changes. This lack of 
understanding creates a significant gap: without deeper insight into how future teachers relate these competencies 
to emerging technologies, teacher education institutions struggle to design programmes that effectively enhance 
both human-centred professional competencies and digital and AI-related skills. Therefore, this study aims to 
explore the perspectives of pre-service teachers on the adequacy of their training in EI, self-confidence, and the 
ethical dilemmas posed by AI in practice. By examining how future educators navigate the relationship between 
human interaction and digital automation, this research seeks to inform the development of more holistic and 
integrity-based pedagogical frameworks. 

Methodology. This research employed a qualitative methodology centred on focus group interviews. Three 
focus group interviews were conducted with 24 female students. The participants were final-year undergraduate 
education students from various pedagogical study programs. A semi-structured interview protocol was developed 
to encourage in-depth reflections on three main topics: (1) the perceived value and adequacy of EI development 
within their current teacher training programmes; (2) the level of digital literacy provided to manage AI-driven 
classrooms; and (3) the ethical complexities of integrating AI in academic and professional settings. The focus group 
format facilitated dynamic interactions, allowing participants to discuss the social and emotional implications of AI. 
The data were transcribed and analysed using reflexive thematic analysis following Braun and Clarke (2006). A dual 
analytical perspective was applied. First, an open thematic analysis was performed, followed by identifying the 
educator’s positions along the human-AI collaboration continuum. 

Findings. Following an inductive thematic analysis of the submitted transcriptions, we identified two primary 
thematic directions: (1) emotional intelligence as a human foundation for pedagogical agency, and (2) artificial 
intelligence as a contested yet unavoidable pedagogical tool. 

Emotional intelligence as a human foundation for pedagogical agency. EI is regarded as an essential aspect 
of a teacher's professional identity, closely linked to inclusive education, classroom climate, and the prevention of 
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burnout. The participants in the study indicate that emotional intelligence is primarily developed through 
experience, reflection, and practice, rather than through formal education. 

Artificial intelligence as a contested yet unavoidable pedagogical tool. AI is viewed as a source of ideas, 
structure and inspiration, but not as a substitute for content; as an inevitable and potentially useful tool, with its 
effectiveness relying on ethical, critical, and conscious use. The study participants reported several instances of AI 
abuse, both in academic settings and in schools, as well as instances of superficial technology use. They 
acknowledged that during their studies, they developed the ability to evaluate the reliability of information found 
on the Internet and the content generated by AI. 

Not only were topics extracted from the transcripts, but also the professional attitudes that shape teachers’ 
professional identity. AI serves as an auxiliary tool that amplifies emotional resources, helping to reduce workload 
and improve planning and organisation. However, it is important to note that decisions are ultimately made by 
individuals. AI can be viewed as an ethically problematic space, raising concerns about copying, plagiarism, privacy 
violations, and the loss of authenticity. Furthermore, AI represents an inevitable future reality becoming an integral 
part of the teaching profession. 

Discussion. The findings revealed that emotional intelligence and artificial intelligence were discussed by 
participants as distinct but equally significant dimensions of professional practice, rather than as explicitly 
interconnected constructs. This separation is itself analytically meaningful and informs the interpretation presented 
in this discussion. 

Emotional intelligence and artificial intelligence as parallel professional concerns. Participants described EI 
primarily through everyday pedagogical experiences. Emotional competencies such as self-regulation, empathy, 
emotional boundary-setting, and resilience were articulated as central to sustaining pedagogical relationships and 
professional well-being. At the same time, artificial intelligence and broader digital tools were discussed in relation 
to pedagogical efficiency, planning support, ethical awareness, and concerns about academic dishonesty, data 
privacy, and over-reliance on technology. Here, the participants focused on practical and ethical considerations of 
AI use, rather than on its emotional or relational implications. The absence of explicit links between emotional 
intelligence and artificial intelligence in participant discourse may reflect broader tendencies in teacher education, 
where emotional competencies and digital literacies are typically developed in parallel but remain conceptually 
disconnected (Davies & Bryer, 2016; Falloon, 2020). 

Interpreting emotional intelligence as a mediating layer in human–AI collaboration. While the empirical 
findings do not demonstrate an articulated EI–AI relationship, this study proposes that emotional intelligence may 
be understood as a mediating competence shaping how teachers ultimately engage with artificial intelligence in 
pedagogical contexts. This interpretation does not claim that participants consciously frame emotional intelligence 
as a condition for AI use; rather, it suggests that emotional competencies implicitly inform pedagogical judgment, 
ethical sensitivity, and decision-making processes that become particularly salient when integrating AI into 
educational practice. From this perspective, EI does not function as a technological skill but as a human regulatory 
mechanism. It enables teachers to evaluate when AI use is pedagogically appropriate, ethically acceptable, and 
aligned with learners’ needs. Emotional self-regulation may support reflective AI use under conditions of workload 
pressure; empathy may influence considerations around learner autonomy and fairness; and emotional boundary-
setting may help prevent excessive delegation of pedagogical responsibility to automated tools. 

Conceptual model of teacher-mediated EI–AI interaction. To illustrate this interpretative synthesis, a 
conceptual model is proposed (Figure 1). The model positions the teacher as a pedagogical agent who actively 
regulates the relationship between emotional intelligence and artificial intelligence, rather than being replaced or 
directed by technological systems. 

Figure 1. Conceptual model of emotional intelligence mediating teacher–AI interaction 

 

 

             Teacher 
(pedagogical agency & responsibility) 
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The model does not represent a direct empirical pathway derived from participant statements. Instead, it 
offers a theoretically grounded interpretation that integrates the study findings into a broader understanding of 
human–AI collaboration in teacher education. Emotional intelligence is conceptualised as the mediating layer 
through which teachers interpret, constrain, and ethically enact AI use. Artificial intelligence remains a supportive 
pedagogical resource, while responsibility and professional judgment remain firmly situated within the human 
teacher. 

Implications for teacher education. This interpretation highlights a critical implication for teacher education 
programs. Teacher education may benefit from pedagogical approaches that encourage reflective integration of 
emotional and digital competencies, emphasising not only how to use AI but also why, when, and for whom such use 
is appropriate. By framing emotional intelligence as a human anchor in emerging human–AI collaborations, this study 
contributes to discussions on human-centred pedagogy and ethical educational technology use. Rather than 
positioning AI as an autonomous pedagogical agent, the findings and conceptual model reaffirm the centrality of the 
teacher’s emotional and ethical judgment in shaping future educational practices.  

 

 
Keywords: Artificial intelligence; Conceptual model; Emotional intelligence; Teacher Training.
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Abstract: 

This research explores mentor competencies in online mentoring within educational contexts. Data was collected 
through semi-structured interviews with 12 teachers and analysed using qualitative content analysis. The findings 
indicate that effective online mentoring requires digital, communication, emotional, and adaptive competencies. 
Although participants identified challenges related to technology, engagement, and relationship-building, they also 
highlighted opportunities for professional growth, particularly in digital skills, communication and reflective practice.

 
Keywords: Online mentoring; Mentor competencies; Teacher professional development; Digital competence. 

 

Summary 

Digital technologies have expanded mentoring into online environments. Online mentoring provides flexibility 
and accessibility while enabling communication and professional support beyond geographical boundaries (Iqbal, 
2020; Pollard & Kumar, 2021). At the same time, effective online mentoring requires specific competencies related to 
digital literacy, communication, relationship-building, and adaptability in virtual environments (Ciuciukiene & 
Miciuliene, 2019; Didziuliene et al., 2025). Understanding these competencies is essential for effective mentoring and 
professional development. In educational settings, mentoring plays an important role in supporting novice teachers’ 
adaptation and professional development (Carstensen & Klusmann, 2021).  

Research question: How do mentor competencies manifest in online mentoring? 
The purpose of this research is to identify the competencies required for effective online mentoring. 

A qualitative research approach was employed (Creswell & Poth, 2018). Data was collected through semi-
structured interviews with 12 teachers and analysed using qualitative content analysis (Mayring, 2014). The findings 
revealed that mentoring is perceived as a collaborative process that supports professional learning, competence 
development, and reflection. Participants highlighted the importance of guidance, support, and knowledge sharing 
in mentoring relationships. Online mentoring was associated with flexibility, accessibility, and continuous 
communication, although challenges related to technology, interpersonal connection, and engagement were also 
identified. Effective online mentoring was found to depend on digital literacy, communication and collaboration 
skills, emotional intelligence, continuous professional development, and reflective practice. Overall, the findings 
suggest that strengthening mentor competencies is essential for ensuring the quality, effectiveness, and 
sustainability of online mentoring in contemporary education. 
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Abstract:  
 
This paper presents the pilot study (2023–2024) and the action research “Multimedia Use in Higher Education” 
(2025–2026), conducted within the e-University (e-Sveučilišta) project coordinated by Croatian Academic and 
Research Network – CARNET in partnership with University Computing Centre – Srce (University of Zagreb), the 
Agency for Science and Higher Education (AZVO), and the National and University Library (NSK), Croatia. The pilot 
study involved 21 higher education institutions with 75 participants — teachers, IT professionals, and librarians — 
who received six types of multimedia equipment. The methodological framework for both studies is action research: 
a continuous, reflective, and collaborative process in which participants simultaneously act and reflect on their own 
practices. In addition to delivering multimedia equipment, more than twenty educational activities were organised, 
covering pre-production and post-production of audiovisual content, pedagogical course design, interactivity in 
online environments, copyright, and digital repositories. The action research highlighted the importance of students’ 
active role in creating digital educational resources and the significance of equipment availability for preparing and 
delivering teaching and learning in the digital age. The research also identified structural barriers that go beyond the 
project scope: the absence of criteria for evaluating teachers’ digital competencies and digital educational outputs 
within academic advancement requirements is identified as a fundamental prerequisite for the long-term 
sustainability of digital transformation in higher education, leading to the initiation in 2025 of work on the document 
“Guidelines for the Evaluation of Digital Competencies in Higher Education”. The most valuable outcome of the 
research is the building of a community of practice whose work will continue within the CARNET HUB. 

 
Keywords: digital transformation, higher education, multimedia in higher education, e-University project, 
community of practice, Croatia 

 

Summary 

The e-University project (e-Sveučilišta) is one of Croatia’s most comprehensive national digital transformation 
initiatives in higher education, funded through the National Recovery and Resilience Plan 2021–2026. Led by 
Croatian Academic and Research Network – CARNET in partnership with University Computing Centre – Srce 
(University of Zagreb), the Agency for Science and Higher Education (AZVO), and the National and University Library 
(NSK), Croatia, the project invested in digital teaching infrastructure, systematic development of digital 
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competencies, creation of open digital educational resources, and the establishment of a digital maturity framework 
for higher education institutions at the national level. 

The pilot study (2023–2024) involved 21 institutions and 75 participants, who were provided with six types of 
multimedia equipment and participated in numerous educational activities covering audiovisual content production, 
pedagogical course design, interactivity in online environments, copyright, and digital repositories, to mention a few. 
The second phase of action research (2025–2026) extended this work with a focus on students’ active participation 
in creating digital educational content (Bilić Meštrić, Maravić & Hribar, 2024; Kemmis & McTaggart, 1988), yielding 
concrete outcomes: students now produce podcasts and video descriptions of histological slides for future 
generations (Kužir et al., 2025; Poletto et al., 2025), teachers are redesigning their courses using the flipped 
classroom approach, and librarians are managing digital collections of open educational resources. Multimedia has 
ceased to be merely a technical tool and has become a medium for pedagogical change. Key structural barriers were 
consistently identified: the absence of criteria for evaluating digital competencies and digital educational outputs 
within academic advancement requirements (Redecker & Punie, 2017), the lack of dedicated multimedia support 
teams at institutions, and the absence of mandatory pedagogical training for academic staff. These barriers are being 
addressed through the document “Guidelines for the Evaluation of Digital Competencies in Higher Education”, 
intended to inform policy dialogue with the Ministry of Science, Education and Youth (MZOM), AZVO, the Rectors’ 
Council, and the National Council for Higher Education. The most enduring outcome of the research is the community 
of practice built over two years, whose work will continue within the CARNET HUB as a centre for digital teaching 
excellence, knowledge exchange, and peer support. 
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Session moderator:  Estela Daukšienė, EDEN DLE Management Board member. 

Description: 

The Project Synergy Session is a 90-minute workshop focused on fostering international collaboration in digital 
education and educational innovation. This session aims to strengthen EDEN DLE institutional-member partnerships 
and identify potential collaborative activities by addressing the key conference topics of Beyond Technology: Human-
AI Collaboration for Learning and Teaching. It also delves into conference topics such as: Artificial Intelligence 
applications in teaching and learning; Institutional transformation, capacity-building, and professional learning; and 
Research and assessment innovation: digital assessment and micro-credentials. 

The following projects or research initiatives by EDEN DLE institutional members are presented in the session: 

• "Challenges of genAI in HE: promoting its critical use among students" by Marc Romero, Teresa Romeu, 

UOC, Spain. The research initiative is based on published research results (Romeu Fontanillas et al. 2025, 

Challenges of generative artificial intelligence in higher education: promoting its critical use among 

students. RIED-Revista Iberoamericana de Educación a Distancia, 28(2). 

https://doi.org/10.5944/ried.28.2.43535) and focuses on further collaboration by creating a consortium 

and applying for further project funding. 

• “STTAIRS - Strengthening Teacher Training with AI through Remote-learning Spaces” by Zrinka Popić, 

University Computing Centre, University of Zagreb (SRCE), Croatia. This Erasmus+ project designs training 

programmes that integrate artificial intelligence tools into teachers’ professional development and is 

building an equitable educational ecosystem grounded in inclusion, well-being, and ethical technology. Key 

results: free repository of AI materials for educators and policy recommendations on evidence-based 

guidance for ethical AI integration. https://sttairs.cafierasmus.gal/ 

• "WINDEE - Well-being in Digital Education Ecosystem" (ERASMUS-EDU-2024-POL-EXP-DIGITAL, ID 

101195779) by Giedrė Tamoliūnė, Vytautas Magnus University, Lithuania, and Augustė Volungevičiūtė, 

EDEN DLE, Estonia. WINDEE aims to enhance digital well-being in education by equipping students and 

educators with tools, training, and environments that support healthy, focused, and engaging use of digital 

technologies. Key results: Digital well-being framework, educator training resources, stakeholder 

community and policy recommendations. https://windee.eu  
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• "E³UDRES² 2.0 - Engaged and Entrepreneurial European University as Driver for European Smart and 

Sustainable Regions 2.0” by Vlad Mihaescu, Politechnica University of Timisoara, Romania. The E³UDRES² 

university alliance (https://eudres.eu/) created and published a micro-credential framework, launching a 

call and piloting around 20 modules until the end of 2026. The E³UDRES²  team, coordinated by colleagues 

from UPT, also developed an educational LMS platform for educational offerings available at 

https://arena.eudres.eu/learning/  

• “AI-Transformed: Competence, Culture and Capacity for GenAI in Education and Training” by Janika Leoste, 

Tallinn University, Estonia. The AI-TransformED project aims to build systemic, scalable, and ethically 

grounded capacity for integrating generative artificial intelligence (GenAI) across secondary, vocational, and 

higher education. AI-TransformED equips education providers with tools and a strategic model to govern 

GenAI adoption through structured diagnostics, scenario-based educator training, inclusive 

experimentation, and long-term policy alignment. Key deliverables: AI readiness assessment toolkit, 

Competence Framework for Generative AI Pedagogy, Micro-credentialing framework, GenAI use case 

collection, policy recommendations, etc. 

• "DI-daktika / AI Didactics - Questioning Digital Didactics in School Education with the Elements of AI” (This 

research No. P-EDU-23-1 is co-funded by the European Union (the project “Breakthrough in Educational 

Research” No 10-044-P-0001) under the 1st April 2025 Agreement with the Research Council of Lithuania 

(RCL) and the 17th April 2025 Joint Activity Agreement with Vytautas Magnus University project no. P-EDU-

23-1) by Estela Daukšienė, Vytautas Magnus University, Lithuania. The project aims at researching teachers’ 

use of AI in teaching, learning and assessment. Key results (in development): publications, teacher use of 

AI cases, policy recommendations.  

• “QualityLink: Open Standards and Tools for Sharing Course Data across EHEA” by Jochen Ehrenreich, DHBW, 

Germany and Estela Daukšienė, EDEN DLE, Estonia. This Erasmus+ project (2023-1-DE01-KA220-HED-

000161253) tested different micro-credentialing standards and their interoperability. It developed 

standards and data specifications for sharing course data across different systems, proposed quality 

indicators for courses leading to micro-credentials, and created an open course data aggregator. All testing 

initiatives and their reports are available at https://quality-link.eu.   

• “AI-TEACH - Advancing AI literacy through the development of capacity building modules for teacher 

education” by Marieke Decock, KU Leuven, Belgium, and Mildrid Kyte, Western Norway University of 

Applied Sciences, Norway. This Erasmus+ Teacher Academy project (101196600) offers a programme for 

pre-service and in-service secondary school teachers on AI literacy (focusing on ‘Learning about AI’, 

‘Learning with AI’ and ‘Use AI to learn about learning’). https://ai-teach.d-teachtraining.com   

EDEN Project Synergy session engages in short presentations, structured discussions, idea sharing, and collaborative 

planning to explore how these themes can drive joint initiatives. The workshop facilitates the exchange of best 

practices, the development of new project concepts, and the strengthening of networks among EDEN DLE members. 

Key Takeaways:  

• Innovative activities of EDEN DLE institutional members; 

• Potential collaborations of our institutions; 

• Dissemination and sharing of international projects. 
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Description:  

Across K-12, higher education, and lifelong learning, the question of AI’s added value in supporting instruction is 

deeply connected to how we, as educators, intentionally design that support to reflect our students, our disciplines, 

and our professional values. This action lab invites you to explore that opportunity with us. 

Rather than focusing on ready-made generic best practices, we will work together on your own instructional idea. 

Through a guided and highly interactive design process, you will develop a personalised Human-AI instruction 

practice grounded in your specific teaching context.  

Participants will use a structured AI-guided design process that supports their thinking step by step. Instead of 
providing ready-made lesson plans, the AI will guide them through key questions, helping them clarify their goals, 
adapt ideas to their context, and refine their instructional design. 

By the end of the action lab, participants will leave with a clearly articulated, personalised Human-AI instruction 
practice developed from their own context, whether teaching young learners, adolescents, or university students, 
as well as a structured framework and practical tools to sustain and further develop their design beyond the session. 

The action lab will also open a conversation on how individually developed instructional practices can evolve into 
shared organisational repositories of AI-supported teaching designs. 

Key Takeaways:  

• A personalised Human-AI instruction practice ready to implement in your own context. 

• A clear step-by-step design template for structuring AI within instruction. 

• A set of guiding questions to help you adapt and refine AI-supported activities over time. 

• A framework for transforming individual AI-supported practices into shared organisational resources. 

Participant Interactivity:  

This action lab is highly interactive and design oriented. 
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Participants will bring a real instructional ideas from their own practice and work through a guided design process. 

During the session, they will: 

• Clarify what meaningful learning looks like in their classroom or course 

• Identify where AI can amplify engagement, differentiation, and feedback 

• Design a structured Human-AI instructional interaction aligned with their goals 

• Refine their design through guided reflection and peer exchange 

Through structured prompts and AI-supported reflection, participants will develop and refine their instructional 
designs. Small-group exchanges will allow educators from K–12 and Higher Education to compare approaches and 
contextual adaptations. Participants will leave with a clear pathway and practical tools to sustain and further develop 
their instructional designs beyond the session. 

We invite participants to bring an instructional idea and explore it together. 

Acknowledgements 

This action lab brings together insights from two projects funded by the European Commission: AI-EmpaTe 
(Erasmus+ Programme, Grant Agreement No. 2024-1-LV01-KA220-HED-000250857) and EffecTive (Horizon Europe, 
Grant Agreement No. 101132603). 
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Description:  

This highly interactive and innovative action lab will engage participants in collectively exploring the existential 

technological and epistemic challenges of identity, institutional value, humanity, professional status and leadership 

that have shaped higher education through sequences of recurring crises. As a conceptual, policy, and strategic force, 

AI has intensified the complexity of learning and teaching design and reshaped the technological infrastructure that 

supports both what and how we teach. In response to generative AI, higher education practitioners face ongoing 

debates and strategic decisions about AI’s potential (or perceived potential) to transform the sector and the ongoing 

balance between AI engagement and the critical ‘human’ aspects of learning.  

Action Lab Premise 

It’s December 2026. The University of Banford is the world’s leading manufacturer of better. Banford is a university 

built on tradition, modernity and disruption. The University is ready to launch its new strategy BETTER 2040. This is 

a future-forward roadmap that reimagines how we learn, teach and discover, building Banford to deliver on the 

needs, expectations, and challenges of future generations of learners and researchers. BETTER 2040 positions the 

university to remain relevant, resilient, and impactful for a society and planet in constant crisis. Critical to our vision 

is the direct engagement of our community of staff and students in the co-creation of BETTER 2040.   

Inspired by Baudrillard’s (1994) concept of hyperreality, this action lab invites participants to join a fictional 

institution - The University of Banford. Through immersive video scenarios, the leaders of the University will guide 

participants through the transitional and uncertain spaces that define technological and epistemological practice in 

a contested era of generative trust. Engaging in three collaborative time-sensitive activities known as a changehack 

(Bryant et al., 2025; Bryant et al., 2019), participants will navigate the challenges of building a university caught in 

the epistemic and organisational tensions of AI adoption as they prepare the University of Banford for the next 

generation of its existence (BETTER 2040). Participants will develop strategic plans that operationalise the 

pedagogical intersections of humanity and AI in the context of the University of Banford, challenging and integrating 

the critical tensions that shape academic practice in a modern (traditional) university.  
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From the SDVC for the Future  

We are committed to delivering an accessible, personalised education future for the next generation. We are 

committed to being better. Be better today and Lead Tomorrow. Through our BETTER 2040 vision, Banford will 

advance excellence and innovation, for impact, by strategically aligning people, processes, and priorities within a 

dynamic ecosystem of continuous responsibility and sustainability. In a time of accelerating digital disruption, global 

uncertainty, and shifting expectations of higher education, BETTER 2040 ensures Banford remains future-focused. 

We will shape an education ecology that empowers graduates to thrive, lead, and create meaningful impact in a 

rapidly changing world. 

Key Takeaways:  

• Develop informed sense-making capabilities to interpret and respond to complexity, crisis, and uncertainty 

created by AI adoption in higher education leadership, teaching, and learning contexts. 

• Critically examine the interplay between AI and humanity in higher education, articulating the epistemic, 

ethical, and institutional tensions shaping academic identity, professional practice, and student learning. 

• Design collaborative, strategic responses to AI-driven disruption by co-creating plausible, future-focused 

plans that balance innovation, institutional values, generational change and sustainable pedagogical 

practice. 

• Translate immersive scenario insights into actionable leadership practice, building on the global 

experiences of the moderators and identifying concrete actions participants can take within their own 

institutions to navigate crisis, influence policy, and steward equitable AI-enabled futures. 

Participant Interactivity: 

Participants will work in small groups through a sequence of provocative challenges posed by the leadership of the 

University of Banford to explore and make sense of the question: 

 

How can we find equilibrium and continue to lead innovation in teaching and learning within a complex, uncertain, 

and ever-changing sector in crisis? 

 

The capacity to engage in sensemaking (Picione & Lozzi, 2021) is critical to do more than cope with or be ignored by 

complexity and crisis, but to navigate it and finds ways of leveraging it for good. Sensemaking is the process by which 

individuals interpret and give meaning to complex, novel, or unexpected events or crises. It involves creating 

plausible narratives to understand their experiences and to guide their actions.  

 

By drawing on the diverse experiences and perspectives in the room, we will engage participants in guided sense-

making and co-design this equilibrium and develop strategies for a future that is both imagined and increasingly real. 

Participants will leave the action lab with a deeper sense of how complexity and crisis are shaping educational 

leadership, technology adoption and enablement and teaching and learning practices, and most importantly, an 

empowered sense of what they can do about it at their institutions.   
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Description: 

As artificial intelligence conversations shift from AI for cheating to AI for learning and focus on pedagogy, the 
conversation now also needs to turn to the wellbeing implications for both students and staff. Teaching is a caring 
profession and how we care for our students and staff is more important than ever. A recent UK survey on student 
use of AI (Stephenson & Armstrong, 2026) reports rising levels of anxiety over the past three years related to 
accusations of cheating, environmental impacts, and uncertainty about future job markets shaped by AI. The report 
recommends institutions invest in research to better understand students’ use of AI for companionship, advice and 
support with loneliness. Similarly, a recent study suggests a link between AI usage and self-reported levels of stress, 
anxiety, and burnout in university staff (Cajnko & Cajnko, 2025). The study suggests that the need to learn and master 
new technologies, often without sufficient training, combined with uncertainty over the future and fear of 
automation, is leading to higher levels of stress and anxiety in both academic and professional staff.  

This action lab invites participants to explore the psychological, relational and cultural impacts of AI in Higher 
Education, and to explore how institutions can create environments where wellbeing is centred. Participants will 
discuss emerging tensions, identify risks and opportunities, and collectively generate practical actions institutions 
can take to protect wellbeing in an AI-enabled university.  

Big questions for debate 

1. How does AI reshape what it means to ‘be a student’ or ‘be an academic’ 
2. Is AI reducing or increasing student stress and anxiety?  
3. Is AI improving staff wellbeing, or is it shifting and intensifying academic workload, adding stress and 

anxiety? 
4. Will AI widen wellbeing inequities? 
5. What would a wellbeing-positive AI university actually look like? 

 
Key Takeaways:  

Participants leave with: 

• A clearer understanding of AI’s wellbeing implications 

• Insights from cross-institution discussion  

• A short list of practical institutional actions 
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Participant Interactivity:  

The session will begin with a pre-prepared AI provocation. Prior to the session, the facilitators will have prompted 
an AI chatbot: “You are an AI observing universities in 2035. Describe how AI has changed student and staff 
wellbeing.” The response will be shared with the room and participants will be asked, “What does AI get wrong 
about universities?’. 

The second short activity is a live AI poll, ‘The Room Decides’. Participants will be asked to vote on statements such 
as ‘AI will ultimately improve student wellbeing’, ‘AI will increase staff burnout’, ‘Universities are underestimating 
the psychological impact of AI’. Results will be displayed and participants will be asked what surprises them about 
the responses.  

Participants will then work on tables or form small groups. Each group will receive one big question to debate, with 
prompts to stimulate conversation. They will be tasked to identify one risk, one opportunity and one institutional 
action. The groups will then come back together for collective sense-making to create a shared AI Wellbeing Map. 

The final reflection will provide participants with the provocation: 

“If we want teaching to remain a caring profession and universities places for humans 
to flourish in an AI era, what must we protect and what must we redesign?” 

Participants will write one commitment or idea on a postit note and responses will be shared with participants.  

The presenters will collate the responses from across the workshop and will share a summary with all participants 
after the conference.   

References 
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Description:  

AI is now a defining force in open, distance, and digital education, impacting how institutions design learning, 

teaching, and assessment. All world regions are acting with shared urgency but differing policy frameworks and 

pedagogical assumptions. This Action Lab brings together expert panellists from three regions of ICDE’s member 

base to explore what inclusive design demands when AI is an active participant in the learning ecosystem. 

Moderated by ICDE Secretary General Torunn Gjelsvik, the session invites debate grounded in the panellists’ work 

across ICDE and their own professional diverse backgrounds. Short opening statements will set the scene before the 

group tackles key questions including: Is AI a partner, a tool, or something else—and does that shape inclusivity? 

Who is included or excluded in “inclusive assessment” today? Can creativity and academic integrity co-exist? And 

what barriers most limit inclusive learning, teaching, and assessment in an AI world? Participants will leave with 

sharper insight and cross-regional perspectives. 

Key Takeaways:  

• A deepened understanding of what ‘inclusive design’ requires when AI is an active participant in the 

learning ecosystem, not merely a tool 

• Exposure to how institutions across world regions are responding differently or similarly to AI integration 

— and why this matters 

• At least one concrete shift in thinking and one committed next step to bring back to their own institution 

 
Participant Interactivity:  

Interactive Engagement will be encouraged using the Mentimeter tool where the audience can provide feedback to 
statements/questions related to the topic, and the panellists will also be invited to give their views. 
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Key questions include: 

1. Is AI a partner, a tool, or something else entirely, and does our answer determine how inclusively we design? 

2. When we say ‘inclusive assessment’ in an AI world, who are we including, and who are we inadvertently 
excluding? 

3. Can we design for creativity and academic integrity simultaneously, or must we choose? 

Collecting more detailed responses for the following if time permits: 

4. What are the greatest barriers to inclusive learning, teaching, and assessment in an AI world? 

5. How can we learn from other regions and institutions and work together towards shared solutions to this 
global challenge? 

6. What strategies do you think are most effective for promoting sustainable solutions in your area? 
 

7. Describe a successful collaboration you have seen or experienced for inclusive education in an AI world. 
 

The moderator will encourage participants to elaborate where interesting answers are provided and utilise 
opportunities for debate. The session will end with a summary of key opinions and next steps for involvement in 
related ICDE initiatives.  
  



The Human side of AI in Education 
 

210 

 

 

Show Me What You Know: Intentional Cognitive Offloading, 
Teacher Agency and Human Value in AI-Rich Education 
 

Janika Leoste1 

 

1Tallinn University, Estonia; leoste@tlu.ee 

 

Correspondence: Janika Leoste: leoste@tlu.ee 

 

Description: 

This Action Lab invites participants to examine cognitive offloading as a critical capability in human-AI collaboration 

for learning and teaching. In everyday academic life, LLMs can reduce overload, support drafting, structure ideas, 

and make complex tasks feel manageable. Yet many educators also sense a more uncomfortable pattern: we may 

be over-consuming AI support because it offers quick comfort, speed, and relief, even when the task still belongs to 

our own professional judgement. The lab therefore asks a high-stakes question: when does cognitive offloading 

strengthen educators, and when does it quietly erode confidence, responsibility, and agency? 

The session links directly to the EDEN 2026 theme by focusing on the human, relational, and ethical dimensions of 

AI use. It also connects with an EdTech Talents knowledge service on higher education faculty upskilling for 

meaningful LLM use in teaching and learning. A recent class experiment provides one starting point: students were 

asked to use GPT to understand what was required to pass a course, and their responses revealed that AI can help 

surface ambiguity in course design, attendance rules, and assessment criteria, but it cannot replace clear pedagogical 

responsibility or human interpretation. AI becomes not only an assistant, but also an audit lens. 

At the same time, a revealing trend is emerging. Students may use AI extensively themselves, yet they still tell 

teachers, very explicitly, that in the classroom they want to see what the teacher knows without AI. They have a 

right to expect this. The question is not whether teachers use AI at all, but what unique human value remains visible, 

trusted, and worth not replacing. The lab will therefore ask what teachers should deliberately keep as human 

cognitive work, which tasks can be responsibly offloaded, and which should remain under clear human control when 

student data, care, or ethical judgement are involved. This includes limits around student facing communication, 

where even routine emails may contain personal data. 

The moderator will also bring a current practice example: because written feedback can now be questioned as 

authentically human, she has shifted toward oral face-to-face feedback, while still using short, clearly marked avatar 

videos as supplemental teaching material. Real is real, artificial is artificial, and both can have a place where their 

role is transparent. 

The purpose of the session is not to shame AI use, but to restore intentionality, dignity, and self-confidence. By the 

end of the lab, participants will have mapped their own patterns of helpful and harmful offloading, reflected on the 
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possibility of AI detox, and identified practical ways to reclaim 4 to 5 hours per week for rest, reflection, creativity, 

or richer human interaction. 
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Description:  

AI Tutor Pro is a free AI-supported learning app from Contact North | Contact Nord that supports independent study 

and teaching in online and face-to-face courses. In this 45-minute Action Lab, participants will work directly with the 

tool and examine how it can be used in authentic higher education settings. The session draws on features of AI 

Tutor Pro, including its Agent Tool, Voice Mode, verified STEM answers, and LMS integration, while also showing 

how it connects with its companion app, AI Teaching Assistant Pro, featured in Action Lab Part II. The lab will focus 

on practical teaching questions rather than simply demonstrating its features: Where can an AI tutor add value for 

students? How should it be introduced in a course? What kinds of guidance, boundaries, and safeguards are needed 

for responsible use? 

Participants will test selected functions, discuss use cases with peers, and consider how AI Tutor Pro can support 

student learning, engagement, and independent study without displacing sound teaching practice. The session will 

also address issues that matter to institutions and instructors, including privacy, intellectual property, security, and 

expectations for trustworthy AI-supported learning. The app responds in 30 languages and does not collect 

personally identifying information. The discussion will address what this means for access, privacy, and institutional 

fit in diverse contexts. Attention will also be given to the relationship between AI Tutor Pro and instructional 

routines, assessment, and student support. Drawing on more than 2.5 million interactions by students and educators 

worldwide, the lab will situate AI Tutor Pro within a broader conversation about practical adoption, academic quality, 

and institutional readiness. Participants will leave with concrete ideas for classroom use, a clearer understanding of 

implementation options, and peer-informed perspectives on where AI tutoring is useful, where caution is needed, 

and how such tools can be integrated into teaching with purpose.  

 

Key Takeaways:  

• Identify practical ways AI Tutor Pro can be used in online and face-to-face courses to support student 

learning and independent study. 

• Examine how features such as Voice Mode, the Agent Tool, verified STEM answers, and LMS integration 

may fit different teaching contexts. 

• Consider the pedagogical limits of AI tutoring and where instructor guidance and course design still matter 

most. 

• Discuss privacy, intellectual property, security, and trust issues that shape institutional use of AI tools. 

• Leave with at least one concrete classroom use case and one implementation question to explore further 

with colleagues. 

 
 

https://www.aitutorpro.ca/
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Participant Interactivity:  

Participants will be engaged throughout the session rather than positioned as an audience. After a brief framing 

demonstration, they will test selected AI Tutor Pro functions individually or in pairs and respond to short prompts 

about where the tool could be most useful, least useful, or potentially problematic in their own settings. Small-group 

discussion will focus on course use cases, student guidance, and institutional concerns such as trust, privacy, and 

academic boundaries. These discussions will feed into a moderated whole-group exchange in which participants 

compare perspectives, question assumptions, and share practical applications. The session will close with each 

participant identifying one near-term use they could try and one unresolved issue they would want to examine 

further in their own institution. 
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Description:  

This Action Lab continues the exploration of Contact North | Contact Nord’s free AI-supported apps by focusing on 

AI Teaching Assistant Pro. This app is designed to help educators prepare course materials more efficiently and 

support day-to-day teaching practice. In this 45-minute session, participants will work with the app directly and 

examine how it can be used to assist with the design and preparation of course resources in higher education. The 

session will concentrate on specific academic tasks that consume instructor time, including the drafting of syllabi, 

quizzes, PowerPoint slides, and short instructional videos called Learning Shorts. Participants will also explore newer 

features such as Syllabus Q&A and the Study Guide tool and consider how these tools may fit into existing teaching 

routines. 

The lab is designed for instructors, educational developers, and academic leaders who want to assess where an AI 

teaching tool is genuinely useful and where human judgement still needs to lead. The discussion will address 

practical questions such as these: Which teaching tasks can be streamlined without lowering quality? How can 

generated materials remain accurate, course-specific, and pedagogically sound? What are reasonable boundaries 

for the use of AI in course preparation? Attention will also be given to institutional issues, including privacy, 

intellectual property, security, and expectations for responsible academic use. 

Participants will test selected features, discuss use cases with peers, and reflect on how AI Teaching Assistant Pro 

connects with its companion app, AI Tutor Pro, in supporting teaching and learning. The session will place the app 

within a wider conversation about workload, course design, and the careful adoption of AI tools in higher education. 

Participants will leave with practical ideas for immediate use, a clearer sense of appropriate implementation, and a 

more critical understanding of where AI can save time and where it requires close academic oversight. 

Key Takeaways:  

• Identify teaching and course-preparation tasks for which AI Teaching Assistant Pro may save meaningful 

time. 

• Examine how features such as syllabus creation, quiz generation, slide building, Learning Shorts, Syllabus 

Q&A, and Study Guide tools may fit real teaching contexts. 

• Consider how to maintain academic quality and instructor judgement when using AI to generate course 

materials. 

• Discuss privacy, intellectual property, and security issues that affect institutional acceptance of AI 

teaching tools. 

https://www.aiteachingassistantpro.ca/
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• Leave with concrete ideas for applying the tool in course planning, resource development, and teaching 

support. 

Participant Interactivity:  

Participants will be engaged as active contributors throughout the session. After a short framing demonstration, 
they will work individually or in pairs with selected AI Teaching Assistant Pro features and consider how these 
outputs might be used, revised, or rejected in their own teaching settings. Small-group discussion will focus on 
practical academic tasks such as preparing syllabi, building quizzes, creating short explanatory materials, and 
deciding where AI support is worth using. Participants will be asked to compare not only possible efficiencies but 
also risks, limitations, and quality concerns. These conversations will then feed into a moderated whole-group 
exchange on appropriate use, institutional fit, and academic oversight. The session will close with participants 
identifying one course-design task they could try with the app and one caution or implementation question they 
would want to address before wider use. 
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DELA Action Lab: Leading institutional change for the responsible 
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Deborah Arnold1, Ronan Bree2, Albert Sangrà3 
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2Dundalk Institute of Technology; Ireland; ronan.bree@dkit.ie 
3Universitat Oberta de Catalunya, Spain; asangra@uoc.edu 
 
Correspondence: Deborah Arnold: deborah.arnold@nttdata.com 

 

Description: 

Do you feel overwhelmed by the challenges that Generative Artificial Intelligence (GenAI) poses to education? Do 
you have an idea of what needs to change in your institution but are not sure how to make this change happen? Do 
you want to discover how a tried and tested change management model can help steer your institution in the right 
direction? If so, this Action Lab proposed by the EDEN Digital Education Leadership Academy (DELA) is for you! 

During the Action Lab, you will have the opportunity to engage in a problem-solving workshop, addressing a real-life 
challenge through the lens of change management, applying Appreciative Inquiry (Cooperrider & Whitney, 2005; 
Orr & Cleveland-Innes, 2015), which focuses on surfacing the positive and in collectively defining the desired change 
through Discovery, Dream, Design, and Destiny (Stavros et al., 2015). 

This DELA Action Lab will equip you with insights to support you in bringing about profound institutional change in 
your own institution, whatever the role you hold.  

Key Takeaways: 

● Insights into how to apply the Appreciative Inquiry 5-D model to a concrete challenge around GenAI in 
higher education 

● Awareness of how people in different leadership roles, both formal and informal, can bring about the 
desired change and ensure it sticks; 

● Ideas for further reflection. 

  

Participant Interactivity:  

After an initial framing by the Action Lab moderators, participants will engage in collaborative problem-solving in 
small groups, focusing on a case example inspired by a real-life situation, and using the Appreciative Inquiry 5-D 
model as a guide. A rapporteur from each subgroup will share the solutions identified, for discussion within the 
wider group. To wrap up the Action Lab, the moderators will summarise the key takeaways and propose ideas for 
further reflection.  

Indicative programme (45’) 

5’  Welcome and icebreaker 
 
10’ Presentation of the challenge and framing of the activity 
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15’ Work in 3-4 subgroups (depending on the number of participants) 
Each group addresses the leadership challenge using the proposed framework  
 

10’ Reporting back from each of the subgroups, discussing solutions and proposed actions 
 
5’ Wrap up - key takeaways and food for thought 
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Names Surnames and organizations of the moderators:  Fiona Aiken, The Open University; Giedrė Tamoliūnė, 
Vytautas Magnus University; Inés Gil-Jaurena, Universidad Nacional de Educación a Distancia; Vlad Mihaescu, 
Polytechnic University of Timişoara; Carlo De Medio, University of Roma Tor Vergata; Mark McCormack, Maynooth 
University 

Description 

One of the roles of the EDEN network of academics and professionals (EDEN NAP) is to build a community of practice 
amongst dispersed colleagues. Situated learning theory (Lave and Wenger, 1991) suggests that learning takes place 
through the active and engaged interactions between members of a community of practice, where members share 
common interests. Coughlan (2013) used situated learning to design a model for a sustainable online learning 
community. In this community informal learning was nurtured and a community developed through shared 
practices. This paper focuses on the requirements of a specific community outside of the higher education sector, in 
this case it was case trainers in the voluntary sector. Haresnape et al. (2022) applied this framework to a programme 
of tutor-led online events for geographically dispersed Open University associate lecturers in the UK. This 
programme demonstrated the benefits to the associate lecturers of sharing good practice with each other and it 
helped to nurture a sense of community among the associate lecturers. It strengthened peer support amongst 
colleagues in which they could share their teaching practice.  

EDEN NAP Action Lab will serve as a strategic starting point for the conference, inviting participants to actively join 
the EDEN Community and explore new opportunities for collaboration in research, teaching, event/webinar 
organisation, project development and implementation or any other activities of interest. By facilitating a series of 
focused and brief exchanges, the session will provide a space and time for researchers, educators and professionals 
working in the field of digital education to share their current research trajectories, good practices and knowledge, 
identify shared interests, exchange contacts and discuss potential professional collaboration outside their own 
Academia.  

This session will be facilitated by members of the EDEN NAP steering committee and will be an interactive session. 
Do come along and be prepared to share, in small groups, your research and any areas in which you would like to 
collaborate with others. 

Key Takeaways:  

This session will serve as an initial meeting point for researchers, educators and professionals working in the field of 
digital education provide a time and space for the conference participants and EDEN NAP members to: 
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● to share good practices and knowledge among participants who are open to networking beyond their own 
organisations and Academia, 

● to connect to other researchers working in a similar research field, 

● to expand professional networks and discuss potential collaboration ideas, 

● to introduce their ongoing research ideas to other researchers, 

● to explore new opportunities for collaboration e.g. in research, teaching, event/webinar organisation, 
project development and implementation and any other activities of interest 

● to become active members of the EDEN Community by sharing ideas and proposals for upcoming EDEN 
NAP webinars and other virtual events. 

Participant Interactivity 

The session will start with a general discussion on the importance of collaboration and community for education 
academics. Next, the participants will be divided into groups of three with 6 people sitting at a table, each person 
will be given three minutes to explain their research and any areas they would like to collaborate on. After 20 
minutes one group of 3 moves to the next table, the other group of three remains and a new group of three joins 
them, this process is repeated until all the moving groups have circulated around all the tables. This will give 
participants an opportunity to share their research and hopefully build some connections with others through the 
identification of areas of research which they have in common. Finally, at a plenary we will discuss ways in which we 
can build a stronger network between EDEN members.   
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